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Joint Learning for Sentiment Classification Towards Question-Answering Reviews

AN Minghui' s, SHEN Chenlin', LI Shoushan', LEE Sophia Yat Mei’
(1. School of Computer Science and Technology, Soochow University, Suzhou, Jiangsu 215006, China;
2. Department of Chinese & Bilingual Studies, Hong Kong Polytechnic
University, Hong Kong 999077, China)

Abstract: Sentiment classification towards Question-Answering reviews is a novel and challenging task in sentiment
analysis community. However, due to the limited annotation corpus for QA sentiment classification, it is difficult to
achieve significant improvement via supervised approaches. To overcome this problem, we propose a joint learning
approach for QA sentiment classification, which treats QA sentiment classification as the main task while traditional
review sentiment classification as the auxiliary task. In detail, we first encode QA review into a sentiment vector
with main task model. Then. we propose an auxiliary task model to learn auxiliary QA sentiment information repre-
sentation with the help of traditional review. Finally, we update the parameters both in main task model and auxilia-
ry task model simultaneously through joint learning. Empirical results demonstrate the impressive effectiveness of
the proposed joint learning approach in contrast to a number of state-of-the-art baselines.
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