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Abstract
Traditional pedagogy positions teachers as the primary source of knowl-

edge, with educators providing academic guidance on English oral presenta-
tions—including both content and paralinguistic features—across university 
disciplines. However, subject-matter instructors often lack expertise in English 
language delivery, while large class sizes prevent the provision of timely in-
dividual feedback. Advances in technology enable a pedagogical shift to fill 
this gap. Rather than waiting for teacher feedback, students can leverage AI 
for immediate learning support. However, AI has limitations regarding nu-
anced aspects of performance. To complement AI feedback, we implemented 
NinjOrAItor—an AI platform for English oral presentations featuring hybrid 
intelligence that combines self- and peer-assessment. This hybrid intelligence 
pedagogy integrates AI capabilities with human insight. The platform addresses 
key challenges: teacher expertise limitations, scalability issues in large classes, 
and the need for timely feedback. By integrating AI assessment with structured 
human intelligence, NinjOrAItor demonstrated improved student presentation 
performance while maintaining pedagogical quality.
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self-assessment, peer assessment

1.	 Introduction
Empirical evidence demonstrates that technological tools consistently en-

hance student achievement, engagement, and teaching effectiveness across edu-
cational levels and disciplines (Hu, 2024). In English oral presentation instruc-
tion, where students traditionally rely on delayed teacher feedback, technology 
offers timely and comprehensive assessment that can accelerate skill develop-
ment and promote interactive learning experiences.
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English serves as the lingua franca in tertiary education (Alhasnawi, 
2021). Universities now require English oral presentations across disciplines, 
accompanied by teacher assessment and feedback. However, this traditional ap-
proach faces significant learning barriers: subject-matter instructors often lack 
specialised English language expertise to deliver targeted linguistic feedback, 
while large classes limit timely individual assessment, which is crucial for lan-
guage skill development. Although AI platforms can provide faster feedback, 
current AI systems still struggle to evaluate nuanced presentation qualities, 
leaving a gap between technological potential and pedagogical needs.

To bridge this gap and optimise learning outcomes, we developed  
NinjOrAItor, an AI platform that employs hybrid intelligence—combin-
ing automated feedback with human input and structured learning resources.  
NinjOrAItor is grounded in three pedagogical principles essential for the effec-
tive development of English oral presentation skills: active learning, self-regu-
lated learning (SRL), and human-AI hybridity. Details are as follows:

1.	Active Learning: Emphasises student-centred, iterative practice and 
engagement over passive lecture-based instruction, enabling deeper skill 
acquisition through repeated performance, feedback, and refinement 
(Kozanitis, 2023).

2.	Self-Regulated Learning (SRL): When properly designed, SRL con-
sistently enhances students’ learning outcomes and academic perfor-
mance, as evidenced by multiple meta-analyses (Panadero, 2017).

3.	Human-AI Hybridity: Leverages the complementary strengths of 
AI and human expertise. AI provides scalable, immediate analysis of 
technical and perceptual elements (e.g., pronunciation, fillers, and de-
livery), while humans contribute contextual judgment and nuanced de-
cision-making (Holstein et al., 2020).

Together, these principles demand frequent practice cycles supported by 
timely, multi-layered feedback—conditions that traditional large-classroom 
instruction struggles to meet. NinjOrAItor operationalises them by integrating 
technology-enhanced active practice, AI-driven immediate feedback with self- 
and peer-assessment tools, and structured human oversight, creating a scalable 
environment that accelerates skill development while preserving pedagogical 
depth.

NinjOrAItor integrates Azure OpenAI GPT-4o and Azure OpenAI GPT-
4 to deliver automated rubric-based feedback on eight dimensions: clarity of 
view, content, eye contact, facial expression, hand gestures, PowerPoint visu-
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als, pronunciation, and vocal fillers. The system processes approximately 40 
five-minute video submissions per hour to enable rapid feedback cycles while 
teachers retain final oversight for contextual judgment. Students access the 
platform through institutional email accounts. They upload presentation videos, 
receiving both AI and human feedback in the process.

The hybrid feedback loop works as shown in Figure 1. Students first re-
ceive immediate AI-generated comments. They then complete self-assessment 
by comparing their own reflections against the AI feedback, followed by peer 
assessment on linguistic and paralinguistic aspects, as indicated in Figures 2, 3, 
and 4.

Figure 1: Hybrid feedback loop in NinjOrAItor

Figure 2: AI feedback interface
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Figure 3: Self-assessment interface

Figure 4: Peer-assessment interface

By prompting students to critique AI-generated feedback through struc-
tured self- and peer-assessment, NinjOrAItor cultivates evaluative judgement—
the capacity to make informed decisions about the quality of one’s own and 
others’ work (Tai et al., 2018). This active process aligns with constructivist 
principles in language pedagogy, as students reconcile automated outputs with 
their own reflections and peer perspectives instead of receiving feedback pas-
sively. Such engagement fosters deeper metacognition and autonomy compared 
with the passive consumption of AI feedback.

2.	 Methodology
The study adopted a mixed-methods design (Creswell & Plano Clark, 

2018) to evaluate NinjOrAItor’s impact on pedagogical practice and student 
learning in English oral presentations. Our dataset came from a database subject 
involving 171 students; over 98% of whom use English as an Additional Lan-
guage (EAL). They were required to submit presentation videos through NinjO-
rAItor.
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Quantitatively, pre- and post-surveys were administered to measure stu-
dents’ understanding of rubric criteria, confidence, and the use of rubrics for 
self-learning. Responses were coded on a 5-point Likert scale from 1 (Strongly 
Disagree) to 5 (Strongly Agree). These were analysed using weighted means 
(Σ [response value × frequency] / total responses) to capture both the direction 
and magnitude of change. The survey instrument employed the same eight ru-
bric components as those used in NinjOrAItor, with no additional differential 
weighting applied beyond the 5-point Likert scale itself. A total of 104 stu-
dents completed the pre-survey, while 59 filled in the post-survey. Using this  
approach, the study observed improvements in students’ understanding of 
rubric criteria and their use of rubrics for self-learning after interacting with  
NinjOrAItor.

Qualitatively, semi-structured interviews with students examined user 
experience, perceived specificity and actionability of AI feedback, the value of 
learning units, and the complementarity of self/peer assessment. Survey, per-
formance, and interview data were collected after students received immediate, 
rubric-aligned AI feedback and completed self/peer assessments embedded in 
course workflows.

3.	 Results and Discussion
The video marks were calculated based on eight rubric criteria with the 

following weightings: Content (35%), Clarity of View, Eye Contact, Facial Ex-
pression, Pronunciation, Vocal Fillers, and PowerPoint Visuals (10% each), and 
Hand Gestures (5%).

Students showed improved performance in English oral presentations after 
using NinjOrAItor. Among the 161 students who submitted both video assign-
ments, average scores rose by 4.80% from M = 81.07 (SD = 4.41) on the first 
assignment to M = 84.96 (SD = 3.74) on the second. A paired-samples t-test 
confirmed the improvement was statistically significant, t(160) = -13.01, p < 
0.001 (two-tailed).

Students received hybrid feedback from NinjOrAItor on their first sub-
mission and then revised and resubmitted an improved version as the second 
assignment. At the end of the semester, post-survey results (compared with 
pre-survey baseline) showed improved attitudes across most assessment crite-
ria. The largest gains occurred in students’ perceptions of vocal fillers (weighted 
mean increased by 16.67% from a pre-survey baseline of 3.33 to a post-survey 
value of 3.88), followed by paralinguistic techniques (weighted mean increased 
by 7.17% from a pre-survey baseline of 3.61 to a post-survey value of 3.86). 



44

However, attitudes toward pronunciation assessment showed a modest decline 
(with the weighted mean decreased by 0.61% from a pre-survey baseline of 3.62 
to a post-survey value of 3.59).

Students also reported improved understanding of rubric criteria and an 
enhanced ability to apply rubrics for self-directed learning. Perceptions of Nin-
jOrAItor were mixed: while appreciation for the platform’s feedback features 
increased (weighted mean up by 15.38%), confidence in its assessment accura-
cy decreased (weighted mean down by 8.60%), primarily attributed to technical 
limitations in hand gesture detection. Meanwhile, in the post-survey, 71.19% of 
students indicated that the platform was helpful for self-improvement.

Interviews with five consenting students revealed generally positive 
perceptions of NinjOrAItor, with participants describing it as intuitive and us-
er-friendly. Students reported effective use of rubrics in preparing their presen-
tations and consistent improvements in vocal filler reduction, pronunciation, 
and speech pacing after receiving AI feedback. The hybrid intelligence ap-
proach provided comprehensive guidance that helped students identify specific 
areas for improvement and enhance confidence in presentation preparation and 
delivery. One student described a complementary peer-AI loop: peers use AI’s 
rubric-based overview (e.g., on eye contact) as a foundation but added contex-
tual depth, such as content simplification for non-experts, creating a collabora-
tive revision process.

Despite these benefits, AI limitations in visual analysis (hand gestures 
and slide content) and occasional content feedback inaccuracies were noted as 
areas needing refinement. Overall, students appreciated the objective baseline 
and structured support, particularly for inexperienced presenters, with rubrics 
and Learning Units facilitating targeted skill development. Instructors valued 
NinjOrAItor’s vocal filler detection for identifying expressions like “so,” “like,” 
and “uh.” However, occasional misclassifications (e.g., flagging “but” as a fill-
er) require human oversight. The platform enhanced grading efficiency while 
maintaining assessment quality by providing AI evaluations as an objective 
starting point. Educators retained full authority to adjust scores and feedback 
for specific pedagogical contexts, creating an optimal human-AI partnership 
that leverages automation while preserving personalised instruction.

This study has several limitations. Although 171 students were enrolled, 
only 104 respondents (60.82%) completed the pre-survey and 59 respondents 
(34.50%) completed the post-survey, resulting in a 43.27% dropout rate. This 
substantial dropout may introduce survivorship bias, as more motivated or en-
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gaged students were more likely to persist with both surveys and video assign-
ments. Consequently, the observed improvements in presentation scores and 
perceptions may be positively skewed.

4.	 Implications
The hybrid model implemented in NinjOrAItor resolves the core weak-

nesses identified in the literature and observed in our data (see Table 1). 
Students found the platform effective for independent presentation skill de-
velopment, yet the slight decline in confidence in AI evaluation highlights 
the continued importance of human judgment. Through integrated self- and 
peer-assessment features, students learn to critically evaluate AI feedback while 
learning collaboratively from peers. These findings align with the theoretical 
advantages of hybrid intelligence outlined earlier.

Table 1 compares the four main feedback models currently used in English 
oral presentation instruction. It summarises the performance outcomes of four 
primary feedback models: instructor-only, automated (AI-only), peer/self, and 
the hybrid model. Since performance gains for the AI-only and teacher-only 
models could not be quantified in this study, they are described qualitatively as 
‘moderate’ based on prior literature and observed classroom practices (Kaliisa 
et al., 2025).

Table 1: Comparative Analysis of Feedback Models in English Oral Presentation In-
struction

Feedback 
Model

Timeliness 
of feed-
back

Scalability Nuance in 
assessment

Performance 
gains observed Data Source

Instructor- 
only No No Yes Moderate

Kaliisa et al. 
(2025); classroom 
observations

AI-only Yes Yes No Moderate Kaliisa et al. (2025)

Peer/Self only Partially Partially Partially Moderate Kaliisa et al. (2025)

Hybrid (Nin-
jOrAItor)

Yes (AI + selec-
tive human)

Yes (AI + selec-
tive human)

Yes (AI + hu-
man contextual 
judgment)

High (+4.80% 
overall score, p 
<0.001)

Present study 
(empirical, paired 
t-test)

Note: Non-NinjOrAItor rows draw on Kaliisa et al. (2025); NinjOrAItor results are 
from the present study.

The hybrid model implemented in NinjOrAItor (rightmost column) re-
solves the core weaknesses identified in the literature and observed in our data. 
While AI-only feedback delivers the timeliness and scalability demanded by 
large EAL classes (171 students, >98% EAL), it cannot provide the nuanced 
judgment on content relevance, cultural pragmatics, or motivational support 
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that human instructors supply. By embedding immediate AI analysis within a 
human-feedback loop, students not only improved presentation scores by 4.80% 
(t(160) = -13.01, p < 0.001) but also developed metacognitive skills through ac-
tively evaluating AI output.
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