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Abstract
Literature has vital historical values that reveal the truth of culture, ideology of people, political focus, and human experiences
like a series of no-photo films via a combination of flat words. As the carrier of history, literature plays like one decent clerk
who recorded the historical presentation of modern China through a proliferation of scholarly articles. This study aims to
provide a comprehensive overview of the emerging focus of modern Chinese literary research with the Latent Dirichlet
Allocation (LDA) topic model to explore the research themes and trends of former researchers from 1927 to 2023. LDA is
a text-mining-based approach utilized to reveal principal themes from a substantial dataset of short textual documents. A
total of 14,148 articles published between 1927 and October 2023 were collected and analyzed. Findings suggest that the pri-
mary scholarly focus areas of CNKI have been significantly influenced by historical events and foreign cultures, notably the
Soviet Union and America. Over the past decades, the research trend has also shifted from revolution, Chinese ambient cul-
ture, and Soviet literature to American literature, gender, digital tools, and global issues. The primary research themes and
new trends identified by LDA are instrumental in aiding researchers in discerning contemporary research questions and mak-
ing more informed decisions. The findings of this research could be utilized in complementarily exploring the ideology of
Chinese people in different periods.

Plain Language Summary

Key trends and topics in Chinese literary studies from 1927 to 2023 using a computer-based method to
analyze hidden themes in texts

This paper explores the literature in literary discipline published from 1927 to 2023 to reveal the changing ideology of
China. The method applied in the study is LDA topic modelling. The result shows a great change in intellectual focus
and underscores the consistency of literary research and social change.
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Introduction

Literature has always been a focal point of study and
discourse, serving as a mirror reflecting human culture
and experiences across time and space (Klarer, 2013). It
not only reveals cultural values and themes that trans-
cend geographical and temporal boundaries but also
reflects the diversity and complexity of human societies.
The discipline of literary studies has experienced
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substantial changes in recent decades, particularly in the
volume and quality of scholarly articles. With the evolu-
tion of research methodologies and the adoption of new
analytical tools, literary research is entering a new phase,
including the use of text-mining techniques for a deeper
understanding of literary works and themes (Chu et al.,
2022; Moretti, 2013). However, scholars from both
within and without China have not systematically ana-
lyzed the evolving changes of literary concerns caused by
the ideological transformation of modern China.

Research has been conducted to review specific
themes and methods in certain areas of the literary field
using qualitative or quantitative methods. For example,
Yaacoba and Newberry (2019) provide a historical over-
view of the development of comparative literature, dis-
cussing its origins, key schools of thought, and the
theoretical debates surrounding its scope. Durán (2020)
critically examines the transnational turn in American lit-
erary studies, analyzing its impact on comparative and
international approaches. H. Z. Yuan (2018) reviews a
decade of research on trauma narratives in CSSCI jour-
nals, highlighting key themes such as family, social, war,
and racial trauma in both Chinese and foreign literary
works. Guy et al. (2018) explore the intersection of lit-
erary stylistics and authorial intention, critically assessing
the claims of cognitive poetics in integrating empirical
approaches. Despite providing insights into evolving lit-
erary discourses in shaping contemporary literary scho-
larship, these studies are often limited by their qualitative
nature, small sample sizes, or selection bias, making it
difficult to capture large-scale shifts in research trends
comprehensively (Munthe-Kaas et al., 2019; Queirós
et al., 2017). As for the quantitative method, Sun (2023)
and Wei & Li (2022) conducted visual analysis of litera-
ture related to English and Chinese literature in the
CNKI database in a literature review, discussing the
research hotspots of different genres and topics. D.
Wang (2022) explored the research horizon in literature
studies is tend to merge with other disciplines, with a
clear trend toward interdisciplinary research within the
Chinese literary community. However, their research
only focuses on a specific literary scope within a certain
period.

This study aims to address these limitations by
employing Latent Dirichlet Allocation (LDA), a machine
learning-based topic modeling technique, to analyze a
large corpus of 14,148 scholarly articles published
between 1927 and 2023. Unlike traditional literature
reviews that rely on manual categorization and subjective
interpretation, LDA enables the identification of latent
thematic structures in an objective and scalable manner
(Chauhan & Shah, 2021; Gurcan & Cagiltay, 2019; Vulić
et al., 2015). This approach allows for a data-driven
exploration of how historical, political, and cultural

changes have shaped Chinese literary scholarship over
nearly a century. Additionally, this study differs from
prior research by providing a longitudinal analysis of the
shifts in literary focus over multiple distinct historical
periods. By systematically tracing changes from the revo-
lutionary and socialist realism-dominated early 20th cen-
tury to the present-day emphasis on digital humanities,
globalization, and gender studies, we offer an insight into
how literary research has evolved in response to external
influences. To be specific, this research contributes to the
field by: a. providing a comprehensive, data-driven
review of Chinese literary research trends over nearly a
century using computational methods; b. identifying pre-
viously unexamined macro-level shifts in Chinese literary
studies by analyzing a large-scale dataset; c. highlighting
key historical and ideological influences that have shaped
literary scholarship in China; d. offering insights into
emerging trends that may guide future research direc-
tions and funding priorities. To achieve these goals, we
break down our overarching purpose-level questions into
the following four research questions (RQs):

RQ1: What have been the bibliometric characteristics
of Chinese literary research during the period between
1927 and 2023?

RQ2. What have been the emerging topics in the
Chinese literary field in the period between 1927 and
2023?

RQ3. How have the topics of interest in Chinese lit-
erary studies changed from 1927 and 2023?

RQ4. What are the future trends in the Chinese lit-
erary field?

This study seeks to bridge the gap between traditional
literary analysis and computational approaches, demon-
strating the potential of machine learning techniques in
advancing literary scholarship. The findings of this study
uncover the historical, cultural, and political influences
on Chinese literature and guide future research directions
based on these insights. The findings are instrumental in
aiding researchers to discern contemporary research
questions and make more informed decisions, comple-
mentarily exploring the ideology of Chinese people in
different periods.

Literature Review

Topic Model

Topic modeling is a machine learning technique that has
gained significant traction in the field of natural lan-
guage processing and text mining (Abdelrazek et al.,
2023; Churchill & Singh, 2022; Vayansky & Kumar,
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2020; Blei & Lafferty, 2006). It is an unsupervised
method that aims to discover the latent themes or
“topics” present within a collection of documents (D. M.
Blei et al., 2003; Suominen & Toivanen, 2016). Topic
modeling can analyze the co-occurrence patterns of
words and their distributions across the corpus, then
automatically identify and extract the underlying topics
that permeate the text data. The aims of topic modeling
are twofold: to categorize documents into specific topics
and to uncover the blend of topics that each document
comprises (L. Liu et al., 2016; Mohr & Bogdanov, 2013).

Topic modeling offers several advantages over tradi-
tional methods of text analysis (Debortoli et al., 2016).
First, they enable the automatic discovery of topics with-
out the need for predefined categories or manual labeling
(Ball & Lewis, 2020; X. Chen et al., 2024; Park et al.,
2024). This unsupervised approach allows for the explo-
ration of previously unknown or unanticipated themes
within the data (Bansal et al., 2020; Hannigan et al.,
2019; Koo, 2022). Second, topic modeling provides a
quantitative representation of the topics, allowing for
further analysis and comparisons across different subsets
of the corpus or over time (Isoaho et al., 2021; Sbalchiero
& Eder, 2020). Third, it offers a powerful dimensionality
reduction technique, transforming high-dimensional text
data into a lower-dimensional representation of topics,
which can facilitate various downstream tasks such as
information retrieval, document clustering, and trend
analysis (George & Sumathy, 2023; J. W. Lee & Han,
2023).

Beyond its applications in natural language process-
ing, topic modeling is widely used in various domains,
including digital humanities (Callaway et al., 2020; C. M.
Chen et al., 2023), social media (Boon-Itt & Skunkan,
2020; Negara et al., 2019), marketing (Amado et al.,
2018; Reisenbichler & Reutterer, 2019), and psychology
(S. Liu et al., 2021).

LDA Topic Modeling

One of the most widely used topic modeling techniques
is Latent Dirichlet Allocation (LDA). Introduced by Blei
and Jordan in 2003, LDA has become a cornerstone
methodology for extracting hidden topics from vast
amounts of unstructured text data. At its core, LDA is a
generative probabilistic model that posits documents as
mixtures of latent topics, where each topic is character-
ized by a distribution over words. This model allows for
a deeper understanding of the content by identifying pat-
terns of word clusters that frequently co-occur across
documents, thereby revealing the predominant themes or
topics within the corpus.

Implementing LDA in literary analysis involves sev-
eral steps: pre-processing the text data (Sbalchiero &

Eder, 2020; Shahbazi & Byun, 2020), selecting an appro-
priate number of topics (Hasan et al., 2021; Li & Lei,
2021), running the LDA algorithm, and then interpreting
the resulting topic distributions. The model can effi-
ciently handle large datasets which makes it an invalu-
able tool in digital humanities, where the analysis of
extensive text collections is usual. Especially in literary
study, the application of LDA marks a paradigm shift
from traditional close reading methods to a more data-
driven approach (Underwood, 2019). It facilitates the
uncovering of topics and structures that might not be
immediately apparent through conventional reading
methods. This technique is particularly valuable in the
exploration of large bodies of work, like an author’s
complete oeuvre, or across different literary periods and
genres.

The elegance of LDA lies in its ability to decompose a
document corpus into two key components: the mixture
of topics that each document comprises, and the distribu-
tion of words that defines each topic. This dual focus not
only facilitates an analysis of individual documents in the
context of their dominant themes but also enables the
examination of words’ significance and their contribution
to the topics they belong to. LDA improves its under-
standing of the structure of the corpus by going through
each document over and over again and changing the
topics based on how common words are within topics
and how they are spread out across documents. The algo-
rithm proceeds until it reaches a stable state where the
topic distribution throughout the documents no longer
changes significantly, culminating in a comprehensive
portrayal of the corpus’s topics.

Scholars such as Jockers and Mimno (2013) have
demonstrated LDA’s utility in identifying themes across
literary works. It helps reveal patterns that transcend
individual authors, historical periods, or genres
(Underwood et al., 2018). For instance, Jockers and
Talken (2020) used topic modeling to analyze 19th-cen-
tury Anglo-American novels, uncovering thematic trends
and relationships among authors. In an eminent work by
Goldstone and Underwood (2014), they utilize the topic
model to analyze 21,367 literary articles from 1889 to
2013, revealing gradual shifts in themes and scholarship
rationales that challenge established historical narratives.
Their findings spotlight the emergence of subjects like
violence and the innovation within core theoretical con-
cepts, extending beyond traditional frameworks like
“New Criticism.” Later, Piper (2015) uses computational
models as tools to explore how narrative structure and
emotional engagement reshape the reader’s critical per-
ceptions by emphasizing the affective responses elicited
by literary engagement. In analyzing historical docu-
ments, LDA can bring out previously unknown thematic
structures, helping historians interpret shifts in discourse
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over time. Researchers like Newman and Block (2006)
have utilized LDA to track ideological shifts in the
American press throughout the 19th century. LDA has
also contributed to cultural studies by providing a means
to identify the thematic structures that underpin various
media forms. For instance, DiMaggio et al (2004) used it
to explore topic patterns in social science research
articles.

Important Changes in Modern China from 1927 to
the Present

The feature of Chinese literature shifts with the power
shifts, cultural norms, and social structures of the cul-
tures. The modern history of China from 1927 to 2000
witnessed tumultuous events and profound ideological
shifts that shaped the nation’s course (Cheek, 2016;
Hutchings, 2001). The period began with the conflict of
civil war. The First Chinese Civil War (1927–1937) saw a
direct confrontation between capitalist ideals and the
communist vision (Esherick, 2000). Literature of this era
delved into the socio-economic implications of these
opposing systems and the ideological underpinnings that
fueled the conflict. In the next period, China experienced
the Second Sino-Japanese War (1937–1945), and drama
emerged as the most prevailing genre (Esherick, 2000).

The Second Chinese Civil War (1946–1949) reignited
the ideological struggle between the two parties, with the
Communist Party of China ultimately emerging victor-
ious (Esherick, 2000). From 1950 to 1978, China under-
went significant transformations (Hutchings, 2001).
During this period, China gradually got rid of the influ-
ence of the Soviet Union and integrated with the world.
Transmitting to the 1970s, China initiated the Reform
and Opening-up policy. This marked a pivotal turning
point for China, steering it away from the isolationist
policies of the past and toward a path of economic liber-
alization and global integration (Hutchings, 2001). From
2001 to 2023, China experienced rapid economic growth,
technological advancements, and a rise in global influ-
ence. This recent period, which will be the focus of fur-
ther analysis, witnessed the continuation of market
reforms, the emergence of a growing middle class, and
the challenges of balancing economic development with
environmental sustainability and social equity (Huang &
Bernhardt, 2024).

Methodology

This study employs a mixed-methods computational text
analysis research model based on unsupervised machine
learning techniques. The model follows a sequential
exploratory design where quantitative text mining
approaches are used to identify patterns, followed by

qualitative interpretation of the emergent topics. The
research model consists of three primary components:
(1) a comprehensive bibliometric analysis of literary
research publications to address RQ1, (2) an LDA topic
modeling component used to identify emergent themes
and address RQ2, and (3) a temporal analysis compo-
nent that examines the evolution of topics over defined
historical periods to address RQ3 and RQ4.

This computational text analysis model was selected
for its ability to systematically process large volumes of
textual data while minimizing researcher bias in the ini-
tial identification of themes. The model allows for both
the discovery of latent patterns in the corpus and the
interpretation of these patterns within historical and cul-
tural contexts, making it particularly suited for longitu-
dinal analysis of literary scholarship trends. The overall
workflow of the study is presented in Figure 1. The first
step is data collection. In the next step, we preprocess the
data for analysis. The third step involves discovering the
knowledge to obtain comprehension from the corpus
using text-mining techniques.

Data Collection

The research aim of this study is to identify the academic
trend in Chinese literature academy, National
Knowledge Infrastructure (CNKI) and Chinese Social

Figure 1. Research process flowchart.
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Sciences Citation Index (CSSCI) databases were selected.
CSSCI is the core database in CNKI, it was developed
by the China Social Science Research Evaluation Centre
of Nanjing University. The database is used to search for
papers included and literature cited in Chinese social
sciences and has been a landmark project in the field of
humanities and social sciences evaluation in China since
1998. The search keywords in the title or abstract include
“literature,” “novel,” or “poet.”

The review period began in 1927, as abstracts from the
aforementioned databases have typically been included
in CNKI since 1927. Before 1979, there were 860 papers
searched. After that, the number of papers increased sig-
nificantly. For 1979 to 2000 and 2001 to 2024, we chose
the 2,000 most highly indexed papers respectively. The
period from 1927 to December 2023 is 96years. In total,
4,095 results were selected, the result of each period is
presented in Table 1.

Data Processing

Text preprocessing involves several steps to refine the
data. The first step in text preprocessing is tokenization.
This involves breaking down the text into smaller units
called tokens, which are typically words or terms.
Tokenization is done using delimiters such as spaces,
hyphens, and other punctuation marks. The next step is
removing stopwords which add little to no semantic
value to the text. In Chinese, common stop words
include particles and auxiliary words such as “的” (de),
“了” (le), and “是” (shı̀). For Chinese text, the process
can be more complex due to the nature of the written
language, which does not use spaces to separate words.
Jieba is a popular Python library used for processing
Chinese text, it can effectively handle the segmentation
of Chinese text into tokens, considering the context and
the structure of sentences.

In the next phase, the method of Term Frequency-
Inverse Document Frequency (TF-IDF) is applied to
evaluate the significance of each term within the body
of text. Commonly occurring terms are sometimes not

indicative of valuable content. Certain terms, often
found in scientific literature such as “study,” “mean-
ing”, “presentation”, and the like, may not carry signif-
icant meaning and are therefore omitted in subsequent
topic modeling processes. The TF-IDF method adjusts
the word corpus by diminishing the weight of fre-
quently appearing terms across multiple documents
and amplifying the significance of rarer terms that may
be more telling of a document’s content, as noted by
Qaiser & Ali (2018). After computing the TF-IDF
scores for all terms and arranging them accordingly, a
threshold is set after a manual review of terms with low
TF-IDF scores. Those falling below the threshold are
discarded and the count of the remaining terms is
updated. The computation of TF-IDF encompasses
two elements: TF and Inverse Document (IDF. TF
measures how often a term appears, normalized by the
document’s length to account for variability in docu-
ment size. Assuming a collection with D documents
and V distinct terms, the TF for a term i in document
j (TFij) is ascertained by its frequency relative to the
total term count within the document.

TFij =
Cij

Nj

The variables Cij and Nj represent the frequency of
occurrence of the ith term and the overall amount of
terms in the jth text, accordingly.

IDF serves as the second component, quantifies the
significance of a phrase. A phrase that appears frequently
across several documents, such as “model” and “study”
in scientific articles, may be seen as less significant. The
IDF value is employed to impose a penalty on frequently
occurring phrases. It is computed as follows:

IDF= log2
D

Di

� �

The IDF value of the i th phrase is denoted as IDFi,
while Di represents the count of documents containing
the ith term. The TF value of the i th term in the whole
corpus will be obtained by scaling the TF value with the
IDF value in order to standardize frequency values, as
demonstrated below:

TFi =
XD
j= 1

TFij�IDFi

After applying the preprocessing steps (tokenization,
stopword removal, and TF-IDF weighting), the same
text excerpt is transformed as follows:

Table 1. Number of Articles from Each Period.

Period Database Number of papers

1927–1937 CNKI 28
1938–1945 CNKI 57
1946–1949 CNKI 10
1950–1978 CNKI 772
1979–2000 CNKI 2,000
2001–2024 CSSCI 2,000
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[“康拉德”, “英国”, “晚唐”, “余华”, “心理学”, “翻译”, “白

话”, “自由主义”, “革命”, “田园”, “斗争”, “农村”, “变
革”…]

Topic Modeling

In this study, the LDA package was used. The number
of topics K shall be defined when specifying the LDA.
LDA topic clustering was obtained as a group of key-
words, and we assigned labels to each topic cluster after
summarizing them. for the purpose of word cloud visua-
lization, we translated each Chinese word with the com-
putation result was translated. Due to the complexity of
the literary field, we artificially translated each word to
preserve the original cultural meaning as much as
possible.

The reliability and validity of the LDA topic model
were insured by implementing multiple validation
approaches. First, coherence scores were utilized to eval-
uate the quality of the generated topics. Specifically, we
calculated the CV coherence measure, which assesses the
semantic similarity between high-scoring words in each
topic (Röder et al., 2015). We tested models with differ-
ent numbers of topics (K ranging from 5 to 30) and
selected K=10 as it produced the optimal coherence
score of 0.57, indicating strong semantic relatedness
within topics (Newman et al., 2010). The ten topics were
characterized by a list of high-probability words. Below
are examples of two topics generated by the LDA model,
illustrating the types of themes identified in the corpus:

Topic1:
(1, ‘0.0381*“革命”+0.0209*“阶级”+0.0132*“政治”
+0.0117*“城市”+0.0074*“知识分子”+0.0058*“意
识形态”+0.0050*“讽刺”+0.0037*“幽默”+
0.0014*“左翼”+0.0013*“郁达夫”’)
Topic2:
(2, ‘0.0353*“艺术”+0.0083*“科学”+0.0082*“苏联”
+0.0067*“诗歌”+0.0057*“戏剧”+0.0051*“战争”
+0.0042*“上海”+0.0010*“台湾”+0.0008*“英勇”
+0.0007*“报告文学”’)

Then, we employed perplexity measures to assess how
well the probabilistic model predicts unseen data. Lower
perplexity values indicate better generalization performance
(Wallach et al., 2009). We conducted 5-fold cross-valida-
tion, training the model on 80% of the corpus and evaluat-
ing it on the held-out 20%. The perplexity score for our
selected model (K=10) was 437.2, which outperformed
models with alternative K values. Third, we ensured the
stability of our topic model by performing multiple runs
with different random initializations and measuring the
similarity between resulting topic distributions using the
Jensen-Shannon divergence. The mean pairwise divergence

across ten runs was 0.08, indicating high reproducibility of
the topic structure (Maier et al., 2021).

Results and Discussions

To provide a comprehensive understanding of the evol-
ving focus in Chinese literary studies from 1927 to 2023,
our analysis integrates both quantitative and qualitative
approaches. Through LDA topic modeling, we identified
key themes and their distribution across the entire data-
set. This section presents the detailed findings, highlight-
ing how these themes reflect the influence of historical
events, cultural exchanges, and ideological shifts over
nearly a century. Additionally, we explore the promi-
nence of these topics across different historical periods,
providing insights into the evolution of Chinese literary
research.

Topic Modeling Analysis

The current study employed LDA to analyze a century-
long dataset of Chinese literary research, revealing the-
matic shifts influenced by historical events and cultural
exchanges. Figure 2 presents the ten topics along with
word clouds of keywords for each topic. The displayed
keywords are those with the highest likelihood of occur-
ring within each topic, where a larger font size indicates
a higher probability of occurrence. To analyze the pro-
minence of each topic across different historical periods,
we categorized the approximately 100-year time span
into six distinct eras based on historical stages (refer to
literature review). We then conducted a topic

Figure 2. Word cloud.
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prominence visualization, as shown in Figure 3, to illus-
trate how each topic emerged and evolved over these
periods.

During 1927 to 1937, some left-wingers in China were
influenced by the Soviet Russian Revolution and
attempted to draw on the revolutionary experiences of
the Soviet Union after the October Revolution (X. Liu,
2004). As a result, “Soviet Union” became a prominent
literary theme and the most important keyword for
Topics 2 and 3 during this period (see Figure 3).
Meanwhile, America experienced the prosperity era,
becoming one of the world’s largest economies and domi-
nating in fields such as technology and culture. However,
the period witnessed the bud of cultural exchange
between China and America (Yeh, 2000; Zhao, 2021),
the study of American literature (Topic 9) in the Chinese
literary community was still minimal.

This period saw China face cultural influences and
challenges from the West, since in the mid-19th century,
China had been subjected to a series of unequal treaties
with Western powers, leading to significant territorial
and economic concessions (Guo, 2022; Le Moli, 2021).
This created a direct Western presence and influence in
China, which exposed Chinese society to Western ideas
and lifestyles. Intellectuals and cultural figures began
actively exploring modern Western culture and thought,
attempting to absorb and adapt its excellent achieve-
ments to the Chinese context (Li, 1991; Yang, 2022).
Meanwhile, China was in the midst of the Chinese Civil

War, experiencing political turmoil and frequent social
changes. This turmoil and change spurred reflection and
reconsideration of social realities and political systems,
motivating cultural figures to actively participate in the
cultural movement, thereby promoting cultural prosper-
ity and innovation (Ding, 2018; Furth, 1983). This pro-
cess is also known as the New Cultural Movement.
Keywords during this period include “science” and “art”
from Topic 2, and “revolution” from Topic 3. A core
aspect of the New Cultural Movement was the advocacy
of science and the democratization of art education.
Some intellectuals and scientists began focusing on mod-
ern scientific theories and technologies, and this interest
in science was also reflected in literature. One of the key
figures, “Lu Xun,” emerged as a leading figure in Topic
3. His works, such as A Madman’s Diary and The True
Story of Ah Q, reflect themes of revolution, struggle, and
the plight of the common people (L. O. F. Lee, 2023).
During this time, there was also some research into lit-
erary theory (Topic 5), although its proportion was still
very small.

From 1937 to 1945, China remained in a state of inter-
nal turmoil (Ma, 2014), and the literary world largely
continued the basic characteristics of the previous period.
However, more importantly, this period saw the out-
break of the Second Sino-Japanese War. During the war,
several literary works emerged, reflecting themes of resis-
tance (Zhang, 2023), such as Langya Shan Five Heroic
Men. However, before the founding (1949) of the PRC,

Figure 3. Publication period on topic prominence.
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the illiteracy rate in China was over 80% (Jowett, 1989),
making “drama” (Topic 2) the most accessible form of
art for the public.

After China finished the war in 1945, Chinese litera-
ture reflected on the experiences of the war, exploring
the impact of war on China and beginning to pay atten-
tion to the changes in post-war society. The study of
“Japan” (Topic 8) helped the Chinese understand and
reflect on the traumas of the past war. After the war,
internal conflicts in China resurfaced, and there was con-
flict between two opposite classes: one was the landlord
and bourgeois classes, which wanted to be conservative
and traditional in cultural matters, the other was the pea-
sant and working classes, which leaned toward revolu-
tion and progress (S. S. Hu & Wang, 1997). The struggle
between classes had a significant impact on literature,
with writers actively expressing their support for or
opposition to different political forces, responding to the
political challenges of the time (Wen, 2023; Zheng,
2008). According to the results of LDA topic modeling,
prominent themes can be seen, such as the keywords rev-
olution, class, politics, and ideology (Topic 1), and left-
wing, intellectual (Topic 7). The literary techniques of
this period often used humor and satire to convey their
messages (Topic 7).

The end of this period was marked by the establish-
ment of the PRC in 1949. Literature was regarded as an
important educational tool for cultivating people in
terms of values (Da, 2019). Therefore, socialist realism
became the dominant literary theory and practice,
encouraging writers to create works that reflected the
positive aspects of socialist construction (W. S. Wang,
2007). Keywords like “education” and “socialism” in
Topic 3 which were prominent in this period better
demonstrate this situation. The decline of Topic 1 (class,
intellectual, urban) and Topic 7 (humor, satire) indicates
that in a political environment emphasizing class strug-
gle, urban intellectuals and artistic forms like humor and
satire were restricted. The decline of Topic 2 (art, poetry,
science) points to limitations on broader artistic and sci-
entific discussions during this period, reflecting the direct
intervention of political movements in literary and artis-
tic fields.

At the same time, China gradually began cultural and
political engagements with the West (Ye, 2003; Zhu
&Webber, 2016), which had an indirect impact on the
field of literature. Keywords such as “Britain” and
“Lessing” in Topic 8, and “America,” “film,” “history,”
“modern,” and “narrative,” in Topics 5 and 9 reflect
how Chinese literary works of this period began to more
openly explore relationships with the world.
Additionally, “translation” (Topic 6) became an impor-
tant task in the literary community, highlighting the
increasing openness and exchange with global cultures.

This phenomenon became more pronounced in 1978
when China officially launched its policy of reform and
opening up (Lu et al., 2019). Following the formal estab-
lishment of diplomatic relations between China and
America in 1979, political, economic, and cultural
exchanges between the two countries significantly
increased. America became one of China’s main trade
partners and sources of foreign investment after the
reform and opening up (Morrison, 2019). This close eco-
nomic relationship facilitated broader cultural exchanges
and mutual influence (Zhang & Musa, 2023). Prominent
topics during this period included Topic 4 (western lit-
erary theories) and Topics 5, 9, and 10, which centered
on “America,” indicating that literary works began to
extensively explore relationships with America and the
wider world.

At the end of the 20th century, the Chinese literary
community actively absorbed and adapted Western lit-
erary theories and aesthetic concepts, such as modern-
ism, postmodernism, feminism, and cultural studies
(Ren, 2004). During this period, there was a significant
increase in the exploration of female roles and gender
issues (Ho et al., 2018). This shift reflects a growing
focus on the contributions of female writers, the repre-
sentation of gender in their works, and societal attention
to gender equality and changes in women’s status (see
topics 5 and 10). Two writers most relevant to this topic
are “Hemingway” and “Eileen Chang.” Their novels
have been widely analyzed under the theme of female
characters and gender issues (Kadhim, 2018; R. Yuan,
Vengadasamy, & Zheng, 2024; R. Yuan, Vengadasamy,
et al., 2024). During this period, Chinese literary interest
in America surpassed that in Britain.

After entering the 21st century, the interactions
between China and the world have increased (Brooks &
Wohlforth, 2015), marked by China’s accession to the
World Trade Organization (WTO) in 2001. Chinese liter-
ature increasingly focuses on exploring the integration of
global and local elements. Topic 6 (translation, transla-
tor) merged as the most studied topic. As China’s inter-
actions with the world increased, the mutual
communication between Chinese and global culture (S.
Liu et al., 2023). As a consequence, translation played a
critical role in this cultural exchange (Topic 6). The rise
of digital tools (“corpus”) has made the collection and
analysis of large text corpora much easier, thus advan-
cing research in this area.

This period also saw the movement of the third wave
of feminism, which emerged in the 1990s and continues
today (Wu & Dong, 2019). Themes such as women’s lit-
erature and ethnic literature are even more widely
explored, with works giving more attention to the voices
of marginalized groups and issues of social justice, as
seen in topics like Topic 9 (black, Morrison) and Topic
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10 (female, gender, body). It emphasizes diversity and
intersectionality, encouraging the exploration of how
race, class, and other identities intersect with gender.
Notably, many of these keywords are related to America.
As a focal point of global culture, politics, and econom-
ics, America’s literature and culture are crucial areas of
study.

It is also worth noting that with the development of
the production and consumption patterns of Chinese lit-
erature have shifted, “film” adaptations of literary works
have rapidly emerged. The global popularity of science
fiction has increased, influenced by technological
advancements and concerns about climate change, mak-
ing science fiction a significant literary genre recognized
internationally. For example, Liu Cixin’s The Three-
Body Problem has achieved great success worldwide,
marking the international influence of Chinese science
fiction literature.

Keywords Analysis

We identify the most frequently occurring keywords to
discern major themes and areas of interest in literary
study as a complement to the result of topic modeling,
the result is presented in Table 2. The result highlights
diverse topics. “Culture” emerged as the most prominent
keyword, reflecting how early 20th-century China was
undergoing a cultural clash between new Western
enlightenment ideas and traditional Chinese feudal cul-
ture. In the 1920s, China experienced a movement that
rethought traditional Chinese thought and advocated for
a new form of Chinese culture based on modern ideals
like electoral politics and the scientific method. The pro-
minence of “tradition” also indicates the transformation
of literary studies in Chinese academia. Closely following

this, “Translation” was identified as the second most
common keyword. Translation is crucial for mutual
understanding between Eastern and Western cultures,
especially since China’s participation in international
affairs after the 21st century. Numerous Western novels
were introduced to China, while over 150 contemporary
Chinese writers’ works have been translated into Western
languages. For instance, translations of Nobel laureate
Mo Yan’s works have found international acclaim, intro-
ducing Western audiences to contemporary Chinese
literature.

“Art” is also a prominent word. This not only indi-
cates a close relationship between literature and art but
also underscores how Chinese artists were significantly
influenced by Western culture in the 20th century. For
instance, themes of romance and love reflect the impact
of Western Romanticism.

Notably, “him” and “her” both appear in the list and
the topic modeling results. “Him” was mentioned 1,209
times and was assembled in Topic 8, while “her”
appeared only 360 times and was in Topic 10. Before the
introduction of modern Western culture, there was no
distinction between genders in third-person pronouns in
Chinese culture, as the pronoun for “她” (she) did not
exist. With Western cultural influence, gender awareness
became more prominent, leading to the coexistence of
the pronouns “他” (he) and “她” (she), marking a signifi-
cant shift in gender identity recognition (Chan, 2021).

According to the topic prominence (Figure 3), this
influence and discrepancy emerged around 1949. Before
1949, the prominence of Topic 10 was zero. However,
after the founding of the PRC in 1949, Topic 10 began
to appear and, following the reform and opening up in
1978, its prominence surpassed that of Topic 5. Early in
its establishment, China enacted laws to protect women’s
rights, encouraged female participation in social labor,
and allocated a quota of government positions to women
(Tiefenbrun, 2016), significantly elevating women’s
status.

As previously mentioned, the Chinese literary focus
on America began in 1927. However, prior to 1978, the
main areas of research were the Soviet Union, Britain,
and Japan. Despite this, the United States was the only
country to appear frequently in high-frequency word
lists, indicating scholars’ shifting attention to America.
This largely contributes to America’s rising international
role after the two world wars, garnering considerable
international attention on a cultural level as well (Brooks
& Wohlforth, 2015). In the 1990s, Bercovitch (1994)
pointed out in the preface of The Cambridge History of
American Literature that, over the past 30years,
American literary criticism had evolved from a marginal
field to a central aspect of humanistic studies. Over the
course of more than half a century, American literature

Table 2. Top Frequent Keywords.

No. Frequent Keywords

1 2,138 Culture
2 1,558 Translation
3 1,209 Him
4 1,071 History
5 830 Art
6 766 Tradition
7 614 America
8 594 Female
9 590 World
10 495 Lu Xun
11 492 Western
12 483 Revolution
13 366 Her
14 360 Political
15 349 Education
16 307 Film

Yuan et al. 9



has become one of the fastest-growing disciplines in the
humanities (Bercovitch (1994). Its literary works have
also garnered significant attention from the Chinese aca-
demic community, especially concerning topics like race
issues, exemplified by Toni Morrison’s (Topic 9) explora-
tion of racial identity and history in her works.

The following highly frequent word is “world” in
Chinese literary academia. After 1978, globalization has
increasingly integrated Chinese literature into the world
literary framework, prompting scholars to engage in
cross-cultural research and comparative analysis. The
translation of foreign literary works into Chinese and the
dissemination of Chinese literature globally further con-
tributed to this trend (see Topic 6). Additionally, the rise
of modernity and global awareness led to a more promi-
nent global perspective in literary discussions, highlight-
ing the unique and universal aspects of Chinese
literature. Increased international academic exchanges
and collaborative projects also resulted in the frequent
appearance of “world” in scholarly literature.

The presence of Lu Xun (1881–1936) was the only
novelist mentioned by name. As mentioned before, he
was one of the leading figures in the New Cultural
Movement, and is considered one of the most important
and influential Chinese writers of the 20th century
(Xianfei, 2024; Liu, 2022), often regarded as the founder
of modern Chinese literature (Pusey, 1998).

Conclusion

This study has provided a comprehensive and data-driven
analysis of the evolving research themes in Chinese lit-
erary studies from 1927 to 2023, using Latent Dirichlet
Allocation (LDA) topic modeling to uncover the shifting
focus areas influenced by historical, political, and cultural
contexts. The findings reveal a clear trajectory of the-
matic evolution, reflecting the interplay between domestic
events and global influences over nearly a century. The
study provides a comprehensive, data-driven review of
nearly a century of Chinese literary research trends using
computational methods, filling a gap in the literature by
offering a macro-level perspective that has not been sys-
tematically explored in previous studies.

The analysis shows that early research themes (1927–
1937) were heavily influenced by revolutionary ideas and
the Soviet Union, with a focus on class struggle and
political ideologies. The subsequent period (1937–1945)
was dominated by wartime literature, highlighting
themes of resistance and national identity. The post-war
era (1945–1949) and the early years of the People’s
Republic of China (1949–1978) saw a rise in socialist rea-
lism and political themes, with restricted discussions on
broader artistic and scientific issues. The reform and
opening-up policy in 1978 marked a significant turning

point, leading to an influx of Western literary theories,
gender studies, and a growing emphasis on globalization
and multiculturalism. In the 21st century, Chinese lit-
erary research has increasingly integrated global and
local elements, with a notable rise in digital literature,
cross-cultural exchanges, and the use of digital tools for
analysis.

The high-frequency keyword analysis corroborates
these findings, demonstrating the cultural negotiation
between traditional Chinese and Western influences. The
emergence of gendered pronouns in Chinese scholarly
discourse reflects growing gender awareness, supported
by Topic 10’s increasing prominence after 1949 and par-
ticularly after 1978. Meanwhile, America’s presence as
the only country appearing in the high-frequency word
list confirms its outsized cultural influence compared to
other nations.

The evolution of Chinese literary research themes
over the past century is a testament to the profound
impact of historical events, political movements, and cul-
tural exchanges. The study offers a longitudinal analysis
of the shifts in literary focus over multiple distinct histor-
ical periods, tracing the evolution of research themes
from the revolutionary and socialist realism-dominated
early 20th century to the present-day emphasis on digital
humanities, globalization, and gender studies. Future
trends in the Chinese literary field are likely to further
integrate global and local literary elements, with
increased cross-cultural research, comparative analysis,
and the use of digital tools. The findings of this study
not only provide valuable insights into the historical and
ideological influences on Chinese literature but also offer
guidance for future research directions, emphasizing the
need to explore emerging themes such as film adapta-
tions, digital literature, and the interplay between litera-
ture and other media forms.

Limitations and Future Implications

This study has several limitations that should be
acknowledged. First, the analysis relies primarily on
LDA for topic modeling, which, while effective for iden-
tifying latent themes in large corpora, may not capture
all nuances present in the data. Comparing LDA results
with other topic modeling techniques or machine learn-
ing models could provide additional insights but was
beyond the scope of this study. Second, the dataset was
sourced mainly from CNKI and CSSCI databases,
which, although comprehensive, may not fully represent
the entirety of Chinese literary research, especially inde-
pendent publications or those outside mainstream aca-
demic databases. Third, the study focuses on thematic
evolution over time, but qualitative analysis of specific
topics could reveal da eeper contextual understanding
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that quantitative methods alone cannot provide. Finally,
the study’s reliance on keyword and topic prominence
may overlook emerging themes that have not yet gained
significant traction in the literature.

Future research can address these limitations and
build on our findings in several ways. First, employing
multiple topic modeling techniques (e.g., Non-negative
Matrix Factorization, Structural Topic Model) could
validate and enrich the thematic patterns identified in
this study. Second, expanding the dataset to include a
broader range of sources, such as independent journals,
online publications, and international databases, would
provide a more comprehensive view of Chinese literary
research. Additionally, future work could focus on emer-
ging topics that are currently underrepresented but show
potential for growth, such as digital literature, environ-
mental humanities, and cross-media adaptations.
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ing and text analysis for qualitative policy research. Policy

Studies Journal, 49(1), 300–324.
Jockers, M. L., & Mimno, D. (2013). Significant themes in

19th-century literature. Poetics, 41(6), 750–769.

Jockers, M. L., & Thalken, R. (2020). Text analysis with R.

Springer International Publishing.
Jowett, A. J. (1989). Patterns of literacy in the People’s Repub-

lic of China. GeoJournal, 18, 417–414.
Kadhim, R. J. (2018). Negative treatment of women in selected

short stories by Katherine Mansfield and Ernest Hemi-

ngway. African Educational Research Journal, 6(4), 228–235.
Klarer, M. (2013). An introduction to literary studies.

Routledge.

Koo, J. W. (2022). Global perceptions of South Korea’s

COVID-19 policy responses: Topic modeling with tweets.

Journal of Human Rights, 21(3), 334–353.
Le Moli, G. (2021). ‘Parity with all nations’: The ‘coolie’trade

and the quest for recognition by China and Japan. Leiden

Journal of International Law, 34(4), 879–897.
Lee, J. W., & Han, D. H. (2023). Data analysis of psychological

approaches to soccer research: Using LDA topic modeling.

Behavioral Sciences, 13(10), 787.

Lee, L. O. F. (Ed.). (2023). Lu Xun and his legacy. University of

California Press.
Li, X. (1991). A comprehensive history of the Chinese new demo-

cratic revolution: The rise of the nationalist revolution, 1923–

1926. Shanghai People’s Publishing House. (Chinese)
Li, X., & Lei, L. (2021). A bibliometric analysis of topic model-

ling studies (2000–2017). Journal of Information Science, 47

(2), 161–175.
Liu, L., Tang, L., Dong, W., Yao, S., & Zhou, W. (2016). An

overview of topic modeling and its current applications in

bioinformatics. SpringerPlus, 5, 1–22.
Liu, P. (2022). Lu Xun’s literary revolution in Chinese Marx-

ism. In C. Lye & C. Nealon (Eds.), In After Marx: Litera-

ture, theory, and value in the twenty-first century (p. 161).

Cambridge University Press.
Liu, S., Gallois, C., & Volcic, Z. (2023). Introducing intercultural

communication: Global cultures and contexts. Sage.
Liu, S., Zhang, R. Y., & Kishimoto, T. (2021). Analysis and

prospect of clinical psychology based on topic models: hot

research topics and scientific trends in the latest decades.

Psychology, Health & Medicine, 26(4), 395–407.
Liu, X. (2004). Frontier passages: Ethnopolitics and the rise of

Chinese communism, 1921-1945. Stanford University Press.
Lu, Y., Zhang, Y., Cao, X., Wang, C., Wang, Y., Zhang, M.,

Ferrier, R. C., Jenkins, A., Yuan., J., Bailey, M. J., Chen,

D., Tian, H., Li, H., von Weizsäcker, E. U., & Zhang, Z.
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Röder, M., Both, A., & Hinneburg, A. (2015, February).

Exploring the space of topic coherence measures [Conference

session]. Proceedings of the Eighth ACM International Con-

ference on Web Search and Data Mining, Shanghai, China

(pp. 399–408). Association for Computing Machinery.
Sbalchiero, S., & Eder, M. (2020). Topic modeling, long texts

and the best number of topics. Some Problems and solu-

tions. Quality & Quantity, 54, 1095–1108.
Shahbazi, Z., & Byun, Y. C. (2020). Analysis of domain-

independent unsupervised text segmentation using LDA

topic modeling over social media contents. International

Journal of Advanced Science and Technology, 29(6), 5993–

6014.
Sun, Y. (2023). Visual analysis of domestic English literature

research. Jingu Wenchuang, 31, 55–58. https://doi.org/10.

20024/j.cnki.CN42-1911/I.2023.31.017
Suominen, A., & Toivanen, H. (2016). Map of science with

topic modeling: Comparison of unsupervised learning and

human-assigned subject classification. Journal of the Associ-

ation for Information Science and Technology, 67(10), 2464–

2476.

Tiefenbrun, S. (2016). China’s employment laws and their

impact on women working in china. UC Davis Journal of

International Law and Policy, 23, 253.
Underwood, T. (2019). Distant horizons: Digital evidence and

literary change. University of Chicago Press.
Underwood, T., Bamman, D., & Lee, S. (2018). The transfor-

mation of gender in English-language fiction. Journal of Cul-

tural Analytics, 3(2), 1–25.
Vayansky, I., & Kumar, S. A. (2020). A review of topic model-

ing methods. Information Systems, 94, Article 101582.
Vulić, I., De Smet, W., Tang, J., & Moens, M. F. (2015). Prob-

abilistic topic modeling in multilingual settings: An overview

of its methodology and applications. Information Processing

& Management, 51(1), 111–147.
Wallach, H. M., Murray, I., Salakhutdinov, R., & Mimno, D.

(2009, June). Evaluation methods for topic models [Confer-

ence session]. Proceedings of the 26th Annual International

Conference on Machine Learning, Quebec, Canada

(pp. 1105–1112). Association for Computing Machinery.
Wang, D. (2022). Research on the hotspots and trends of for-

eign literature studies in China from 2016 to 2020: Based on

China’s five major journals of foreign literature studies.

Journal of Kunming University, 2, 120–126.
Wang, W. S. (2007). The choice and loss of modernity—An

interpretation of the realist literary trend during the “seven-

teen years.” Journal of Nanjing Normal University: Social

Science Edition, 1, 5. (Chinese)
Wei, J. H., & Li, J. (2022). A bibliometric analysis of Chinese

literature going global (2011–2020) based on CiteSpace.

Shandong Foreign Language Teaching Journal, 43(1), 95–

106.
Wen, Y. H. (2023). The situation and fate of the youth in war-

time—Centered on the suicide of female literary youth Xue

Ruijuan.Modern Chinese Culture and Literature, 4, 143–157.

(Chinese)
Wu, A. X., & Dong, Y. (2019). What is made-in-China femin-

ism(s)? Gender discontent and class friction in post-socialist

China. Critical Asian Studies, 51(4), 471–492.
Xianfei, Z. (2024). Research on Lu Xun’s concept of dialogue

in the revolutionary literature movement. Theoretical Stud-

ies in Literature and Art, 44(4), 29–39.
Yaacoba, A., & Newberryb, T. S. (2019). The scope of compara-

tive literary studies: Review of schools of study. International

Journal of Innovation, Creativity and Change, 7(3), 1–19.
Yang, R. (2022). The Chinese idea of a university: Phoenix

reborn. Hong Kong University Press.
Ye, S. X. (2003). The cross-century evolution of the Western

cultural root-seeking trend—An analysis of the “New Age

Movement.” Journal of Literary and Historical Studies, 1

(01), 110–121. (Chinese)
Yeh, W. H. (2000). The alienated academy: Culture and politics

in Republican China, 1919-1937 (Vol. 148). Harvard Univer-

sity Asia Center.
Yuan, H. Z. (2018). A decade review of “trauma narrative”

research—Based on papers published in CSSCI journals.

Journal of North China University of Water Resources and

Electric Power (Social Science Edition), 3, 126–129.

https://doi.org/10.13790/j.cnki.issn1008-4444.2018.03.031

(Chinese)

Yuan et al. 13

https://doi.org/10.16238/j.cnki.rla.2021.03.016
https://doi.org/10.16238/j.cnki.rla.2021.03.016
https://doi.org/10.20024/j.cnki.CN42-1911/I.2023.31.017


Yuan, R., Vengadasamy, R., Perry, M. S., & Hashim, R. S.
(2024). Exploring feminist consciousness through music in
Eileen Chang’s postcolonial narratives. GEMA Online Jour-

nal of Language Studies, 24(1), 173–183.
Yuan, R., Vengadasamy, R., & Zheng, Y. (2024). A biblio-

metric analysis of study on Eileen Chang using CiteSpace.
SAGE Open, 14(2), Article 21582440241254892.

Zhang, S. (2023). The long shadow: Literary and cinematic rep-

resentation and re-imagination of Chinese female traumas in

the second Sino-Japanese War [Doctoral dissertation, Purdue
University].

Zhao, X. (2021). Displacement and anachronism: Art education

and exhibitions in meta-institutionalizing China, 1912-1937.
University of California, San Diego.

Zheng, Z. F. (2008). Rebuilding the social center: A study on the

group of free intellectuals after the war (1945–1949) [Doc-
toral dissertation, East China Normal University]. (Chinese)

Zhu, Y., & Webber, M. (2016). The impact of Western Eco-
nomics on China’s reforms from the late 1970s to the pres-
ent: an overview. In M. Warner (Ed.), The diffusion of

Western economic ideas in East Asia (pp. 364–375).
Routledge.

14 SAGE Open


