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Abstract

Purpose: Drawing on the Unified Theory of Acceptance and Use of Technology (UTAUT), this
sequential mixed-method study explored L2 learners’ challenges in seeking corrective feedback in
an Al-assisted educational environment.

Design/Approach/Methods: The data was collected from 45 university students in a Computer
Science program who were encouraged to seek corrective feedback from ChatGPT for their
argumentative writing report. Self-reflection data were qualitatively and quantitatively analyzed.
Findings: Findings suggested that 45.9% of the Al-generated feedback was rejected by students,
with a higher rejection rate observed for content-focused feedback (58.7%) compared to form-
focused feedback (41.3%). Al-generated content-focused feedback was rejected due to misalign-

ments between expected and received feedback, anticipated high workload to respond, mismatch
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between feedback from Al and external references, and impeding conditions for students to
engage with the feedback. Meanwhile, the rejection of form-focused feedback was largely asso-
ciated with the high level of expected effort.

Originality/Value: This study is one of the few existing studies on the L2 learners’ challenges in
seeking corrective feedback from generative Al systems. Notably, the study differentiates between
form-focused and content-focused feedback and identifies the distinct challenges and learning

opportunities that impact students’ rejection of Al feedback.

Keywords
Academic writing, ChatGPT, corrective feedback, generative Al, unified theory of acceptance and
use of technology (UTAUT)
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Introduction

Technology integration with classroom instructions and informal learning outside of the
classroom has been investigated for decades (Hinostroza et al., 2015; Lai, 2015; Morales &
Roig, 2002). The technology of Open Al and chatbots present extraordinary potential in promoting
better language learning and teaching practice, such as timely feedback, ease of use, personalized
support, interlocutors, simulations of the learning environment, the transmission of information,
helpline, and individualized recommendation on learning materials (Huang et al., 2022;
Lu et al., 2024).

However, its limitations and challenges to support teaching and learning cannot be overlooked.
Reviewing the challenges in previous studies, this study aims to conduct an in-depth analysis of the
feedback exchange process between students and ChatGPT-3.5. Through the research identifying
the challenges that arise during this engagement and their potential impact on student behaviors,
we aim to gain valuable insights into how these obstacles, as perceived by students, impede the

effective acceptance and utilization of feedback.

Literature review

Numerous research studies have examined the challenges of integrating distinct technology in edu-
cational settings (Becirovi¢, 2023). However, studies that explore the challenges of integrating
Generative Al in academic writing are still limited. With the new launch of ChatGPT, a generative
Al-assisted chatbot, we can anticipate potential limitations by analyzing previous research on

chatbot-assisted language learning and teaching.
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Technological limitations

Technology itself is reported as the challenge and barrier to technology integration with classroom
instruction and self-directed learning activities. It includes (1) incapability to offer answers and
responses in a reliable and expected way (Kuhail et al., 2023; Winkler et al., 2020), (2) unavailabil-
ity of emotional support to the users (Escalante et al., 2023; Gallacher et al., 2018; Goda et al.,
2014), and (3) limitation in engaging and maintaining conversations (Yang & Zapata-Rivera, 2010).

In relation to the first point, chatbots may not be able to accurately respond to users’ inquiries
due to the limitations or insufficiency of training datasets in the early stage of the development
of the Al systems. For example, Winkler et al. (2020) designed a conversational bot named Sara
aimed to solve the challenge of creating meaningful interactions in online video lectures. They eval-
uated the bot by collecting self-reflection reports from 182 participants who were undergraduate and
graduate students. The findings indicated that bots with limited datasets posed challenges to learn-
ing, including the inability to provide correct answers and respond to questions. These limitations
led to learners’ frustrations and thus possibly influenced their learning process.

Furthermore, chatbots lack human-like emotional support, which can be linked to unnatural and
ambiguous voices and the use of non-academic language. According to Goda et al.’s (2014) study,
students have reported feeling that computer-generated voices are unnatural compared to human
voices, ultimately limiting their engagement with the immersive learning environment.
Moreover, Gallacher et al. (2018) noted that the absence of emotional and visible cues during inter-
actions with chatbots undermined students’ positive state of language learning. While Escalante
et al. (2023) collected 48 undergraduate students’ perceptions of feedback provided by teachers
and feedback given by generative Al, the result revealed that half preferred feedback provided
by teachers rather than Al-generated feedback. The primary reason cited for this preference was
the positive emotional impact of in-person communication.

Lastly, the limitation of chatbots in engaging in extended conversations is another drawback.
Research by Yang and Zapata-Rivera (2010) revealed that students’ ideas diverge in unforeseen
directions as communication progresses, and chatbot systems fail to recognize and address these

constantly shifting topics.

The challenges and barriers to teachers and learners

Regarding chatbot limitations in education, a subset of research has primarily focused on teachers
and learners. Four areas were identified from the perspective of teachers: (1) teachers’ negative
beliefs and attitudes toward the limited use of technology in teaching (Howard, 2013; Shin
et al., 2014), (2) teachers’ discomfort or lack of confidence in working with technology, which

can lead to the rejection of new technology (Leem & Sung, 2019), (3) teachers’ low level of
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computer literacy can make it difficult for them to operate chatbot technology (Su et al., 2023), and
(4) limited access to resources in schools can also pose a challenge that can hinder the implemen-
tation of Al tools (Reiser, 2002; Shin et al., 2014).

More importantly, from the learners’ perspective, several factors may be relevant to the limita-
tions of implementing new technologies in teaching and learning: (1) students’ low perceived use-
fulness can lead to negative behaviors during their interactions with the technology (Chen et al.,
2020; Kaur et al., 2021; Marchante, 2022), (2) students’ limited competence and computer literacy
may hinder their effective use of chatbot technology (Celik, 2023; Hatlevik et al., 2018; Fryer et al.,
2020), and (3) the disconnect between students’ external requirements and their interactions with
technology has resulted in minimal use of chatbots in their learning process (Ericsson et al.,
2023; Guo et al., 2023; Hew et al., 2023).

To be more specific, students’ attitudes and beliefs toward the use of technology in supporting
their learning process refer to their technological acceptance. This encompasses their willingness to
experiment with new technology, perceived usefulness, and overall attitudes toward technology as
an educational tool. For instance, Chen et al. (2020) found that students’ beliefs about chatbot use-
fulness in Chinese language learning significantly impacted their acceptance and utilization of the
technology. Moreover, an insightful study by Hatlevik et al. (2018) examined the connection
between technology and students’ self-efficacy in nearly 60,000 individuals from 15 countries.
The results revealed that familiarity with technology significantly influenced students’ information
and communication technology self-efficacy. Fryer et al.’s (2020) study revealed that learners are
unlikely to develop an interest in oral tasks during language classes without sufficient training in
feedback-seeking strategies and computer literacy. As a result, human-supported oral training ses-
sions achieved better outcomes, with higher levels of motivation and engagement. Furthermore, the
successful implementation of chatbots in educational environments depends on the alignment
between students’ learning interest in Al and assignment requirements established by educators
(Hew et al., 2023).

Framework and research questions

Currently, no existing research utilizes a theoretical framework to systematically analyze the chal-
lenges associated with chatbot-assisted writing and corrective feedback practices. This study aims
to fill that gap by utilizing the Unified Theory of Acceptance and Use of Technology (UTAUT), first
introduced by Venkatesh et al. (2003). Upon examining the breadth of research on Generative Al
within educational settings, we found that the UTAUT model elucidates multiple barriers to the
optimal and efficient deployment of these Al systems. The model identifies four principal areas
impacting effectiveness and integration, which have already been widely discussed separately in

the field of Al-assisted learning and teaching. Firstly, there is “Performance Expectancy” related
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to the extent to which Al can visualize and be assisted in achieving learning outcomes. For instance,
previous studies have shown that Al is a reliable tool for scoring and peer review (Jiang et al., 2023;
Kaebnick et al., 2023). Secondly, “Effort Expectancy” considers the ease with which these tools can
be used to facilitate the learning process, and sometimes even in an unethical manner, such as pla-
giarism and academic integrity issues (Cotton et al., 2023). Thirdly, “Social Influence” is tied to the
endorsement and contempt from other stakeholders in the educational community. McDonald et al.
(2024) reviewed the policies of 116 US higher education institutions on the use of Generative Al,
and most of the policy concerns were issues of ethical practice of Al, with most references to its
application remaining ambiguous. Lastly, “Facilitating Conditions” refers to the infrastructural
and resource-related aspects that enable Al utilization. As indicated in prior research (Reiser,
2002; Shin et al., 2014), constraints related to accessing necessary resources in academic settings
can greatly hinder the successful implementation and effective use of Al technologies. In our study,
the four core factors are “Mismatch with learners’ expectations,” “Anticipated high workload to
respond,” “Mismatch with external references,” and “Impending conditions.” We have provided
definitions for each of these core factors in Table 2.

These potential challenges can be suggested by observing students’ revision strategies to deal
with Al-generated feedback. As for the framework for coding students’ revision strategies, two cat-
egories are identified from previous corrective feedback studies based on the rate of uptake or
acceptance of received feedback (Cheong et al., 2023): (1) accept and revise accordingly and
(2) show a certain level of rejection, such as ignorance, disagreement, and confusion by arguing
with the feedback providers, especially for non-error corrective feedback (Mohebbi, 2021; Yang
et al., 2023; Zhang, 2020). Moreover, we used two established frameworks, called “levels of revi-
sions” and “taxonomy of revision strategies,” to label the dependent variable. These frameworks
were informed by prior research on corrective feedback and automatic written feedback. Fan and
Xu’s (2020) research shows two types of feedback: form-focused and content-focused.
Form-focused feedback, typically given by teachers or peers, targets errors in language usage,
such as sentence structures, vocabulary, and verb conjugations. Interestingly, Fan and Xu (2020)
found that content-focused feedback was primarily delivered through negotiation. This means
that feedback providers prefer to engage in oral discussions and debates with receivers on topics
related to evidence and examples.

Without any doubt, partnerships with Generative Al technology in language teaching and learn-
ing will be one of the trends. The use of Al technologies in language teaching and learning has
gained significant attention in recent years (Hinostroza et al., 2015; Lai, 2015; Morales & Roig,
2002). Although the digital affordance of these Al-driven learning systems has been widely inves-
tigated (Fitria, 2021; Ghufron & Rosyida, 2018), the challenges of using Generative Al technolo-

gies have not been adequately examined. Open Al released a powerful generative Al technology
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called ChatGPT in late November 2022. To date, most of the research related to ChatGPT has
mainly concentrated on academic writing (Rozencwajg & Kantor, 2023; Salvagno et al., 2023;
Zimmerman, 2023). However, an in-depth exploration of ChatGPT’s distinctive influence on
enhancing student engagement and their responses to formative corrective feedback is notably
limited.

In that case, this research aims to incorporate ChatGPT technology into the language learning feed-
back process. Guided by the UTAUT, the study aims to identify the key factors that lead to negative
responses to ChatGPT feedback. Consequently, the study is guided by two primary questions:

1. What are the challenges faced by L2 learners when engaging with ChatGPT-generated
feedback?

2. What are the underlying factors that contribute to L2 learners’ rejection of form- and
content-focused feedback generated by ChatGPT?

Methods

In this study, we used an exploratory sequential mixed methods design to investigate the use and
reception of Al-generated feedback in academic writing among university students. The study
was conducted with 45 students enrolled in a computer science program who were encouraged
to seek corrective feedback from ChatGPT on their argumentative writing reports. In an initial
qualitative phase, self-reflective data was collected from the students, providing a rich, contextual
understanding of their experiences and reactions to the Al-generated feedback. We subsequently
conducted a quantitative analysis of the data to extrapolate the initial findings to the wider

student population.

Participants

Undergraduate students from a Computer Science program at a public university in Macao, aged
between 20 and 21 (SD=1.72), were invited to participate in an academic writing course. The
sample consisted of 52 male and seven female students who had all completed the first-semester
courses and understood computer operational systems, Al technologies, and English academic
writing well. The language of instruction in the classroom was English, so the participants felt com-
fortable communicating with the Al system in English. Among the sample, 55 were native
Cantonese or Mandarin speakers, and the remaining four were Portuguese, English, and Filipino
native speakers. Most participants were at the B1 or B2 level at the CEFR band scale (Common
European Framework of Reference for Languages), based on their scores in the English language

test of the university entrance examination. At the time of data collection, most participants had
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already used ChatGPT, the chatbot, for academic and entertainment purposes since its official
launch at the end of November 2022. These students were first contacted to participate in this
study via Canvas, a centralized online learning system. Forty-five students expressed interest in
the study, and written consent forms were obtained from each of them. Data protection strategies

included removing all personal identifiers and replacing them with ID numbers.

Data collection

After that, these students were briefed about the procedure of data collection. First, they were
invited to draft a 250-word essay individually without the assistance of ChatGPT in a classroom
condition. The writing task is “To what extent do you agree or disagree that Al technologies
may replace human working forces?”. This task was selected for several reasons: (1) this topic
has been discussed in one of their compulsory subjects in their first semester, Ethics and
Professional Issues, and (2) they were familiar with relevant ideas, scientific reports, and linguistics
resources. Ethics approval was obtained by the organization of the corresponding author. The data
collection for this study is an integral part of our routine work. No additional academic work is
placed on participants specifically for this study.

Secondly, they were trained to use ChatGPT to offer corrective feedback on their draft and revise
their essay in 2-week advance. The training includes (1) the academic integrity issues in the use of
ChatGPT to complete academic assignments, (2) the university guidelines on the use of ChatGPT
for academic purposes, and (3) the guidelines and examples of writing reflective journals to report
their feedback experiences with ChatGPT.

The participants in the study were asked to interact with ChatGPT in two ways: (1) by providing
corrective feedback on their essay, which they attached, and (2) by making suggestions to improve
their essay based on the attached marking rubrics. These rubrics were designed to evaluate both the
form-focused aspects of writing (grammatical accuracy and lexical sophistication) as well as the
content-focused aspects (quality of argument structures and use of source evidence) (Wei et al.,
2022). Participants were encouraged to ask ChatGPT follow-up questions about its feedback,
including asking for clarifications, providing more examples, or even disputing the feedback if
they disagreed. Finally, they were required to submit their responses to ChatGPT’s feedback
item by item in either their first language or English. The collected data included the participants’
first draft of their essays, the corrective feedback and suggestions from ChatGPT, and the learners’

responses and revisions, as shown in Table 1.

Data coding
To answer the first research question, the UTAUT model was adapted and developed to identify and

code possible barriers to students’ negative responses. The first author and corresponding author
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Table |. Example of L2 writers’ response on ChatGPT generated feedback.

Feedback from ChatGPT Your response

I. Use proper grammar and punctuation—here are | agreed that, and | provide made revision accordingly.

several grammatical errors in the essay, including
improper use of commas and run-on sentences.
Make sure to proofread your work before

submitting it.

| change “get in touch with people” to “easily
connect with people”, “had convenient our daily
lives” to “has made our daily lives more

convenient”, “book for position” to “make

reservations”.
2. Use appropriate language—Choose your words | don’t agree that, think my words are all very easy.
carefully and use appropriate language for your | don’t use any jargon in my essay. The evidence
audience and purpose. Avoid using overly technical | chosen were closed to our lives.
terms or jargon that your readers may not
understand. Also, make sure to vary your sentence
structure to keep your writing interesting.
3. Clarify and elaborate on your points—Some of | agree with that, but | can’t do so. Because that will
your arguments could be more specific and over the word count.
detailed. For example, you could provide examples
of jobs that have been replaced by machines or
describe how addiction to virtual technology

affects young people’s lives.

jointly coded the responses of the first 15 participants and developed the framework collaboratively.
After resolving all disagreements, they coded the rest of the responses from the remaining 30 par-
ticipants with an agreement rate of 87%. The specific explanation of coding factors is presented in
Table 2.

To answer the second research question, an Ordinal Logistic Regression model (OLR) was
developed to estimate the prediction power of the identified barriers to learners’ rejection of the
Al-generated feedback. To label the dependent variable, the coding process was guided by two
established frameworks: levels of revisions and the taxonomy of revision strategies, both informed
by prior research on corrective feedback and automatic written feedback. This study considered
four critical, independent variables in this model, including “Mismatch with learners’ expecta-
tions,” “Anticipated high workload to respond,” “Mismatch with external references,” and
“Impeding conditions” to predict users’ intentions to engage with ChatGPT-generated feedback.
The OLR model can create an analysis model that treats the dependent variable as an ordered cat-
egorical variable based on the cumulative odds principle, similar to a conventional multiple regres-

sion approach (Hosmer et al., 2013).
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Table 2. Coding framework on the students’ negative responses to ChatGPT-generated feedback.

Categories Explanations
Mismatch with learners’ ChatGPT provided unhelpful feedback, such as (I) misinterpreting authors’
expectations intentions and ideas, (2) lack of clarity and examples, and (3) extraneous

feedback, which made students believe using this technology would not
help them attain work/study performance gains.
Anticipated high workload to  ChatGPT provided inconvenient feedback, such as (|) information overload in
respond feedback and (2) a general description rather than highlighting specific
mistakes, which decreased students’ degree of ease associated with using
the particular technology in their work.
Mismatch with external ChatGPT gave feedback that did not align with the expectations or
references preferences of other important people (e.g., peers and teachers), making
students refuse to take the Al feedback.
Impeding conditions ChatGPT did not provide personalized suggestions based on proficiency levels
and lacked emotional support, causing discomfort and unexpected behavior

in students.

Result

Qualitative findings

To answer the first research question, the research conducted a thorough analysis of the feedback
provided by L2 learners to understand their rejection of Al-generated feedback better. We carefully
examined the transcript, identified relevant themes that could serve as suitable study questions, and
answered the first research question. By analyzing 167 L2 students’ rejections of generative Al
feedback, we found that students rejected the feedback more often because of “Mismatch with lear-
ners’ expectations” (37.1%) and “Anticipated high workload to respond” (34.1%) than “Mismatch
with external references” (15.0%) and “Impeding conditions” (13.8%). Specifically, the findings
have been summarized in Table 3, which provides an overview of the barriers encountered by
L2 learners when attempting to act upon ChatGPT-generated feedback guided by the UTAUT
model.

The “Mismatch with learners’ expectations” aspect of feedback refers to the feedback provided
by ChatGPT that led students to think that using this technology would not help them improve their
work or study performance. First, ChatGPT may not fully understand the nuances and subtleties of
the learners’ writing. As a result, it may misinterpret the authors’ intentions and make revisions that

deviate from the original meaning. For example:

I think ChatGPT’s comment is wrong because I just want to speak from a neutral point of view to show

some good and bad things coming out. Therefore, I will not make any changes on this point.
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Table 3. The reasons behind students’ rejection of Al feedback guided by the UTAUT model.

Factors of the UTAUT model Sub-category

Mismatch with learners’ expectations misinterpreting authors’ intentions and ideas (31)
lack of clarity and examples (21)
extraneous feedback (10)

Anticipated high workload to respond  a general description rather than highlighting specific mistakes (33)
information overload (24)

Mismatch with external references not aligned with other teachers’ and peers’ expectations or

preferences (25)
Impeding conditions lack of personalized suggestions based on proficiency levels (18)

lack of emotional support (5)

Nevertheless, the learners pointed out that the suggestions lacked clarity and specific examples,
which in turn made it challenging for them to identify and address their particular areas of improve-

ment, as one student stated:

I do not understand what “changed the formatting” means; therefore, I cannot make revisions.

In ChatGPT, extraneous feedback refers to the frustrating experience of L2 learners when they
receive irrelevant corrections from Al models meant to assist them. Extraneous feedback frustrates

L2 learners who use Al language models for assistance, wasting time and confusion. For example:

[ think ChatGPT’s comment is wrong because my first sentence of the paragraph is, “On the other hand,

technology also has some disadvantages.” And ChatGPT gave me the same sentence.

The “Anticipated high workload to respond” challenges in Al feedback decreased students’
degree of ease in using the particular technology in their work. For instance, overload-specific sug-
gestions given by ChatGPT are often disregarded and rejected by the learners. The abundance of
tips can overwhelm learners and cause them to overlook valuable insights or fail to allocate their

attention appropriately. For example:

Its summary is too long to be suitable for its summary. It will be better if it gives me a short one.

Yes, I agree with this feedback. I use some examples to support my arguments. For example, when a
student has questions, WeChat software can help students connect; if the teacher has something import-
ant to say, it can also help the teacher send the information to students faster. (However, the ChatGPT

suggested to put more statistics, quotes, or research studies in writing.)
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Furthermore, ChatGPT provided a generic explanation of an error, resulting in L2 learners
failing to make the necessary revisions and seeking clarification on the specific occurrences of
these errors. This challenge may hinder the learners’ ability to recognize and rectify their linguistic

shortcomings by not highlighting the exact locations of errors. For example:

ChatGPT did not give me the exact sentences, like which sentence is unclear; it just told me to revise all

the paragraphs, so I will not make any changes on this point.

The “Mismatch with external references” challenge in Al feedback refers to ChatGPT providing
feedback that does not align with the expectations or preferences of essential people, such as peers
and teachers, leading students to reject the Al feedback from ChatGPT despite its accuracy and
helpfulness. Additionally, students may prioritize the feedback of individuals they trust over Al

feedback, as one student mentioned:

I think ChatGPT is wrong and right. More examples can support a convincing essay. Nevertheless, as [
write above, I should follow the requirements of the 3 + 747 + 3. So, for all the advantages and disad-

vantages, I can only add one example to each of them.

Our research identified challenges concerning “Impeding conditions” related to students’ reluc-
tance to use Al feedback in their essays. Specifically, ChatGPT could not provide personalized sug-
gestions based on proficiency levels and lacked emotional support, leading to discomfort and
negative behavior in some students. This challenge might have made the learning process

tedious and demotivating for students, as some students stated:
I agree with that, but I cannot do much to avoid it because of my weak English skills.

I also want to express myself in simpler language, but my vocabulary is small, and I can only express

myself as much as possible.

Quantitative findings

In order to answer the second research question, descriptive statistical analysis was used to demon-
strate the main challenges of the interaction between students and Al. Although the Al chatbot pro-
vides more content-focused feedback (58.8%) than form-focused feedback (41.2%), the
participants rejected more content than form-focused feedback. It suggests that they are less pre-
pared to engage with content-focused than form-focused feedback. A comparison of rejected Al
feedback between form-focused and content-focused revealed a similar pattern, with “Mismatch
with learners’ expectations” and “Anticipated high workload to respond” being rated as the top

two reasons for rejection. As shown in Table 4, “Mismatch with external references” is mentioned
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Table 4. Descriptive data and proportion of the students’ rejection.

Factors of UTAUT Form—Rejection Content—Rejection
Mismatch with learners’ expectations 25 36.2% 37 37.8%
Anticipated high workload to respond 24 34.8% 33 33.7%
Impeding conditions 16 23.2% 7 7.1%
Mismatch with external references 4 5.8% 21 21.4%
Sum of rejection 69 98

less frequently to reject form-focused Al feedback, while “Impeding conditions” is reported less
frequently to reject content-focused feedback.

Ordinal logistic regression was conducted to determine which factors were statistically signifi-
cant in predicting learners’ rejection of Al feedback after controlling pre-experiment academic
writing proficiency. Regardless of the focus of the feedback, the chi-square test shows that the
assumption of parallelism tested was fulfilled, including Form-focused (x*=.000, p>.05) and
Content-focused (y*=.000, p>.05) feedback. As shown in Table 5, the model fitness (x> =
129.912, p<.05) showed a relationship between Form-focused feedback rejected by students
and the challenges from the interaction. An increase in the “Anticipated high workload to
respond” feedback results in a faster decline in the overall number of students rejecting feedback,
which is the only factor statistically significant (Wald Xz(l) =2.432, p<.05). In other words, stu-
dents are more likely to reject form-focused feedback (such as formatting and grammatical
errors) when they are cognitively overloaded by the overwhelming amount of feedback.

As for the Content-focused Al feedback, the model fitness (x> = 151.836, p<.05) showed a rela-
tionship between Content-focused feedback rejected by students and the challenges from the inter-
action. Notably, all the main factors in the model had statistical significance, as demonstrated in
Table 6. The feedback provided by Al had a greater impact on students’ rejection in terms of
“Mismatch with learners’ expectations” (Wald x*(1) = 13.677, p<.000), “Anticipated high work-
load to respond” (Wald x*(1) = 18.253, p<.000) and “Mismatch with external references” (Wald
x*(1)=14.541, p<.000), when compared to “Impeding conditions” (Wald y*(1)=6.877, p<
.000). In summary, it may be interpreted from four perspectives. Firstly, Al-generated content-
focused feedback may not align with participants’ expectations or be perceived as useful, creating
a disconnect between the AI’s output and the student’s learning objectives. Secondly, the level of
effort required to engage with Al feedback can be significantly higher than what students are able to
accommodate, leading to cognitive overload and disengagement. Thirdly, Al-generated feedback
may not correspond to or support the feedback provided by teachers and peers, causing confusion
and inconsistency in the learning process. Lastly, students may lack the necessary skills to compre-

hend and respond to Al-generated content-focused feedback, further exacerbating the issue.
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Table 5. Reasons for rejecting Al-generated form-focused feedback.

95% Cl
Effect Estimate SE LL uL p
Mismatch with learners’ expectations —33.339 21.387 —75.239 8562 119
Anticipated high workload to respond -33.332 13.623 —60.032 —6.632 014
Mismatch with external references —11.137 7.336 —25.516 3.241 129
Impeding conditions —22414 11.948 —45.832 1.003 .061
Model fit (—2 log-likelihood) .000
Table 6. Reasons for rejecting Al-generated content-focused feedback.
95% ClI

Effect Estimate SE LL uL p
Mismatch with learners’ expectations —32.096 8.679 —49.106 —15.086 .000
Anticipated high workload to respond —23.059 5.397 —33.638 —12.481 .000
Mismatch with external references —25.894 6.790 —39.203 —12.585 .000
Impeding conditions —7.433 2.834 —12.988 —1.878 .009
Model fit (—2 log-likelihood) .000

Discussion

One of the objectives of this study was to evaluate the primary challenges encountered by L2 lear-
ners when they receive feedback generated by ChatGPT. Following the UTAUT, we identified four
major obstacles that could arise during ChatGPT interaction: “Mismatch with learners’ expecta-
tions,” “Anticipated high workload to respond,” ‘“Mismatch with external references,” and
“Impeding conditions.”

To address the first research question, the current research found that students tend to reject Al feed-
back due to the low quality of feedback provided by Al and the significant amount of time and effort
required to learn and understand Al-generated feedback. A possible explanation for subpar Al feed-
back could be attributed to the inherent limitations of the technology. This aligns with the findings
from Winkler et al.’s (2020) research, which proposed that the chatbot’s inadequacy in providing
accurate and fitting feedback may stem from its restricted datasets. Another reason for students’ rejec-
tion appears to align with the study conducted by Ericsson et al. (2023), which indicated that students
who were required to spend significant amount of time to adapt to a new technology might experience

a loss of confidence over time, resulting in a reluctance to use the technology continuously. At the same
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time, according to statistical analysis, peer and teacher encouragement and support have a limited
impact. Interestingly, this finding differs somewhat from previous research, which suggested that lear-
ners’ high-level utilization of chatbots with the conditions aligned with assignment and learning tasks
(Hew et al., 2023). The observed discrepancy can potentially be attributed to the fact that students pri-
oritize self-evaluation on Al feedback over external evaluations such as teachers or other evaluators.

Another aim of this study was to examine the impact of various factors on students’ negative
behaviors with ChatGPT, with a specific focus on the feedback types related to form and
content. Concerning form-focused feedback rejected by students, it was found that only the
“Anticipated high workload to respond” feedback significantly affected the rejection of Al feed-
back. Upon conducting a text analysis, we identified two significant challenges students face
when receiving ChatGPT-generated feedback. The first challenge is the issue of overwhelming
information in their feedback, making it difficult for students to absorb and comprehend. The
second challenge is the tendency for feedback to be too general rather than highlighting specific
mistakes. These findings were also reported by Yang et al. (2023), who indicated that feedback
lacking examples and contextual information receives lower student utilization rates than error-
corrective and general feedback. Several factors could explain this observation. Firstly, students
prefer a passive learning approach, commonly practiced in traditional classrooms, as it appears
less time-consuming and effort-intensive than active learning. Another possible explanation is
that students may not possess adequate feedback literacy to understand and act upon external feed-
back. This is also supported by Carless and Boud (2018), who stated that seeking and applying
feedback effectively are two essential features of learners with high feedback literacy.

Regarding the content-focused feedback rejected by students, it is surprising that all four types of
feedback significantly affected the rejection of Al feedback. The ordinal regression result shows
that the challenge of “Mismatch with learners’ expectations” and “Mismatch with external refer-
ences” has the most significant predictive power in determining the rejection rate of students. In
contrast, “Impeding conditions” have a minimal effect. In other words, the rejection rate of
Al-generated feedback is primarily influenced by perceived usefulness and its degree of alignment
with teacher and peer feedback. Al-generated content-focused feedback that does not align with the
suggestions of teachers and peers and is perceived as less useful in improving the quality of assign-
ments is less likely to be accepted and responded to positively. These results support earlier research
that examined the link between an individual’s self-perception of usefulness and their likelihood to
use technology, highlighting that the perceived usefulness of technology is a significant predictor of
behavioral intention (Chen et al., 2020). However, the negative emotions and feelings students
experience while seeking feedback and learning with an Al chatbot are not the primary factors con-
tributing to their rejection of ChatGPT-generated feedback. This interesting result could be due to

students’ valuing the utility of the feedback over their emotional response to it.
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Limitations

Despite the valuable findings of this research, several limitations must be acknowledged. Firstly,
while our study provided an analysis of feedback, a more systematic and in-depth analysis could
have more significant pedagogical implications for both language teachers and learners. The
scope of our analysis was limited, which only targeted mistakes and errors at two levels:
form-focused and content-focused. A more comprehensive examination of feedback, considering
various aspects such as tone, clarity, specificity, and relevance, could provide more nuanced insights
into the efficacy of Al-generated feedback. Secondly, the sample size of our study was relatively
small, and the participants were predominantly from higher education. This specific demographic
might only be representative of some L2 learners, potentially limiting the generalizability of our
findings to other learner groups. Thirdly, although our study focuses on learners’ engagement strat-
egies, it is worth noting that data triangulation, incorporating multiple data sources (such as lear-
ners’ self-reported data), could enhance the reliability and validity of our findings. This approach
could allow future studies to generalize the findings on a larger scale and provide a more compre-
hensive understanding of L2 learners’ experiences with Al-generated feedback. In conclusion,

future research should address these limitations and further explore this complex issue.

Conclusion

Guided by the UTAUT model, our research aimed to investigate the challenges encountered by L2
learners when seeking corrective feedback on academic writing from ChatGPT. Initially, this study
identifies four significant challenges faced by L2 learners when receiving feedback generated by
ChatGPT, encompassing factors such as “Mismatch with learners’ expectations,” “Anticipated
high workload to respond,” “Mismatch with external references,” and “Impeding conditions.”
Subsequently, our investigation delves into the impact of the four barriers on students’ rejection
of form-focused and content-focused feedback. Concerning form-focused feedback, we find that
the main significant predictor of student rejection is the extraordinarily high level of effort required
to comprehend feedback. Conversely, the rejection rate of Al-generated content-focused feedback
is influenced by various factors, including the disparity between students’ expectations and the
actual feedback received, feedback necessitating substantial comprehension time, Al-generated
feedback conflicting with teacher suggestions, and individual limitations in cognitive and emotional
abilities. These findings offer valuable insights into the challenges L2 learners encounter in accept-
ing and utilizing Al-generated feedback.

In response to our study’s findings on the challenges L2 learners face when using ChatGPT for

feedback in academic writing, we propose specific pedagogical strategies. We recommend
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integrating Al feedback with reliable external learning resources to mitigate inconsistencies and
developing comprehensive support materials to assist students in comprehending formative correct-
ive Al comments. To address the significant effort required to process feedback, we suggest estab-
lishing courses on computational thinking and designing materials to enhance critical evaluation
skills (Ng et al., 2022). These strategies are intended to develop students’ ability to interpret and

utilize Al-generated feedback, thus enhancing their academic writing.
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