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Implementing the National New- Type 

Urbanization Plan: Regional Variations

Juan Chen, Pierre F. Landry, and Deborah Davis

Introduction

Across the globe, millions of  people leave their village homes to find work 
and live in towns and cities. Since 1980, the trend has accelerated, and in the 
Chinese case the acceleration has been particularly pronounced. In 1978, 
only 17.9  percent of the population  were classified as urban; by 2019, the num-
ber had soared to over 60   percent (National Bureau of Statistics of China 
2020). Two distinct and in de pen dent phenomena drive this transformation 
(Chen et al. 2015). The first is the sustained migration of more than two hun-
dred million rural residents (Chan 2013). The second is the lesser- studied 
pro cess of in situ urbanization, whereby villa gers become urban residents 
when their land is reclassified as urban (Friedmann 2005; Lin 2007; Liu et al. 
2010). In the second situation, villa gers do not move to the city; instead, the 
city comes to them.

China is not the only country to hasten industrialization and spur eco-
nomic growth by repurposing agricultural land or creating new administra-
tive bound aries, but the Chinese reliance on administrative reclassification 
of both settlements and  people has been unusually sustained and extensive. 
Between 1981 and 2018, urban land in China increased eightfold, bringing 
over two hundred million rural residents into new urban folds without them 
having to leave their homes (Ministry of Housing and Urban- Rural Devel-
opment of China 2019; Yeh, Xu, and Liu 2011). A comparison between the 
growth rate of urban land and the growth rate of the urban population 
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further documents the centrality of administrative reclassification for un-
derstanding the pro cess and consequences of rapid urbanization in China 
(see Figure 6.1).

Even in the second de cade of economic reform, the gap persisted; for 
example, between 1990 and 2014, urban space grew 5.5   percent per year, 
whereas the urban populations grew only 2.9  percent annually (Hu and Zhang 
2018, 457; Shen 2018, 31).1 Moreover,  until recently the Chinese government 
continued to promote increased urbanization via administrative reclassifi-
cation. In a proj ect undertaken by the National Development and Reform 
Commission, 145 of the 156 prefectural cities and 67 of the 161 county- level 
cities  were approved to have sites for new towns. And among  these prefec-
tural cities, the average planned area for development of 63.6 square kilo-
meters equaled or exceeded half the area of all current municipalities, 
which suggests that to populate  these new towns it may be necessary to re-
locate all nearby rural residents to the prefectural municipalities (Li and 
Fan 2013).

Scholars who have examined China’s rapid urbanization of the physical 
land ahead of its  actual settlement by urban residents have raised multiple 
concerns. First, they argue that  because reclassification of rural land is pri-
marily a tool for local governments to augment short- term revenues and 
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Figure 6.1. Growth in urban population and urban built-up areas, 1978–2018. Data 
source: China Urban Construction Statistical Yearbook 2018; China Statistical 
Yearbook 2019.
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local cadres’ promotions (Landry 2008; Landry, Lü, and Duan 2018; Wang 
et al. 2015), higher levels of urbanization did not optimize land use, popula-
tion densities did not rise, and urban sprawl and underagglomeration char-
acterized Chinese urbanization (Han et al. 2014).

Second, scholars argue that rapid urbanization has not improved quality 
of life, particularly among  those residents newly incorporated into urban 
districts (Ong 2014). For many years, scholars have criticized the Chinese 
 house hold registration system— first implemented in the 1950s to ensure eco-
nomic stability and social control by restricting outmigration from villages— 
for denying access to local education, employment, housing, health care, and 
social ser vices to rural- to- urban mi grants who lacked an urban hukou even 
as they became long- term city residents (Chan and Zhang 1999; Solinger 
1999; Wang 2005). In 2012, for instance, 52.6  percent of the Chinese popula-
tion considered the city their home, but only 35.3  percent held urban hukou. 
The 17   percent gap reflects the approximately 250 million new urban resi-
dents who  were unable to obtain an urban hukou despite their resettlement 
in a city and therefore did not qualify for urban welfare benefits (Chen, Da-
vis, and Landry 2017).

In response to  these issues— particularly to the inability of new urban 
residents to access urban education, health, housing, and welfare services— 
the central government rolled out the National New- Type Urbanization Plan 
in 2014. Specifically, the plan aimed to raise the proportion of the urban pop-
ulation to 60  percent by 2020, an increase that would have relocated or reclas-
sified one hundred million villa gers as permanent urban residents. The plan 
further stressed that  going forward, China’s urbanization would be  people 
oriented and designed to improve quality of life through infrastructure in-
vestment and hukou and housing reforms (Guan et al. 2018). Local govern-
ments  were also requested to expand access to social welfare and benefits 
(Wang et al. 2015).

Even in advance of 2020, 60  percent of the nation resided in towns and 
cities, and the total number of urban hukou holders had increased by one 
hundred million. However,  because only 45  percent of that 60  percent held 
urban hukou, with full access to urban welfare and benefits (National Bu-
reau of Statistics of China 2020), scholars are insisting not only that all  those 
living in towns and cities should have permanent urban hukou but that the 
restrictive and divisive hukou system should be  either dropped or, more 
realistically, downgraded to a means of tracking residency (Chen, Davis, 
and Landry 2017).
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Reforming the hukou system, however,  will not resolve all the inequali-
ties arising from the Chinese urbanization pro cess. In par tic u lar,  because 
China’s urbanization is unevenly spatially distributed,  there needs to be 
more attention paid to the degree and  drivers of regional disparities. To 
date, cities with higher administrative rank— such as Beijing and Shanghai— 
enjoy more favorable consideration and thus have expanded much faster, 
even  after controlling for other economic and demographic  drivers of urban 
expansion (Li et al. 2015).  There is also poor coordination between the levels 
of government, and as a result, the consequences of urbanization often vary 
and are unpredictable (Chen, Davis, and Landry 2017; Shih and Cartier 
2011). Moreover, given China’s regional and administrative heterogeneity, it 
is unlikely that one policy  will work across the entire nation (Wang et al. 
2015). In anticipation of this issue, the National Development and Reform 
Commission (NDRC) launched a series of pi lot programs to allow a small 
number of localities to experiment with how best to meet the broad goals of 
a more people- centered and equitable urban society (NDRC 2014).

Pi lot Programs

Decentralized experimentation (shidian [试点]) is a well- established policy 
pro cess that Chinese leaders have repeatedly  adopted to generate institu-
tional and policy innovations for vari ous economic and social reforms, par-
ticularly when confronting intensely disputed policy issues (Zhou 2013). For 
example, pi lots  were conducted before introducing health- care reforms in 
the 1990s and when revising the one- child policy in the 2000s. During the 
policy pro cess, the central government permits local governments chosen as 
shidian to design and implement new approaches to solve officially targeted 
prob lems. If successful,  these local experiences serve as a model for national 
policy formulation (Heilmann 2008).

With regard to the National New- Type Urbanization Plan, the central 
government asked the NDRC (2014) to choose the pi lot sites of diff er ent ad-
ministrative levels. In the first year, the agency selected sixty- two cities and 
towns and two provinces: Jiangsu and Anhui (see Figure  6.2). In line with 
historical practice, the program did not specify a mandatory policy agenda 
(Heilmann 2008; Zhou 2013); instead, the participating cities  were encour-
aged to initiate vari ous hukou, land, finance, and administrative reforms, 
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and be innovative in promoting people- oriented urbanization that suits 
local circumstances and conditions. Each pi lot locality submitted a working 
plan outlining overall goals, main tasks, and follow- ups that the local gov-
ernment would employ in order to achieve its plan. All selected localities 
 were expected to initiate their pi lot programs before the end of 2014 and 
make their initial results available for review by 2017. Ideally, the successful 
pi lot experiments would be replicated nationally between 2018 and 2020.

Following the first batch of selected pi lot areas, the NDRC selected a 
second batch of 73 cities and towns (NDRC 2015) and a third batch of 111 

First batch

Second batch

�ird batch

Figure 6.2. Pi lot areas in the National New Urbanization Comprehensive Pi lot 
Program.
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cities and towns (NDRC 2016) (see Figure 6.2). The localities in  these sec-
ond and third batches  were expected to initiate their pi lot programs be-
fore the end of 2015 and 2016 in order to achieve initial results in 2017 and 
2018 and become the basis of national initiatives— together with the first 
batch—by 2020.

As is usually the case with local Chinese experiments, the choice of pi lot 
locations was not random and did not follow randomized control trial (RCT) 
best practices. Instead, the pi lot sites  were likely chosen based on their capac-
ity to act as exemplary models (Yang 2013).  There is also a risk that participat-
ing local governments manipulated the pi lot program as an opportunity to 
extract more funding and additional land quotas for urban construction and 
prioritize raw urban growth over the improvement of  human welfare (Chen, 
Davis, and Landry 2017; Guan et al. 2018; Wang et al. 2015). Any assessment 
of the pi lot program must therefore consider characteristics of selected lo-
calities. In the following section, we use county- level demographic and so-
cioeconomic data to identify the types of localities most likely to have been 
selected as pi lots, patterns of variation in their policies, and  whether local 
experimentation influences in situ urbanization. We then further discuss the 
potential consequences of nonrandom se lection for rapid but uneven urban-
ization in China.

Who Joined the Pi lot Program? Batch Characteristics 
and Regional Variations

To discover  whether pi lot areas differed from non- pilot areas and  whether 
pi lot areas varied across the three batches, we coded all 2,869 de facto county- 
level administrative units in China into four categories. We identified 521 
county- level administrative units (from two provinces; two sub- provincial 
cities; seven provincial capitals; twenty- five prefecture- level cities; twenty- 
five county- level cities, counties, and urban districts; and two townships) 
affected by the first batch of localities chosen for the 2014 National New 
Urbanization Comprehensive Pi lot Program. Similarly, 153 county- level 
administrative units (associated with 73 cities and towns) joined the second 
batch, while 245 county- level units (associated with 111 cities and towns) 
joined the third one. The remaining 1,950 county- level administrative units 
 were coded into the category of non- pilot areas. With the exception of 
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population density, county- level variables are computed as shares of individ-
ual demographic and socioeconomic attributes. In addition to census data, 
we compiled the GDP of each county for the year 2010 based on data from 
online sources, statistical yearbooks, and government reports.

The descriptive statistics reported in  Table 6.1 show that the first batch 
of counties chosen for the pi lot program had a significantly larger share 
of cross- county mi grants, a higher population density, and higher GDPs 
than counties belonging to  either the third batch or the non- pilot areas. In 
the first batch, counties  were more concentrated in eastern China than 
 those in the second batch and the non- pilot areas, mainly  because Jiangsu 
and Anhui— the two provincial- level pilots— were included in the first batch 
of the program. The second batch of counties has more in common with the 
first (in terms of share of cross- county mi grants and level of economic de-
velopment) than with the third batch or the non- pilot areas, except that the 
second batch of counties was more concentrated in southwestern China.

We next estimated a multinomial logistic regression model to deter-
mine what characteristics of county- level administrative units  were associ-
ated with inclusion in the pi lot program and  whether  these characteristics 
differed by batch. The dependent variables  were coded as follows: 1 = in the 
first batch, 2 = in the second batch, 3 = in the third batch, and 0 = not in 
the pi lot program. County- level characteristics reported in  Table 6.1 are in-
cluded as in de pen dent variables in the multinomial logistic regression model. 
Robust standard errors are estimated that account for heteroskedasticity 
across clusters at the provincial level. The statistical results are presented 
in  Table 6.2.

Our estimates suggest that counties with a larger working- age popula-
tion and a higher GDP  were more likely to be selected into the first batch of 
the pi lot program. Higher GDP was also a significant predictor for se-
lection into the second batch. In terms of regional distribution, using north 
China as reference, counties in the east and south central regions had 
higher probabilities of being included in the first batch of the pi lot program. 
When demographic and economic  factors are controlled for, counties lo-
cated in the southwest and northwest  were more likely to be included in 
the second batch.

In contrast to the first and second batches, county GDP was not a signifi-
cant predictor for se lection into the third batch of the pi lot program. The 
clear regional division observed between the first and second batches also 



 Table 6.1. Descriptive statistics of county- level administrative units (N = 2,869)

County characteristics

First batch 
pi lot areas 
(n = 521)

Second batch 
pi lot areas 
(n = 153)

Third batch 
pi lot areas 
(n = 245)

Non- pilot 
areas 

(n = 1,950)

Ages 15–64 (%) 75.853 74.915 74.018 73.504
Age 65+ (%) 9.428 9.085 8.965 8.553
Gender (female, %) 49.089 48.654 48.781 48.571
Ethnicity (ethnic 

minority, %)
5.498 12.750 8.155 20.388

Marital status 
(married, %)

72.302 72.324 72.667 70.927

Education (years, 
mean)

9.172 8.820 8.917 8.558

Occupation  
(professional/
managerial, %)

6.596 5.624 5.262 5.174

Homeowners (%) 85.419 84.611 88.863 88.264
Urban population (%) 56.475 49.116 49.013 43.924
Urban hukou (%) 35.478 29.227 32.034 27.646
Cross- county 

mi grants (%)
9.043 9.078 4.329 4.372

Population density 
(per square 
kilo meter, mean)

2,043.026 1,336.779 516.766 1,135.712

Population density 
(natu ral logarithm, 
mean)

6.506 5.990 5.392 5.293

GDP (100 million 
yuan, mean)

261.390 227.009 147.097 121.026

GDP (natu ral 
logarithm, mean)

5.089 4.833 4.416 4.109

Regions (%)
North China 5.566 13.072 6.122 18.564
Northeast China 14.587 4.575 11.429 9.282
East China 51.631 13.072 34.286 13.795
South Central China 18.234 16.340 23.265 23.641
Southwest China 6.718 37.909 11.429 20.000
Northwest China 3.263 15.033 13.469 14.718
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diminishes, with counties in the east, southwest, northwest, and south cen-
tral regions all more likely to have been included in the pi lot program than 
 those in the north and northeast.  These differences indicate that while county 
GDP was a strong predictor of inclusion in the first batch, over the next two 
batches, the Chinese central government tried to reduce regional disparities 
and granted opportunities to more remote areas in the western provinces 
regardless of their level of economic development.

Localities Selected for the Pi lot Program:  
Striving for Growth

As all the locales in the three batches of the pi lot program  were expected to 
achieve initial results in  either 2017 or 2018 and become the basis of national 
initiatives by 2020, we next considered the three batches together to further 
explore the association between level of economic development and se-
lection into the pi lot program, while teasing out  whether  there  were any re-
gional differences in the association. We estimated logistic regression 
models for se lection in the pi lot program without differentiating the three 
batches as the dependent variable.  Table 6.3 reports the coefficients and the 
robust standard errors that account for heteroskedasticity across clusters at 
the provincial level. Model 1 and Model 2 are estimated with all counties in-
cluded (N = 2,869). In Model 1, the in de pen dent variables are the county- level 
characteristics as described in  Table 6.1. In Model 2, we added an interaction 
term between county GDP and region. To better illustrate the relationship of 
the pi lot program to county economic development and regional variation, 
we graphed the interaction results shown in Figure 6.3.

As shown in Figure 6.3, of the counties with lower GDPs,  those located 
in northeast China have a slightly higher chance of being selected into the 
pi lot program, while counties in east China have a much higher chance of 
being in the pi lot program than units located in the other four regions. 
However, for counties with higher GDPs, the regional differences become 
less pronounced. Counties with higher GDPs are significantly more likely 
to be included in the pi lot program except in the northeast and east. The 
graph clearly demonstrates the regional differences and the preferences of 
the central government when selecting pi lot sites. It is also clear that 
county- level economic development is an indication of the potential for 
further urbanization.
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We collected and analyzed data at the county level. Still, it is impor tant 
to note that most county- level units  were included in the pi lot program as 
one part of a larger prefecture or province. To further explore the rela-
tionship between the pi lot program and county- level economic develop-
ment and potential regional differences, we replicated the first two logistic 
regression models in  Table 6.3 and excluded  those counties belonging to the 
pi lot prefectures or provinces (N = 2,114). The regression results are reported 
as Model 3 and Model 4 in  Table 6.3. The interactive effects are further il-
lustrated in Figure 6.4.

When counties in the pi lot prefectures or provinces are excluded from 
the analy sis, the regional differences are no longer significant. County GDP is 
the most prominent determinant of membership in the pi lot program. Coun-
ties in diff er ent regions of China more or less follow the same pattern:  those 
with low GDPs are unlikely to be included in the pi lot program, whereas 
 those with high GDPs are likely to be included. The results indicate that 
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Figure 6.3. Pi lot program se lection by county GDP and region (N = 2,869).
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when selecting prefecture and provincial- level pi lots, the central govern-
ment may exhibit certain regional preferences, but for county- level pi lots, 
the par tic u lar county’s economic development appears to be the decisive 
 factor both in the local government’s initiative to apply for the pi lot scheme 
and in the central government’s pro cess of se lection.

Discussion

In this chapter, we focused on the National New Urbanization Comprehen-
sive Pi lot Program, which extended from 2014 through 2020. We made novel 
use of county- level population and GDP data for assessing site se lection and 
potential impact of the pi lot program. Based on analy sis of county- level pop-
ulation and GDP data retrieved from vari ous sources, we identified regional 
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Figure 6.4. Pi lot program se lection by county GDP and region, excluding counties 
in pi lot prefectures and provinces (N = 2,114).
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differences and revealed the preferences of the central government for se-
lecting high GDP county units for vari ous stages of the pi lot program. The 
results confirm a policy bias in  favor of localities already at a development ad-
vantage with higher GDPs. Although  these preferences have not been explic-
itly articulated by the designers of the plan, data reveal that policy supporters 
favored participation of more developed localities in the pi lot program in 
order to maximize the odds that the experiment would succeed. As a result, 
the additional funding and greater land quotas associated with inclusion in 
the pi lot program  will further deepen spatial and social disparities in the 
already highly uneven urbanization pro cess in China (Chen et al. 2014; Zhu, 
Breitung, and Li 2012).

Determining  whether  these spatial and social divisions  will cause new 
challenges in local governance is an impor tant area of research.  There has 
been a concern that the pro cess of urbanization already contributes to greater 
spatial and social differentiation (Zhu, Breitung, and Li 2012). With addi-
tional resources provided through the pi lot program, urbanization in the al-
ready more developed localities is likely to be expedited, while in less 
developed areas, particularly  those with large mi grant populations, local 
governments  will face greater challenges in both building and renewing their 
urban centers as well as in expanding welfare benefits to more residents. The 
spatial and social disparities among Chinese citizens  will widen further.

The Chinese government has treated sustainable urbanization as an en-
gine of modernization and economic growth (Guan et al. 2018), and the cen-
tral state continues to support highly interventionist local initiatives (Li, 
Chen, and Hu 2016). Yet based on our analy sis of se lection into the pi lot pro-
gram, we are concerned that opportunistic local governments may take ad-
vantage of the National New Urbanization Comprehensive Pi lot Program’s 
opportunities to extract additional funding and land quotas for urban con-
struction, rather than focusing on improving the quality of life of their citi-
zens.  Unless the priorities of local governments shift from attracting 
investments and using land sales to boost government coffers, inclusion in 
the pi lot program  will do  little to improve the quality of life for new urban 
residents or stem urban sprawl.

To address  these concerns, further research is urgently needed to deter-
mine the historical, economic, social, and po liti cal considerations that mo-
tivate local governments participating in the pi lot program to reform their 
urban development strategies to serve the needs of their citizens. Par tic u lar 
attention should be paid to the effects of this pro cess on formerly rural 
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residents— the changes in their living environments and lifestyle, the extent 
to which they are entitled to urban welfare and benefits, and their success in 
fully integrating into urban life. While China’s urbanization has made im-
pressive pro gress, traditional place- centered urbanization is now threaten-
ing the likelihood of  future improvement. A more human- centered approach 
should be  adopted in order to realize the promises outlined in the National 
New- Type Urbanization Plan for more people- oriented urbanization.
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Note

1. Xu et al. (2016) estimate even higher per annum land expansion of 8.1% for 1992–2015.
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