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Not all words are beneficial: The impact of management response content on customer

engagement behavior

Abstract

Online reviews play an important role in pushing hotels to enhance customer engagement
through appropriate management responses. However, the impact of management response on
customer engagement remains unclear. With data from hotel reviews and management
responses, this study demonstrates that customer engagement is significantly reduced when
causal explanations and certain words are included in management responses, as indicated by
the number of future reviews. We also observe that negative influence of causal explanations
can be alleviated when management responses contain uncertain words. Furthermore,
management responses which include positive-emotional words attenuate the negative impact
of causal explanations. However, no significant effect is found when negative-emotional words
are used in management responses. These findings can help managers develop effective

response strategies to influence customer engagement behavior.

Keywords
Management response content; Customer engagement; Causal explanations; Certain words;

Uncertain words; Emotional words
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Highlights

Management response content plays an important role in motivating future customer
engagement.
Causal and certain words in management responses reduce future customer engagement.

Positive words in management responses enhance future customer engagement.

Uncertain and positive words in management responses alleviate the negative influence

of causal words on future customer engagement.
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1. Introduction

The importance of online reviews has increased tremendously over the past few years,
particularly for products that customers cannot evaluate before consuming. These include
hospitality-related products, such as hotels and restaurants (Ahani et al., 2019). Although online
reviews significantly affect a hospitality firm’s performance (De Pelsmacker et al., 2018), it is
seen that customer engagement in writing reviews remains limited. This is because online
reviews are similar to public goods; customers can make use of available reviews without
having to contribute. Many hospitality firms now proactively seek ways to motivate more

customers to write online reviews.

Customer engagement is likely to be increased when a hotel provides management responses.
Thus, practitioners have started focusing on this. For example, some travel platforms, such as
Tripadvisor.com, allow hotels to provide management responses to customer reviews. The
impact of management responses on customer attitudes and the firm’s performance has been
identified in prior studies (Falk and Fischbacher, 2006; Chevalier et al., 2018). On the one hand,
responses to negative reviews can turn an unsatisfied customer into a loyal one by addressing
failures with descriptive solutions and assuring that the negative experience will not occur in
the future (Pantelidis, 2010; Xie et al., 2014; Chevalier et al., 2018). On the other hand,
responses to positive reviews can reinforce customer satisfaction by expressing appreciation
and showing that managers are listening (Falk and Fischbacher, 2006; Xie et al., 2014).
Recently, scholars have started paying attention to the influence of management responses on
customer engagement (Wei et al., 2013). Li et al. (2017) reported that frequent and timely
responses can encourage more reviews and greater review valence. However, there is a need to

explore how the contents of a management response impact customer engagement.

Managers generally use responses to explain possible reasons for customer experience and/or
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share their understanding and opinions on the experience or the review itself. To ensure
effective communication, managers may need to carefully craft the response content. Thus, the
research question in this study is: how the content of management response influences the
online engagement of future customers to the business? Word causality suggests a detailed
explanation and may influence customers’ need for inquiry termination (Webster and
Kruglanski, 1994). Word certainty may indicate a level of ambiguity and activate or deactivate
customers’ need for future communications, while word affectivity may broaden customer
attention to generate a new or additional need for future communications. Therefore, the prime
focus of this study is to understand the direct effect of word causality and the moderating effects

of word certainty and word affectivity in the management response.

This study makes important contributions to the current literature by constructing panel data
from two sources (Tripadvisor and the Texas Comptroller of Public Accounts) and analyzing
the data using Linguistic Inquiry and Word Count (LIWC), a computerized text analysis tool.
By treating management responses as a communication channel, we examine how response
content affects customer engagement. Although previous studies have investigated the impact
of management responses on customer attitude and firm performance (Gu and Ye, 2014; Xie et
al., 2017), only a few have focused on the influence of management responses on customer
engagement (Li et al., 2018; Chen et al., 2019). None of these studies considers the effect of

the word types included in management responses on customer engagement.

First, by investigating the effect of the contents of different responses on future reviews, this
study shows that using causal explanations in management responses reduces the number of
future reviews. This confirms the arguments in prior studies, which state that detailed
explanations satisfy customers’ need for chasing an end, thus reducing future engagement

(Webster and Kruglanski, 1994). Second, the study finds that certain words have a negative
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impact, while uncertain words have a positive moderating effect on future reviews. This
supports the idea that the inclusion of certain words in management responses provides more
information to customers (Disatnik and Steinhart, 2015) and satisfies their need for cognitive
closure. This makes it unnecessary for future customers with similar needs to post reviews.
Third, the inclusion of positive-emotional words in management responses can increase the
number of future reviews and attenuate the negative impact of causal explanations. Thus,
positive-emotional words may have a positive effect and broaden customer attention
(Fredrickson, 2001), thereby generating a need for cognitive closure and motivating customer
engagement behavior. These findings complement prior studies by suggesting that not all
response contents have the same impact on customer engagement and that managers should

consider this while developing a management response strategy.

2. Theoretical background and hypotheses development

2.1. Customer engagement

Customer engagement is among the top priorities for firms as it can improve customer
satisfaction and increase profits of firms (Ahn and Back, 2018; Zhang et al., 2017; Kim et al.,
2013; Brodie et al., 2015). For instance, in a virtual brand community, placing value on
engagement can increase customer satisfaction, emotional bonding, and loyalty towards a
brand (Brodie et al., 2015). However, neglecting customer engagement can result in customer
perceiving the brand as having low value and highlight the existing market disadvantages

(Kumar et al., 2010).

Customer engagement is perceived as a multidimensional concept with different definitions
(Rosado-Pinto & Loureiro, 2020). For example, social media literature mainly focuses on two
main streams of customer engagement conceptualization, namely, behavioral responses and

combinatorial responses (Yoshida et al., 2018; Zhang et al., 2017; Dolan et al., 2016; Lim et
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al., 2015). The most commonly used concept of customer engagement is based on a behavioral
model in which customer engagement refers to customers’ behavioral manifestation towards a
brand or firm beyond purchase behavior such as transactions (Van Doorn et al., 2010). Another
conceptualization of customer engagement is based on a combination of cognitive, affective,
and behavioral responses. In other words, customer engagement with a brand includes both the
cognitive and affective commitments in an active relationship with the brand (Mollen and

Wilson, 2010).

In prior studies, scholars have identified various factors facilitating (online) customer
engagement from different perspectives, including customer attitude (Itani et al., 2019), firm
strategy (Pina et al., 2019), website design (Bilro et al., 2018) and customer motivations
(Prentice and Loureiro, 2018; Bilro et al., 2019). For example, customers’ attitudes toward a
brand such as brand love can directly shape customer engagement (Prentice et al., 2019; Itani
et al., 2019). In this study, we aim to understand how different kinds of words used in
management responses influence customer engagement. From the two conceptualizations of
customer engagement, we choose to consider behavior-based responses in this study. It is
difficult to focus on the effect of different response words if we treat engagement as a
multidimensional response with numeric indicators. There is an extensive body of literature
that focuses on behavior-based customer engagement (Yoshida et al., 2018; Dolan et al., 2016).
It includes but is not limited to referrals and recommendations, web posts and blog posts,
participation in brand communities, and word-of-mouth activities (Van Doorn et al., 2010).
Writing online reviews is a manifestation of word-of-mouth activities. It is motivated by several
factors, such as concern for other customers, intentions of self-enhancement, and willingness

to help the company (Hennig-Thurau et al., 2004; Yang, 2017).

2.2. Management responses
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Management responses change unidirectional firm-customer communication into an
interactive process (Cowen and Montgomery, 2020; Gu and Ye, 2014). Several studies have
demonstrated that management responses have a positive impact on customer attitudes (Sparks
et al., 2016) and hotel performance (Xie et al., 2017). A management response can be defined
as an answer posted on behalf of a hospitality operator to address a specific review contributed
by a customer (Lui et al., 2018), and can be used to engage customers. For example, using
responses to address customer complaints in reviews motivates future reviews with high
valence (Wang and Chaudhry, 2018). A recent empirical study using data from Trip.com and
eLong.com focused on two types of management responses — detailed responses with specific
explanations and general responses expressing only appreciation or apologies — and found

that detailed responses can engage customers better to generate reviews (Chen et al., 2019).

2.3 Causal explanations in management responses and customer engagement

The need for closure is a concept related to an individual’s motivation of information
processing and can be defined as the individual desire for forming an opinion or arriving at an
answer for a given topic (Webster and Kruglanski, 1994; Kruglanski et al., 1991). It has been
explored in several contexts, including the financial markets and political voting (Topa et al.,
2018; Okdie et al., 2016). For instance, a high need for closure is associated with a higher level
of financial management behavior (Topa et al., 2018) and attribute-based information searches

in the field of consumer choice (Choi et al., 2008).

In the context of e-commerce, management responses are used to address customer reviews.
By using causal explanations in responses, hotels may provide sufficient and convincing
answers to customer questions. In other words, hotels can solve problems and fulfill customers’
needs to achieve cognitive closure by responding to specific reviews (Chen et al., 2019). In

these situations, customers may not be motivated to ask further questions. Thus, the cause of
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the suboptimal service experience becomes clear when causal explanations are used in
responses, and thus customers have no need to engage in future reviews. Therefore, we

hypothesize the following:

H1: Management responses with causal explanations result in low customer engagement.

2.4. The effect of certain/uncertain words in management responses

Certainty is viewed as a type of subjective information available in words (Rubin et al., 2006).
Its dictionary definition is “the quality or state of mind of being free from doubt, especially on
the basis of evidence” (Merriam-Webster Online Dictionary, 2004). Uncertainty is a
corresponding type of subjective information and refers to the difficulty of evaluating others’
perceptions or deciding one’s own state (Kim and Krishnan, 2015). Several studies have
focused on the effect of certainty and uncertainty on customer sentiment and behavior. For
example, detecting seller uncertainty can reduce customer purchasing intentions (Bai et al.,
2015). However, the impact of including expressions of certainty or uncertainty in management

responses on customer perception is still unclear.

As discussed above, individuals have a need to arrive at an opinion or an answer to a given
topic. If an opinion or an answer contains ambiguity (i.e., a state of uncertainty), it may trigger
some affective discomfort and suggest an absence of finish for individuals (Webster and
Kruglanski, 1994). Individuals are then more likely to take action to reduce the ambiguity and
fulfil their need for closure (Disatnik and Steinhart, 2015). In our context, given that uncertain
words are used in management responses, customers may sense the ambiguity and engage in
future reviews to resolve the uncertainty. Furthermore, even though responses with causal
explanations can help customers arrive at inquiry termination, the existence of uncertain words
may disorganize it and trigger customers’ uncertainty perception. This perception may

encourage customers to raise more questions (i.e., writing more reviews). With certain claims
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in management responses, customers feel that the responder’s mind has been made up, and
there is no need to seek more answers or clarifications, thus restraining their future review
posting behavior. If management responses contain both causal explanations and certain claims,
customers may feel more certain and less ambiguous, and their need for inquiry termination is
better fulfilled, thus leading to lower possibility for their future engagement in online review

activities. Therefore, we hypothesize as follows:

H2a: Certain words in management responses negatively affect customer engagement.

H2b: Uncertain words in management responses positively affect customer engagement.

H2c: Certain words in management responses aggravate the negative impact of causal
explanations on customer engagement.

H2d: Uncertain words in management responses alleviate the negative impact of causal

explanations on customer engagement.

2.5. The effect of affective words in management responses

Positive and negative affect are two fundamental dimensions of affective states (Watson et al.,
1988). Positive affect represents the extent of enthusiastic, active, and alert feelings, while
negative affect represents a general dimension of subjective distress containing a variety of
states such as anger and anxiety. Prior studies have found that positive affect increases product
or brand evaluation compared to negative affect (Bakamitsos, 2006). Additionally, it facilitates
strong customer loyalty (Chebat and Slusarczyk, 2005). Language plays a constitutive role in
affect perception (Lindquist and Gendron, 2013). In other words, a negative-emotional word
may have a general influence on negative affect, with a similar situation for a positive-
emotional word (Lindquist et al., 2006). Thus, affective words (positive- and negative-
emotional words) in a management response may impact customers’ affective states,

perceptions of the management response, and future behavior.
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The influence of positive affect on individuals’ engagement toward future communications can
be discussed from two perspectives. On the one hand, based on the broaden-and-build theory,
positive affect leads to a broader scope of attention and thought-action repertoires (Fredrickson,
2001; Vermeulen, 2010). This broadened scope of attention and behavioral repertoires prompts
individuals to engage with their environment and display greater interest in more aspects of an
activity. To elaborate, customers who notice positive-emotional words in a management
response tend to form a positive affect and become interested in the communication activity
produced by the response. On the other hand, positive affect can motivate customer satisfaction
with increased interactions, which in turn boost customers’ interest toward the communication
channel formed by management responses (Emmers-Sommer, 2004; Babin et al., 2005) and
customers’ demand for hotel information conveyed by management responses (Van Kleef et
al., 2004). Consequently, customers pay more attention to the most recent responses and seek

further communications in the future.

Furthermore, in the presence of positive-emotional words, customers’ fulfilled need for
cognitive closure is stimulated again with a response that contains causal explanations. This
results in future engagement. In general, the positive affect formed by these words can broaden
customers’ attention scope and increase their interests in different aspects as well as their needs
for future communication. However, when negative-emotional words co-occur with causal
explanations in management responses, the negative affect induced may reduce customers’
attention and interest range, further promoting the arrival of inquiry termination and restraining

subsequent customer engagement. Therefore, we propose the following:

H3a: Positive-emotional words in management responses increase customer engagement.

H3b: Negative-emotional words in management responses reduce customer engagement.
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H3c: Positive-emotional words in management responses alleviate the negative impact of
causal explanations on customer engagement.
H3d: Negative-emotional words in management responses aggravate the negative impact of

causal explanations on customer engagement.

The hypotheses concerning the effect of management response content on customer

engagement are summarized in Figure 1.

Insert Figure 1 here

3. Methodology
3.1. Data collection

To study the effect of management response content on customer engagement, as behavior-
based engagement is commonly measured using the number of reviews (e.g., Wei et al., 2013;
Lietal., 2017), we combined information collected from two sources. One is Tripadvisor.com,
a leading hotel review website with more than 490 million monthly visitors and over 702
million reviews (Tripadvisor, 2018). The data for 1,158 hotels in the state of Texas, United
States of America (USA) is collected with numerical and textual content of online reviews and
textual content of hotel responses, and the data ranges from May 2002 to June 2015. We also
gathered revenue data from the Texas Comptroller of Public Accounts, an institution which
collects hotel property performance data, aggregates them, and reports the summary and
benchmarking data back to hotel properties. This source only contains revenue data for 732
hotels, so we correspondingly retained the data of these 732 hotels on Tripadvisor, including
198,128 reviews and 99,268 management responses from May 2002 to June 2015. These two
datasets were then merged to create an unbalanced panel dataset at the “Hotel x Month” level.
Our final sample for further analysis includes 37,403 observations for 732 hotels. Table 1 shows

the characteristics of hotel features included in our sample, including hotel star, hotel price, and
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hotel room number.

Insert Table 1 here

3.2. Variable Measurement
Dependent Variable. RevNumi; refers to the number of online customer reviews for hotel i in

month t. Prior studies have employed this to measure customer engagement (Chen et al., 2019).

Explanatory Variables. RespCausit.1 is measured by (#Causation-related words/#words in

responses)*100 for hotel i in month t-1.

RespCertit.1 is measured by (#Certainty-related words/#words in responses)*100 for hotel i in
month t-1. RespUncerti.s is measured by (#Uncertainty-related words/#words in

responses)*100 for hotel i in month t-1.

RespPosit.1 is measured by (#Positive-emotion related words/#words in responses)*100 for
hotel i in month t-1, while RespNegi.1 is measured by (#Negative-emotion related

words/#words in responses)*100 for hotel i in month t-1.

To calculate these explanatory variables, we used a text mining software, LIWC. This program
is designed to analyze individual or multiple language files quickly and efficiently by matching
them to a pre-defined dictionary (Pennebaker et al., 2015). The LIWC program has been
increasingly used in several areas such as information systems, and tourism and hospitality
studies (e.g., Hong et al., 2016; Li et al., 2019). As customers refer to previous information to
make current decisions, this study employs the lagged values of management response
characteristics to examine their influences on customer engagement. The recency effect
contends that there is an order of presentation effect. Thus, more recent information is better

remembered and receives a greater weight while forming a judgment, compared to information
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presented earlier (Jones and Goethals, 1972). Therefore, the information presented on the most
recent page may have the strongest influence. On Tripadvisor, one review page presents five
reviews; in our data, the average number of reviews across hotels in one month is around five.
Therefore, it is reasonable to employ one month as the time lag to examine the effect of prior
management responses on current customer engagement. Additionally, the adoption of a one-
month time lag has been used in several studies focusing on the effect of management responses
(Li et al., 2017; Xie et al., 2014). Table 2 shows examples of causation related, certainty
(uncertainty) related, and positive-emotion (negative-emotion) related words that are used in

management responses.

Insert Table 2 here

We also listed management response examples that contain different types of words in

relatively high proportions. The examples are presented in Table 3.

Insert Table 3 here

Control Variables. To examine the impact of response contents, we controlled for other
factors at three levels: the outcome level, review level, and response level. First, we treat hotel
revenue as the control variable for the outcome level since prior literature has reported a
positive relationship between revenue and the number of future online reviews (e.g., Chen et
al., 2003). We use TotalRevj; to represent the revenue for hotel i in month t. One month is
relatively enough time for customers to provide evaluations after purchase, so we choose the
hotel revenue in the current month as the control variable. In addition, we used the revenue for
hotel i in month t-1 (TotalRevit.1) to replace the revenue for hotel i in month t (TotalRevit) as
the control variable, and the results are shown in the last column of the following tables. This

allows us to include situations where customers posted comments relatively late (i.e., customers
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wrote reviews more than one month after their check-in date). Second, the review level control
variables include the average and standard deviation of ratings, both of which can affect
product demand and future customer opinions (Sun, 2012). The average rating, RatingAvgit.1,
IS measured by the average of review ratings for hotel i in month t-1. The rating’s standard
deviation, RatingSDit.1, is measured by the standard deviation of ratings in reviews for hotel i
in month t-1. Third, the response level control variables, such as response speed and response
length, can also influence customer engagement, as indicated by the number of reviews (Li et
al., 2017). Thus, this study includes response length and speed as control variables.
RespLengthit.1, the average response length, is measured by #words for responses divided by
#responses for hotel i in month t-1. RespSpeedit.1, response speed, is measured by the average
interval between response time and review time for hotel i in month t-1, as shown in Equation

(1) below:

RespSpeedit_l _ Y (response date—review date) (1)

#responses

Table 4 displays the definitions of the main variables, while Table 5 presents a descriptive
analysis of the variables. Before the analysis, log transformations were used for several
variables such as RevNumit, TotalRevii, RespLengthit.1, and RespSpeedit.1 to address the
normality problem.

Insert Table 4 here

Insert Table 5 here

4. Data analysis and results
4.1 The effect of causal explanations in hotel responses
We applied panel data analysis with hotel fixed effects to estimate the influence of the

explanatory variables. Panel data has commonly been employed in prior studies (e.g., Li et al.,
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2017; Chen et al., 2019) since it can control for hotel-invariant variables and produce a reliable

estimation. To test the first hypothesis, we propose the model in Equation (2) as follows:

ReVNumit = BlO + BllReSpCausi(t_l) + BlzTOtalReVit + BBCOHtI‘OlSi(t_l) + V; + Eit (2)

where i represents the hotel (i = 1, ..., 1), t represents the month (¢t = 1, ..., T); v; represents a
vector of hotel fixed effects; ¢;; indicates the standard error with a normal distribution. The
primary interest of our study is ;1 to investigate the direct effect of causal explanations on the

number of future reviews.

We report the results of this model in Table 6. Model 1.1 includes only the independent
variables of interest, and Model 1.2 includes both the control and independent variables. The
estimation results show that including causal explanations in management responses has a

significantly negative influence on the number of future reviews (coefficient = -0.0228, p <

0.01), suggesting that management responses with causal explanations tend to reduce the

number of a hotel’s future reviews. Therefore, Hypothesis 1 is supported.

Among the control variables, the negative impact of response length is noteworthy. Scholars
who have studied the impact of response length have found a non-significant effect on customer
engagement (Li et al., 2017). It is possible that longer responses cause information overload
and lower customers’ intention to read the response (Liang et al., 2006), leading to a decrease

in future customer engagement (i.e., a lower number of reviews).

Insert Table 6 here

4.2 The effect of certain words in hotel responses
In terms of the impact of certain/uncertain words in responses on customer engagement, we

propose a second model. We focus on using B,2, B23, B24, and B,5 to examine the direct and
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moderating effects of certain and uncertain words on the number of reviews. The model is

presented in Equation (3) as follows:

RevNum;; = B,¢ + B2;1RespCaus;_1) + BozRespCert;;_1) + B3RespUncert;_q) +
B.4RespCaus;_q) * RespCert;_1) + B2sRespCaus;_q) *

RespUncert;_1) + B¢ TotalRev;, + B,;Controls;;_1) + v; + &; (€))

The results are shown in Table 7. In Model 2.1, certain words have a significantly negative
effect (coefficient =-0.0144, p < 0.01), while the influence of uncertain words is not significant
(coefficient = 0.0020, p > 0.1). In other words, including certain words in hotel responses tends
to reduce the number of online reviews, but the usage of uncertain words has no significant
effect on the number of future reviews. Thus, Hypothesis 2a is supported, and Hypothesis 2b
is rejected. The results of Models 2.2 - 2.4 demonstrate that uncertain words have a significant
moderating effect, while the moderating influence of certain words is insignificant. These
results indicate that the inclusion of uncertain words is likely to curb the reduction in the
number of reviews caused by including causal words in response. However, the inclusion of
certain words with causal words in response has no significant impact on the number of reviews.
Therefore, Hypothesis 2c is not supported, and Hypothesis 2d is supported. Figure 2 further

illustrates the moderating effect of uncertain words on customer engagement.

Insert Table 7 here

Insert Figure 2 here

4.3 The effect of affective words in hotel responses
To investigate the role of affective words (positive-emotional and negative-emotional words)
on customer engagement, we propose the model shown below in Equation (4). As with the

previous model, we focus on B33, B33, B34, and Bss.
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RevNum;; = B3¢ + B3;RespCaus;_1) + Bs2RespPos;_1) + B33RespNeg;—1) +
Bs4RespCaus;_q) * RespPos;_1) + B3sRespCaus;_1) * RespNeg;—1) +

BssTotalRev;, + B3;Controls;_q) + v; + & 4

Table 8 shows the regression results for Equation (4). The results of Model 3.1 indicate that
positive-emotional words have a significant effect (coefficient = 0.0130, p < 0.01), while the
effect of negative-emotional words is insignificant (coefficient = 0.0123, p > 0.1), suggesting
that using positive-emotional words in hotel responses can enhance the number of future
reviews. Thus, Hypothesis 3a is supported, and Hypothesis 3b is rejected. In addition to this,
the estimation results of Models 3.2 and 3.4 demonstrate that positive-emotional words in
management responses have a significantly negative moderating role. However, Models 3.3
and 3.4 show that the moderating impact of negative-emotional words is insignificant. In other
words, including positive-emotional words tends to increase the number of hotel reviews,
which decreased because of causal words, while there is no significant interaction effect on the
number of future reviews of combining negative-emotional words and causal explanations in
management responses. Therefore, Hypothesis 3c is supported. Figure 3 further demonstrates
how positive-emotional words moderate the effect of causal explanations on customer

engagement.

Insert Table 8 here

Insert Figure 3 here

4.4 The influence of hotel category
To examine the conditions under which response contents have different effects, we separate
data by hotel category (i.e., hotel class) and then conduct regression on the data across premium

hotels as well as low-end hotels, respectively. The results are presented in Tables 9 and 10,
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showing that the effect of response content on customer engagements remains constant for
premium hotels (3-star and above). Unlike their counterparts in premium hotels, managers in
low-end hotels usually leave simple and uniformed responses due to limited resources for
online response management. For customers, simple and uniformed responses seem random
and suggest hotels pay less attention to customer opinions (Zhang et al., 2020). This type of
response is not efficient enough to trigger customers’ further engagement, thus posing less
influence on future online interaction between customers and hotels. In addition, as customers
of low-end hotels pay less for the stay and have a low expectation, they focus less on the quality

of management response as diagnostic cues.

Insert Table 9 here

Insert Table 10 here

5. Discussion and Implications

5.1 Discussion

Online review platforms have become an important source of information for customer
purchase decisions. Thus businesses proactively engage in strategies to communicate with
customers through online reviews. Management responses are an effective strategy. Gathering
review and response data from Tripadvsior.com and hotel revenue data from the Texas
Comptroller of Public Accounts, this study focuses on the effect of management response
content on customer engagement. In particular, this study empirically examined the direct
influence of causal explanations and the direct and moderating effects of certain and uncertain

words and positive- and negative-emotional words.

The primary conclusions are as follows. First, management responses with causal explanations

tend to reduce potential customer engagement (i.e., there are fewer future reviews). Causal



506

507

508

509

510
511

512

513

514

515

516

517

518

519

520

521

522

523

524

525
526

527

528

529

530

531

explanations involve detailed answers to customer questions and provide sufficient information
about what happened. Responses with such explanations can fulfil customers’ need for
cognitive closure and reduce their intention to seek further information, thus lowering

subsequent customer engagement.

Second, the existence of certain words in hotel responses can reduce customer engagement.
That is, employing responses that include certain words reduces a hotel’s number of future
reviews. However, the results show that using uncertain words in management responses does
not increase the number of reviews as expected. While individuals’ understanding of certainty
may be similar, their feelings about uncertainty may be very different. Thus, the direct effect
of certain words is confirmed and that of uncertain words is diminished. Our results also show
that including uncertain words in management responses can stop the reduction in the number
of reviews due to causal explanations, but certain words have no significant moderating role.
When certain words are included in management responses, customers’ ambiguity perception
does not change because the management responses with causal explanations already leave
little room for customers to guess. In other words, when hotels provide management responses
with causal explanations, including certain words in responses may not be helpful to influence
customers’ tendency for future communications. Thus, certain words do not aggravate the

negative effect of causal explanations on customer engagement.

Third, including positive-emotional words in management responses can increase customer
engagement and attenuate the negative impact of causal explanations. In other words, when
responses contain positive-emotional words, the number of future reviews may increase, and
the diminished number of future reviews caused by causal explanations can be restored to some
extent. However, the results of both the direct and moderating effects of negative-emotional

words are non-significant. Although negative-emotional words may activate negative affect
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and decrease the range of customer attention, the situation may be different in the context of
management responses because hotels may use negative-emotional words to express their
remorse or regret and then give some plans for further improvements, which may reduce
customers’ certainty perception and the formation of inquiry termination caused by causal
explanations. As a result, the effect of negative-emotional words is attenuated and becomes

non-significant.

5.2 Theoretical implications

The present study makes several contributions to consumer engagement and management
response literature. Although previous studies focused on the importance and determinants of
customer engagement (Winterich et al., 2009; Kim et al., 2013), it is still unclear how
management responses impact customer engagement (Li et al., 2017). This study is among the
first attempts to empirically investigate the prominent role of management responses in
customer engagement. Unlike Li et al.’s (2017) study, which focused on the impact of numeric
indicators such as the frequency and speed of responses, this study examines how management
response content influences customer engagement. In existing studies that investigated the
response content (Li etal., 2018; Chen et al., 2019), only a simple classification of management
responses (e.g., general responses versus. specific responses) was carried out without a detailed
exploration of response content. Taking advantage of text mining technology, we focus on the
effect of specific types of words in responses to subsequent customer reviews and thus, extend

the existing literature in management response and customer engagement motivation.

Furthermore, this study contributes to the management response and customer engagement
literature by introducing a new theoretical framework—the need for cognitive closure.

Specifically, this study explores how causal explanations in a response influence the number

of future reviews from this theoretical perspective. Since a response with causal explanations
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provides sufficient answers and fulfills customers’ need for inquiry termination, it may
constrain their desire to involve in future communications (Webster and Kruglanski, 1994).
This study also investigates how the existence of certain and uncertain words affects future
customer engagements. When certain (uncertain) words are used in a response, customers may
perceive a strong opinion (an ambiguous opinion) from the responder, and then their need to
seek more answers is further fulfilled (is open again), thus restraining (promoting) their future
engagements. This study also examines the effect of affective words on future customer
engagements. In other words, it identifies that positive words in response can help customers
form a positive affect, thereby broadening their attention range and reducing the possibility that
customers achieve a state of inquiry termination while increasing future engagements

(Vermeulen, 2010).

5.3 Practical implications

An increasing number of firms employ management responses as tools to communicate with
customers on social media. However, only a few firms know how to take advantage of these
responses and effectively interact with customers. Our results show that adjusting and
combining different types of response contents could be an effective way to motivate more
future reviews, with several implications for firms. First, this study demonstrates an existing
and diverse influence on customer engagement activities in response to varying response
content. In other words, although management responses could work as an effective tool for
influencing future reviews, simply adopting this strategy without proper skills is not sufficient
to enhance subsequent customer engagement. Instead, firms should adjust their response
content to suit the situation as different content has distinct impacts on customer perception

and behavior.
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Second, a causal explanation (suggested by causal words such as “because” and “hence”) may
be perceived as a detailed explanation for an event and leave less room for customers to think,
thereby reducing customers’ intention to engage in more communications. This will decrease
the influence of management responses on customer engagement. Therefore, we suggest that
hotels avoid causal explanations in responses and focus on other kinds of explanations that will
not restrain customers’ desire to further questions. For example, hotels could use concrete

narration to explain what happened in some issues expressed in online reviews.

Third, our results also show that certain words such as “always” and “never” have a negative
impact on the number of future reviews, while uncertain words such as “maybe” and “guess”
can attenuate the reduction in the number of future reviews due to causal explanations in
management responses. Uncertain words indicate that a big room for customers to engage in
systematic thinking and then motivate customers to involve in future communications; on the
contrary, certain words suggest a state of affirmation and leave little space for customers to ask
further questions. Thus, we suggest that managers employ uncertain words in their responses
while avoiding certain words. For example, hotels may use “maybe” or “perhaps” to explain
the reasons for issues proposed by customers and steer clear of certain words (e.g., always)

when communicating with customers in management responses.

Finally, including positive words (i.e., “nice” and “sweet”) in hotel responses can increase the
number of future reviews and alleviate the negative influence of causal explanations on the
number of reviews. Positive-emotional words can trigger a positive effect, which can broaden
the range of customer attention and motivate customers to engage in related activities (i.e.,
writing more reviews). We thus suggest that hotels include more positive-emotional words,
such as “appreciation” and “love”, in their management responses to communicate with

customers better and prompt more reviews.
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5.4 Limitations and future directions

This study has several limitations which are worth exploration in future research. First, it
focuses on a limited form of customer engagement, i.e., the number of future online reviews.
While the number of reviews is one of the most common behavioral manifestations of customer
engagement on online platforms, other types of engagement, including affective engagement
(i.e., review valence) are also important for service management (Li et al., 2017). Future
research could focus on gathering more data to assess the influence of management response

content on other indicators of customer engagement.

Second, although this study investigates several aspects of response content, it does not
consider varied situations. For example, for a hotel with higher valence, causal explanations in
their responses may not be perceived by customers as a denial of responsibility, but as a
reasonable interpretation. However, for a hotel with lower valence, responses, which include
causal explanations, may indicate that the hotel is shirking its responsibility. Additionally, a
premium or luxury hotel may devote more resources to management responses, influencing the
customer’s perceptions of the hotel or its communication with customers. In the case of a low-
end hotel, the response to customers may be arbitrary and have little impact on their cognition
and behavior. Future studies can take review valence or hotel class into account to examine
whether the response content differs based on different review valences or hotels. This will

expand the understanding of the effect of management responses on customer engagement.

Third, this study gathers data from Tripadvisor.com. Although large volumes of secondary data
can provide relatively objective results, they may not identify underlying mechanisms; for
example, in this study, we assume that positive-emotional words in a management response
can broaden customer attention and keep customers away from a state of inquiry termination.

We suggest that checking this assumption may be a potential direction for future research. Thus,
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conducting qualitative research using case studies may enhance our understanding of the

underlying mechanism of the effect of response content on customer engagement.

Fourth, the use of secondary data only enables us to explore the effect of causal explanations
identified by the software in a generic manner and cannot help us identify the underlying
mechanism behind the effect. We recognize the need for a more in-depth classification of
causal explanations in management responses based on theory. For example, according to
causal attribution theory (Folkes, 1984; Weiner, 1985), customers’ attribution may be
determined by several factors including locus of control (i.e., who is responsible for the failure)
and failure stability (i.e., whether a failure is temporary or permanent). Thus, different causal
explanations in responses or different responders may influence customers’ perceptions on a
problem’s attribution and persistence differently, both of which in turn play important roles in
future customer behavior. As it is difficult to conduct a more detailed classification of causal
words using secondary data, we believe that future studies can test the influence of different
causal explanations using experimental design methods. In addition, the theory in this study
cannot be verified due to the use of secondary data. More methods, such as experimental design,
can be conducted in future research to explore the need for cognitive closure behind the effect

of different words in management responses.

Last, this study uses a time lag of one month in the panel data. In other words, we investigate
the effect of management responses at month t based on the number of subsequent customer
reviews at month t+1. Although the usage of one month as a base unit is supported by the
recency effect and other prior literature, it is possible that potential long-term effects exist,
warranting further attention. Thus, we suggest that future studies focus on time lags beyond
one month (i.e., one quarter) to understand the effect of management responses on customer

engagement more effectively.
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The moderating role of uncertain words
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The moderating role of positive-emotional words
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35



Table 1. Frequency analysis on hotel characteristics

Hotel rating % Room number % Hotel price %

1-star 0.56 <75 rooms 24.24 <500 RMB 11.77
2-star 40.87 75-149 rooms 45.15 500-799 RMB 32.13
3-star 46.91 150-299 rooms  19.25 800-1099 RMB 25.21
4-star 10.81 300-500 rooms  8.31 1100-1400 RMB  13.30
5-star 0.84 >500 rooms 3.05 >1400 RMB 17.59




Table 2. Examples of different types of words in management responses

Causation-related words because, cause, therefore, due to, as a result
Certainty-related words always, definitely, certainly, assure, confirm
Uncertainty-related words perhaps, wonder, expect, alternatively, hopefully

Positive emotion-related words | appreciation, grateful, delightful, enjoy, pleasant

Negative emotion-related words | concerned, unpleasant, regrettable, disappointment,
disturbed




Table 3. Management response examples

Word types

Management response examples

Explanation of examples

causal words

When you were with us, we were less than a week old. You

may imagine that a new hotel would face some hurdles.......

In this example, the hotel was giving details or reasons
about the issues and leaving less room for further

conversations.

certain words

We assure you that what you experienced was certainly a rare

exception and was definitively not a rule in our hotel.......

In this example, the hotel made a certain statement that the
customer experience is an exception and the hotel quite
understood the customer feeling. This kind of certainty

reduces customers’ intention for in-depth questions.

uncertain I'm not sure why you were given a room with two twin beds In this example, with the existence of uncertain expressions,

words and will follow up with this issue...... customers formed a sense of ambiguity and intended to
engage in further questions.

Positive- I'm pleased to see your comfortable stay. It is our pleasure to In this example, the response may bring a positive mood to

emotional make each and every one of our guests happy with their customers and broaden their range of attention, thus

words stay! ...... influencing their future behavior.

negative- | am disappointed to hear that your stay was not great. It In this example, the response with negative words may

emotional upsets me more to know that you received horrible service convey a negative mood to customers and narrow their

words from the employee in the front desk...... range of attention, thus affecting their future behavior.

Causal and | definitely understand your frustrations about the unkept grass | In this example, the response provides explanations for the

certain words

area. | assure you that it is not a usual thing for the grass to

not be mowed or in perfect landscaping condition.....

“unkept grass area” problem by assuring this problem is not

a usual thing.




Causal and
uncertain

words

| am uncertain to what you meant about your lost item. After
spoking to our Guest Service Manager, | knew she had returned
your lost item. We deal with many lost and found items daily

and is not unusual to take several days to deal with any one

In this example, the responder first expresses that he/she
talks with the manager who’s in charge because he/she is
uncertain about what happened. Then the responder points

out that it’s not common to find an item for so long time.

Causal and
positive

words

You mentioned that our TV channel selection left a bit to be
desired so we know you are going like us even more on your

next visit because our TV channel is getting "revamped"......

In this example, the response with positive words gives the
reason about why TV channel selection is not very efficient

now.

Causal and
negative

words

I'm not sure if you were truly unsatisfied with the room. You
claimed that you wanted to cancel your reservation because the
room was dirty. After we offered you another room, you still

wanted to cancel the room as you thought the hotel wasn't

In this example, the hotel uses several negative words and is

trying to explain the negative experience to the guest.




Table 4. Variable Definition

Variable

Description

Dependent variable

RevNumit

Number of online reviews for hotel i in month t

Explanatory variables

RespCausit-1
RespCertit.1
RespUncertit.1

RespPosit-1

RespNegit-1

Percentage of causal words in response words for hotel i in month t-1
Percentage of certain words in responses for hotel i in month t-1
Percentage o of uncertain words in responses for hotel i in month t-1
Percentage of positive-emotional words in responses for hotel i in
month t-1

Percentage of negative-emotional words in responses for hotel i in
month t-1

Control Variables
TotalRevit
RatingAvgit.1
RatingSDit.1
RespLengthit.1
RespSpeedit.1

Revenue for hotel i in month t

Average rating of reviews for hotel i in month t-1

Standard deviation of rating of reviews for hotel i in month t-1
Average of response length for hotel i in month t-1

Average of response speed for hotel i in month t-1




Table 5. Descriptive Analysis

N Mean S.D. Min Max
RevNumit 37403 5.276502 9.38179 1 195
RespCausit-1 15744 0.7673385 0.8711024 0 9.09
RespCertit.1 15744 1.549932 1.228899 0 10.71
RespUncertit.1 15744 1.80491 1.350714 0 12.9
RespPosit-1 15744 10.03938 3.258477 0 28.04333
RespNegit-1 15744 0.6015292 0.8387322 0 8
TotalRevit 37403 525903.5 702004.3 340 21900000
RatingAvgit-1 37403 3.715246 1.076346 1 5
RatingSDit-1 23943 0.9170264 0.5817921 0 2.828427
RespLengthit.1 15744 438.4274 228.9084 86 2397
RespSpeedit-1 15744 24.2848 46.33419 0 367




Table 6. Results for main effect

Model 1.1 Model 1.2 Model 1.3*
RespCausit.1 -0.0409™" -0.0228™ -0.0232"
(0.0066) (0.0075) (0.0076)
TotalRevit 0.6312"" 0.5367""
(0.0207) (0.0212)
RatingAvgit-1 0.1324*** 0.1452***
(0.0101) (0.0102)
RatingSDit-1 0.0789™" 0.0821™"
(0.0121) (0.0123)
RespLengthit.1 -0.0895™" -0.0920""
(0.0149) (0.0151)
RespSpeedit.1 -0.1176™ -0.1192"
(0.0061) (0.0062)
Constant 1.9130™ -5.9578™" -4.7646"
(0.0070) (0.2946) (0.3032)
Hotel fixed effects Yes Yes Yes
R-squared 0.0030 0.1427 0.1210
F 38.05™ 296.73™ 24537
Observations 13216 11,273 11,273
Number of hotel clusters 569 569 569

Notes: Standard errors are shown in parentheses: =~ p<0.01, ™ p<0.05, " p<0.1; In Model 1.3*,

the control variable—TotalRevit is replaced by TotalRevit.1.



Table 7. Results for moderating effect of certain/uncertain words

Model Model Model Model Model

2.1 2.2 2.3 2.4 2.5
RespCausit-1 -0.0203™ -0.0157 -0.0425™" -0.0385"" -0.0378™
(0.0076) (0.0113) (0.0116) (0.0145) (0.0147)
RespCertit-1 -0.0144™ -0.0121" -0.0139"" -0.0121" -0.0114"
(0.0053) (0.0067) (0.0053) (0.0067) (0.0068)

RespUncertit.1 0.0020 0.0020  -0.0071  -0.0071  -0.0069
(0.0048) (0.0048) (0.0060) (0.0060)  (0.0061)

RespCausit1* RespCertit-1 -0.0027 -0.0022  -0.0024
(0.0048) (0.0048)  (0.0049)
RespCausii-1* RespUncertit1 0.0123™ 0.0122" 0.0118™
(0.0049) (0.0049) (0.0049)
TotalRevit 0.6295™" 0.6294™ 0.6299™" 0.6298™" 0.5347""
(0.0207) (0.0207) (0.0207) (0.0207) (0.0212)
RatingAvgit-1 0.1331"" 0.1331™" 0.1327"" 0.13277" 0.1454™
(0.0101) (0.0101) (0.0101) (0.0101) (0.0103)
RatingSDit.1 0.0792™" 0.0790™ 0.0790™" 0.0789™" 0.0821™"
(0.0121) (0.0121) (0.0121) (0.0121) (0.0123)
RespLengthit.1 -0.0843™" -0.0848™" -0.0859"" -0.0863"" -0.0890""
(0.0151) (0.0151) (0.0151) (0.0151) (0.0153)
RespSpeedit.1 -0.11777" -0.11777" -0.11777" -0.11777" -0.1192™
(0.0061) (0.0061) (0.0061) (0.0061) (0.0062)
Constant -5.9530"" -5.9520"" -5.9308™" -5.9302"" -4.7289""
(0.2946)  (0.295)  (0.2947) (0.2947)  (0.3033)

Hotel fixed effects Yes Yes Yes Yes Yes
R-squared 0.1433 0.1433 0.1438 0.1438 0.1220
F 223.62"" 198.80™" 199.58™" 179.63"" 148.65"
Observations 11,273 11,273 11,273 11,273 11,273

Number of hotel clusters 569 569 569 569 569

Notes: Standard errors in parentheses: ~ p<0.01, ** p<0.05, " p<0.1. In Model 2.5 the control

variable—TotalRevit is replaced by TotalRevit.1.



Table 8. Results for moderating effect of affective words

Model 3.1 Model 3.2 Model 3.3 Model 3.4 Model 3.5

RespCausit-1 -0.0214™ -0.0921™" -0.0188™ -0.103"™" -0.0787"
(0.0075)  (0.0214)  (0.0090)  (0.0250) (0.0254)

RespPosit.1 0.0130™" 0.0079™ 0.0130™" 0.00749™" 0.0087""
(0.0024)  (0.0028)  (0.0024) (0.00286)  (0.0029)
RespNegit-1 0.0123 0.0137 0.0157 0.00838 0.0146
(0.0084)  (0.0084) (0.0106)  (0.0108) (0.0109)

RespCausit.1* RespPosit.1 0.0072" 0.00785™"  0.0057"
(0.0020) (0.00219)  (0.0022)
RespCausit1* RespNegit-1 -0.0037 0.00594 0.0013
(0.0070)  (0.00746)  (0.0076)

TotalRevit 0.6280"" 0.6289™" 0.6278""  0.629™"  0.5314™
(0.0207)  (0.0207)  (0.0207)  (0.0207) (0.0212)

RatingAvgit-1 0.1268™" 0.1273"" 0.1269™" 0.1277"  0.1408™
(0.0104)  (0.0104) (0.0104)  (0.0104) (0.0106)

RatingSDit1 0.0787°" 0.0788™" 0.0787"" 0.0789™"  0.0818™
(0.0121) (0.0121) (0.0121)  (0.0121) (0.0123)

RespLengthit.1 -0.0487"" -0.0482"" -0.0490"" -0.0477"" -0.0527""
(0.0169) (0.0169) (0.0169)  (0.0169) (0.0171)

RespSpeedit-1 -0.1165™ -0.1158™" -0.1164™" -0.116"" -0.1177"
(0.0061)  (0.0061) (0.0061) (0.00613)  (0.0062)

Constant -6.2805"" -6.2468"" -6.2790"" -6.246"  -5.0121""
(0.3004)  (0.3004)  (0.3004) (0.300) (0.3088)

Hotel fixed effects Yes Yes Yes Yes Yes
R-squared 0.1450 0.1460 0.1451 0.146 0.1238
F 226.80"" 203.21™" 201.62™" 182.94™"  151.13™
Observations 11,273 11,273 11,273 11,273 11,273
Number of hotel clusters 569 569 569 569 569

Notes: Standard errors in parentheses: =~ p<0.01, ™ p<0.05, " p<0.1. In Model 3.5%, the control

variable—TotalRevit is replaced by TotalRevit.1.
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Table 9. The influence of different words in management responses for premium hotels

Premium hotel (hotel star=3, 4, 5)

RespCausit.1

RespCertit-1

RespuUncertit.1

RespCausit-1* RespCertit-1

RespCausit1* RespUncertit1

RespPosit-1

RespNegit-1

RespCausit1* RespPosit-1

RespCausit1* RespNegit-1

TotalRevit

RatingAvgit.1

RatingSDit-1

RespLengthit1

RespSpeedit-1

Constant

Hotel fixed effects

Model 4.1
-0.0282

(0.0086)

0.677°
(0.0239)
0.176™
(0.0123)
0.117"
(0.0146)
-0.103™
(0.0167)
-0.124™
(0.0010)
-6.751""
(0.344)
Yes
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*kk

Model 4.2
-0.0454™"

(0.0169)
-0.0127"
(0.0076)
-0.0104
(0.0068)
-0.00180
(0.0058)
0.0129™
(0.0056)

0.674™"
(0.0239)
0.175™
(0.0123)
0.118™
(0.0146)
-0.0987""
(0.0169)
-0.124™
(0.0070)
-6.708™"
(0.344)
Yes

Model 4.3
-0.115™

(0.0282)

0.0092™
(0.0032)
0.0189
(0.0124)
0.0093™
(0.0025)
-0.0018
(0.0084)
0.676™"
(0.0238)
0.168™"
(0.0127)
0.117™
(0.0146)
-0.0557"
(0.0188)
-0.122"
(0.0010)
-7.104™
(0.350)
Yes



R-squared 0.157 0.158 0.162
F 276.21 167.01 171.61
Observations 9,294 9,294 9,294
Number of hotel clusters 395 395 395

Notes: Standard errors in parentheses: = p<0.01, ™ p<0.05, " p<0.1.
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Table 10. The influence of different words in management responses for low-end hotels

Low-end hotel (hotel star=1, 2)

Model 5.1

RespCausit.1 -0.00373
(0.0142)

RespCertit-1

RespUncertit.1

RespCausit-1* RespCertit-1

RespCausit1* RespUncertit-1

RespPosit-1

RespNegit.1

RespCausit1* RespPosit-1

RespCausit.1* RespNegit-1

TotalRevit 0.434™
(0.0387)

RatingAvgit1 0.0345™
(0.0161)

RatingSDit-1 0.00226
(0.0199)

RespLengthit1 0.0125
(0.0314)

RespSpeedit-1 -0.0910™"
(0.0119)

Constant -3.500""

(0.515)
Hotel fixed effects Yes
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Model 5.2
-0.00921

(0.0270)
-0.00712
(0.0130)
0.000202
(0.0120)
-0.00250
(0.00808)
0.00620
(0.00927)

0.436™
(0.0388)
0.0360™
(0.0163)
0.00178
(0.0199)
0.0126
(0.0320)
-0.0917"
(0.0120)
-3.513"
(0.517)
Yes

Model 5.3
-0.0334

(0.0517)

0.00229
(0.00599)
-0.0292
(0.0202)
0.000226
(0.00443)
0.0372™
(0.0152)
0.438™
(0.0389)
0.0337™
(0.0168)
0.00226
(0.0200)
0.0256
(0.0366)
-0.0915™"
(0.0119)
-3.626™"
(0.532)
Yes



R-squared 0.102 0.103

F 34.15 20.64
Observations 1,979 1,979
Number of hotel clusters 174 174

0.106

21.22

1,979
174

Notes: Standard errors in parentheses: = p<0.01, " p<0.05, * p<0.1.
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