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Online and Offline Rotary Regression Analysis of
Torque Estimator for Switched Reluctance

Motor Drives
X. D. Xue, K. W. E. Cheng, Senior Member, IEEE, and S. L. Ho

Abstract—A new torque estimator for switched reluctance motor
(SRM) drives based on 2-D rotary regression analysis is presented
in this paper. The proposed torque estimator is composed of a
bicubic regressive polynomial as a function of rotor position and
input current. The regressive coefficients can be computed offline
or online from the torque characteristics acquired either experi-
mentally or from numerical computation. Furthermore, a torque
estimation method by taking mutual coupling into consideration
is proposed. It can be seen that the estimated and experimentally
obtained self-coupling and mutual-coupling torque characteristics
are in good agreement with each other. In addition, the dynamic
torque waveforms with and without the mutual coupling, estimated
by the proposed estimator, are found to be virtually the same as
those obtained from the bicubic spline interpolation for SRM drives
with single-pulse voltage, hysteresis current chopping, as well as
with voltage pulse width modulation control. The success of all the
case studies being reported is a good validation of the usefulness
and accuracy of the proposed real-time torque estimator that, as
described in this paper, can be used to quickly estimate the instan-
taneous output torque of SRM drives.

Index Terms—Mutual coupling, regression analysis, switched
reluctance motor (SRM), torque estimator.

NOMENCLATURE

A Information matrix.
I Phase current.
ij Current in phase j.
ik Current in phase k.
Imax Maximum current
Imin Minimum current.
N Number of given torque values.
R Regressive coefficients matrix, which includes

r0, r1, r2, r11,r12, r22, r111, r112, r211, and r222.
Te Estimated torque.
Tg Matrix of given torque.
Tk Instantaneous torque generated by phase k.
Tkm Instantaneous mutual-coupling torque generated by

the phase adjacent to phase k.
Tks Instantaneous self-coupling torque from phase k.
W ′

kj Mutual-coupling co-energy in phase k generated by
the current in phase j that is adjacent to phase k.

Manuscript received May 11, 2006; revised September 18, 2006. This work
was supported by the Research Committee of the Hong Kong Polytechnic
University under Project Code G-YX52. Paper no. TEC-00147-2006.

The authors are with the Department of Electrical Engineering, Hong Kong
Polytechnic University, Kowloon, Hong Kong (e-mail: eexdxue@polyu.edu.hk;
eeecheng@polyu.edu.hk; eeslho@polyu.edu.hk).

Digital Object Identifier 10.1109/TEC.2007.895862

W ′
kk Self-coupling co-energy generated by the current in

phase k.
X Regressors’ matrix that includes x1, which corre-

sponds to the rotor position, and x2, which corre-
sponds to the motor current.

µ2 Regressive parameter corresponding to the second-
order regressors.

µ4 Regressive parameter corresponding to the fourth-
order regressors.

µ6 Regressive parameter corresponding to the sixth-
order regressors.

θ Rotor position.
θmax Maximum value of rotor position.
θmin Minimum value of rotor position.
ψkj Given mutual-coupling flux linkage in phase k gen-

erated by the current in phase j that is adjacent to
phase k.

ψkk Given self-coupling flux linkage characteristics in
phase k, which is generated by the current in
phase k.

I. INTRODUCTION

A SWITCHED reluctance motor (SRM) has salient poles on
both stator and rotor. The windings on the stator have a

particularly simple form and there are no windings on the rotor.
Thus, the salient advantages of SRM drives are their simple and
robust configuration, low rotor inertia, high power-to-volume ra-
tio, high reliability, and low cost. On the other hand, the doubly
saliency structure means the air-gap reluctance between the sta-
tor and rotor is dependent on the rotor position, and hence, there
is inherently more “ripple” in the motor torque. Furthermore,
SRM drives need to operate with heavy magnetic saturation
in order to obtain good performance. Consequently, both the
torque and magnetic characteristics of the motor with respect to
the rotor position and the current are highly nonlinear.

Because of the inherent characteristics of SRM drives, the
torque ripple minimization study is becoming a topical research
area for SRM drives. However, most control strategies incorpo-
rating torque ripple minimization need to estimate the instanta-
neous torque from the rotor position and current in real time [1].
Therefore, the nonlinear torque characteristics at arbitrary rotor
positions and currents must be estimated accurately and quickly
using a minimal amount of stored data. The present paper is
focused on this issue.
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Reported torque estimators mainly include four kinds of
methodologies, which are, namely, the lookup table approach
[2], interpolation [3], analytical approach [4]–[6], and artifi-
cial neural network (ANN) [7]. For torque estimators based on
the lookup table approach, a set of discrete static torque char-
acteristics are stored in a tabular form, and the instantaneous
torque is looked up from the rotor position and the current in
real time. However, such torque estimators need to store large
amounts of data, and hence, a lot of CPU time is required.
For torque estimators based on the interpolation approach, the
bicubic spline interpolation is, generally, used to interpolate
the torque values from rotor position and motor current. The
interpolation coefficients can be computed offline from given
static torque characteristics. Torque estimators based on the in-
terpolation approach also require a lot of computation time.
Torque estimators based on ANN approach use ANN models
to compute the instantaneous torque from the rotor position
and the current in real time. However, ANN models have to
be trained by using large amounts of given static torque char-
acteristics offline, and the amount of training data strongly af-
fects the accuracy of the ANN estimators. For torque estimators
based on the analytical approach, the instantaneous torque is
computed by using analytical expressions in which the coeffi-
cients are determined offline from the static torque characteris-
tics measured earlier, and hence, the instantaneous torque can
be estimated quickly in real time. The accuracy and speed of
these torque estimators are dependent on the selected analytical
expressions.

In [4], the instantaneous torque is estimated analytically
from the flux linkage and air-gap reluctance. However, the
flux linkage is estimated from rotor position and motor cur-
rent using complicated analytical expressions with compound
exponent function, and the air-gap reluctance is computed us-
ing Fourier series. Clearly, such a torque estimator requires
complicated computation and consumes a lot of computation
time. An analytical torque estimator is also proposed in [5].
It comprises complicated analytical expression including the
square term of the Fourier series, the first-order derivation
term of the Fourier series, and the compound exponent term
of the Fourier series. This torque estimator, thus, needs com-
plicated computation and computation time. In [6], an ana-
lytical torque estimator is presented. It is a complicated ana-
lytical expression, which includes the fifth-order polynomials,
the compound exponent functions with the fifth-order polyno-
mial, as well as the square term of the fifth-order polynomial.
Therefore, the torque estimator proposed in [6] has to process
complicated computation and requires substantial computation
time.

This study presents a new torque estimator for SRM drives
based on rotary regression technique. The 2-D bicubic regres-
sive polynomial is used to model the self-coupling or mutual-
coupling torque characteristics. The regressive coefficients in
the estimator can be determined either offline or online using
the rotary regression scheme. The proposed simple torque es-
timator only consists of a bicubic polynomial. Hence, it only
needs to execute simple computation, stores a small number of
given data, and hence, requires a short computation time. The

estimated results and the given data are reported to validate the
proposed torque estimator.

II. TORQUE ESTIMATION TECHNIQUE

A. Torque Estimator

The proposed torque estimator is defined by

Te = RtX (1)

R =




r0

r11

r22

r12

r1

r111

r122

r2

r222

r211




(2)

X =




1
x2

1

x2
2

x1x2

x1

x3
1

x1x
2
2

x2

x3
2

x2x
2
1




(3)

where R denotes the regressive coefficients matrix; Rt de-
notes the transposed matrix of R; Te denotes the estimated
self-coupling or mutual-coupling torque; r0, r11, r22, r12, r1,
r111, r122, r2, r222, and r211 are the regressive coefficients de-
termined by the rotary regression scheme, as described in the
next section; X denotes the regressors matrix; x1 and x2 de-
note the regressors, which correspond, respectively, to the rotor
position and motor current.

The regressor x1 is computed from


θav = (θmin + θmax)/2
∆θ = (θmax − θmin)/2
x1 = (θ − θav)/∆θ .

(4)

Similarly, x2 is determined by


Iav = (Imin + Imax)/2
∆I = (Imax − Imin)/2
x2 = (I − Iav)/∆I

(5)

where θ denotes the rotor position, θmin denotes the minimum
value of the rotor position, θmax denotes the maximum value
of the rotor position, I is the current, Imin is the minimum
current, and Imax is the maximum current. Clearly, xj satisfies
−1 ≤ xj ≤ 1(j = 1, 2).

It can be seen that the proposed torque estimator is composed
of a bicubic polynomial. Hence, it will execute simple computa-
tions only, and requires short computation time. In addition, the
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Fig. 1. Schematic diagram of distribution of given points for a rotary regressive
scheme.

regressive analysis technique being described in the next sec-
tion can ensure that the given self-coupling or mutual-coupling
torque characteristics can be modeled by the proposed torque
estimator accurately.

B. Rotary Regression Scheme

Suppose that N torque values and N pairs of regres-
sors (xl1, xl2, l = 1, . . . , N) are given in the rotary regression
scheme, then the information matrix A is defined by

A = Y tY (6)

where Y t is the transposed matrix of the matrix Y , which only
depends on the regressor values and can be expressed by (7)
shown at the bottom of the page. It can be observed from (6)
and (7) that A is a symmetrical matrix. For a bicubic rotation
regression with two regressors, the total given points, except the
centric point (x1 = x2 = 0), must be located on two or more
homocentric circles with different radii, which are not equal
to zero. Furthermore, the number of the given points on each
circle must be greater than 7, and these points are distributed
symmetrically, as shown in Fig. 1. However, the amounts of the
given points on each circle may be different, and the amount of
the centric points can be selected arbitrarily [8].

Thus, such a rotary regression scheme gives rise to


∑N
l=1 x2

lj = Nµ2∑N
l=1 x4

lj = 3
∑N

l=1 x2
lkx

2
lj = 3Nµ4∑N

l=1 x6
lj = 5

∑N
l=1 x4

lkx
2
lj = 15Nµ6

k, j = 1, 2 (k �= j)

(8)

where µ2, µ4, and µ6 represent the regressive parameters.
It can be seen from (8) that the regressive parameters µ2, µ4,

and µ6 depend only on the regressor values of the given points.
In other words, µ2, µ4, and µ6 can be computed from (8) as
soon as all the given points are determined.

Substituting (7) and (8) into (6) results in

A =




G Z2 Z3 Z3

Z1 Nµ4 Z1 Z1

Z3 Z2 H Z3

Z3 Z2 Z3 H


 (9)

where

G =


 N Nµ2 Nµ2

Nµ2 3Nµ4 Nµ4

Nµ2 Nµ4 3Nµ4


 (10)

H =


 Nµ2 3Nµ4 Nµ4

3Nµ4 15Nµ6 3Nµ6

Nµ4 3Nµ6 3Nµ6


 (11)

and

Z1 =( 0 0 0 ), Z2 =


 0

0
0


, Z3 =


 0 0 0

0 0 0
0 0 0


. (12)

Consequently, the inverse matrix of A can be determined by

A−1 =




G−1 Z2 Z3 Z3

Z1 (Nµ4)−1 Z1 Z1

Z3 Z2 H−1 Z3

Z3 Z2 Z3 H−1


 (13)

where G−1 and H−1 are, respectively, expressed as

G−1 =


 g11 g12 g13

g21 g22 g23

g31 g32 g33


 (14)

and

H−1 =


 h11 h12 h13

h21 h22 h23

h31 h32 h33


 . (15)

Based on the regression technique [8], the coefficients matrix
R in (1) can be determined by

R = (Y tY )−1(Y tT g ) = A−1B (16)

Y =




1 x2
11 x2

12 x11x12 x11 x3
11 x11x

2
12 x12 x3

12 x2
11x12

1 x2
21 x2

22 x21x22 x21 x3
21 x21x

2
22 x22 x3

22 x2
21x22

...
...

...
...

...
...

...
...

...
...

1 x2
l1 x2

l2 xl1xl2 xl1 x3
l1 xl1x

2
l2 xl2 x3

l2 x2
l1xl2

...
...

...
...

...
...

...
...

...
...

1 x2
N 1 x2

N 2 xN 1xN 2 xN 1 x3
N 1 xN 1x

2
N 2 xN 2 x3

N 2 x2
N 1xN 2




. (7)
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where T g represents the given torque matrix corresponding to
the given points, which is expressed by

T g =




T1g

T2g

...
Tlg

...
TNg




. (17)

B is computed from

B = Y tT g =




N∑
l=1

Tlg

N∑
l=1

x2
l1Tlg

N∑
l=1

x2
l2Tlg

N∑
l=1

xl1xl2Tlg

N∑
l=1

xl1Tlg

N∑
l=1

x3
l1Tlg

N∑
l=1

xl1x
2
l2Tlg

N∑
l=1

xl2Tlg

N∑
l=1

x3
l2Tlg

N∑
l=1

x2
l1xl2Tlg




. (18)

Fig. 2. Flowchart for computing the regressive coefficients.

By substituting (13) and (18) into (16), one can have (19).
Note that (19) may be computed offline or online. As a result, the
instantaneous torque at an arbitrary rotor position and current
can be estimated from (1) in real time. Fig. 2 illustrates the
flowchart to compute the regressive coefficients.

C. Torque in SRM Drives

In general, the mutual coupling between phases in SRM drives
is neglected in the design of torque ripple minimization algo-
rithm. However, the effect of mutual coupling does exist [9],
and it is not negligible. During phase commutation, the effect

R =




g11

N∑
l=1

Tlg + g12

N∑
l=1

x2
l1Tlg + g13

N∑
l=1

x2
l2Tlg

g21

N∑
l=1

Tlg + g22

N∑
l=1

x2
l1Tlg + g23

N∑
l=1

x2
l2Tlg

g31

N∑
l=1

Tlg + g32

N∑
l=1

x2
l1Tlg + g33

N∑
l=1

x2
l2Tlg

(Nµ4)
−1

N∑
l=1

xl1xl2Tlg

h11

N∑
l=1

xl1Tlg + h12

N∑
l=1

x3
l1Tlg + h13

N∑
l=1

xl1x
2
l2Tlg

h21

N∑
l=1

xl1Tlg + h22

N∑
l=1

x3
l1Tlg + h23

N∑
l=1

xl1x
2
l2Tlg

h31

N∑
l=1

xl1Tlg + h32

N∑
l=1

x3
l1Tlg + h33

N∑
l=1

xl1x
2
l2Tlg

h11

N∑
l=1

xl2Tlg + h12

N∑
l=1

x3
l2Tlg + h13

N∑
l=1

x2
l1xl2Tlg

h21

N∑
l=1

xl2Tlg + h22

N∑
l=1

x3
l2Tlg + h23

N∑
l=1

x2
l1xl2Tlg

h31

N∑
l=1

xl2Tlg + h32

N∑
l=1

x3
l2Tlg + h33

N∑
l=1

x2
l1xl2Tlg




. (19)
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of the mutual coupling between the adjacent phases must, in-
deed, be taken into consideration in order to obtain an accurate
estimation of the motor torque.

Taking into account the mutual coupling in SRM drives, the
instantaneous torque generated by one phase is composed of
two components as expressed in [9]:

Tk = Tks + Tkm (20)

where Tk represents the instantaneous torque from phase k, Tks

represents the instantaneous self-coupling torque generated by
the current in phase k, and Tkm represents the instantaneous
mutual-coupling torque generated by the current in the phase
adjacent to phase k.

The torque from phase k is the self-coupling torque produced
by the current in phase k if the mutual coupling is neglected. The
self-coupling torque characteristics with respect to the position
and current are the same as the static torque characteristics of
SRM drives. Such characteristics can be measured directly by
means of a torque sensor. They can also be acquired indirectly
based on the flux linkage characteristics with respect to the
rotor position and current. If the flux linkage characteristics are
obtained experimentally, the self-coupling torque generated by
phase k can be computed from

W ′
kk (θ, ik ) =

∫ ik

0

ψkk (θ, i) di (21)

Tks(θ, ik ) =
∂W ′

kk (θ, ik )
∂θ

(22)

where W ′
kk denotes the self-coupling co-energy generated by

phase k, ψkk denotes the given self-coupling flux linkage char-
acteristics, and ik denotes the current in phase k.

The mutual-coupling torque needs to be experimentally mea-
sured indirectly via the mutual-coupling flux linkage charac-
teristics. If the mutual-coupling flux linkage characteristics are
given, the mutual-coupling torque can be determined by

W ′
kj (θ, ij ) =

∫ ij

0

ψkj (θ, i) di (23)

Tkm (θ, ij ) =
∂W ′

kj (θ, ij )
∂θ

(24)

where W ′
kj denotes the mutual-coupling co-energy in phase k,

which is generated by phase j adjacent to phase k, ψkj denotes
the given mutual-coupling flux linkage in phase k, which is
generated by phase j adjacent to phase k, and ij denotes the
current in phase j.

III. APPLICATIONS

A prototype of the four-phase SRM drive is used to validate
the proposed torque estimator. Because both the self-coupling
and mutual-coupling torque characteristics are highly nonlinear,
and the proposed torque estimator consists of a bicubic regres-
sive polynomial, the given torque characteristics are divided
into four regimes in order to enhance the accuracy of the torque
estimator.

1) θmin1 ≤ θ ≤ θmax1 and imin1 ≤ i ≤ imax1,
2) θmin2 ≤ θ ≤ θmax2 and imin1 ≤ i ≤ imax1,
3) θmin1 ≤ θ ≤ θmax1 and imin2 ≤ i ≤ imax2,
4) θmin2 ≤ θ ≤ θmax2 and imin2 ≤ i ≤ imax2.
In this study, the rotor position is equal to 0◦ when the sta-

tor pole is just unaligned with the rotor pole, and the rotor
position is equal to 30◦ when the stator pole is just aligned
with the rotor pole. The rotary regression schemes for the
aforementioned various parts are the same. It can be found
from (2) that the proposed torque estimator within each part
requires 10 regressive coefficients. Thus, 40 regressive coef-
ficients are to be determined and stored for the self-coupling
or mutual-coupling torque characteristics. The developed ro-
tary regression scheme is described as follows: four circles are
selected and their radii are ρ1 = 1.0, ρ2 = 0.9, ρ3 = 0.7, and
ρ4 = 0.5. A total of 64 given points are distributed symmet-
rically on each circle, and there are four given points on the
center.

A. Self-Coupling Torque Estimator

The self-coupling torque characteristics of SRM drives are
the same as their static torque characteristics. For four-phase
SRM drives, the period of the static torque characteristics is
60 mechanical degrees, and the static torque characteristics are
antisymmetrical about the position of 30◦. Hence, the positions
ranging from 0◦ to 30◦ are selected as the domain of the rotor
position for the self-coupling torque estimator. The parameters
of four parts are selected as θmin1 = 0◦, θmax1 = 7.5◦, θmin2 =
7.5◦, θmax2 = 30◦, imin1 = 0A, imax1 = 3A, imin2 = 3A, and
imax2 = 12A. Furthermore, for the static torque characteristics
of the prototype, the proposed self-coupling torque estimator
should satisfy the constraint such that the self-coupling torque
must be zero when the current is equal to zero, the rotor position
is equal to 30◦, and the rotor position is greater than 0◦ and
smaller than 2◦. Indeed, the torque is theoretically zero at 0◦ and
30◦. The experimental and computed results from the prototype
show that the torque is approximately zero within the range from
0◦ to 2◦.

Table I shows the computed regressive coefficients in the
first regime (θmin1 ≤ θ ≤ θmax1 and imin1 ≤ i ≤ imax1) and the
second regime (θmin2 ≤ θ ≤ θmax2 and imin1 ≤ i ≤ imax1), re-
spectively. Table II lists the computed regressive coefficients in
the third regime (θmin1 ≤ θ ≤ θmax1 and imin2 ≤ i ≤ imax2)
and the fourth regime (θmin2 ≤ θ ≤ θmax2 and imin2 < i ≤
imax2), respectively.

Fig. 3 illustrates the estimated self-coupling torque values
from the proposed self-coupling torque estimator and the ex-
perimental values. It can be observed that the estimated torque
values are, generally, very close to the given values. Hence, the
proposed self-coupling torque estimator is accurate.

B. Mutual-Coupling Torque Estimator

In this paper, the mutual coupling between adjacent phases
is taken into account. For the prototype of the four-phase SRM
drive, the mutual-coupling torque Tad and Tab for phase A,
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TABLE I
REGRESSIVE COEFFICIENTS IN THE FIRST AND SECOND REGIMES FOR THE

SELF-COUPLING TORQUE ESTIMATOR

TABLE II
REGRESSIVE COEFFICIENTS IN THE THIRD AND FOURTH REGIMES FOR THE

SELF-COUPLING TORQUE ESTIMATOR

generated by the current in phase D and the current in phase
B, can be represented approximately by the profiles shown in
Fig. 4, if phase A is selected as the reference phase.

Clearly, the period of the mutual-coupling torque character-
istics is also 60◦ for four-phase SRM drives. It can be observed
from Fig. 4 that the mutual-coupling torque characteristics (Tad)
for phase A, which is generated by the current in phase D, are
antisymmetrical about the position of 20◦. Tad is zero within
the position range from 40◦ to 60◦. Similarly, Tab is inverse
symmetrical about the position of 40◦, and is zero within the po-
sitions ranging from 0◦ to 20◦. If the mutual-coupling torque
characteristics (Tm ) in the positions ranging from 0◦ to 20◦ are
given, the mutual-coupling torque values (Tad and Tab) at any
position and current can be computed from

Tad(θ, i) =




Tm (θ, i), 0 ≤ θ ≤ 20
−Tm (40 − θ, i), 20 ≤ θ ≤ 40
0, 40 ≤ θ ≤ 60

(25)

Fig. 3. Experimental and estimated self-coupling torque characteristics.

and

Tab(θ, i) = −Tad(60 − θ, i). (26)

Hence, the given mutual-coupling characteristics (Tm ) can be
used to determine the mutual-coupling torque estimator. The ro-
tary regression scheme for the mutual-coupling torque estimator
is the same as the one for the self-coupling torque estimator.
The parameters of four regimes for the mutual-coupling torque
estimator are selected as θmin1 = 0◦, θmax1 = 8.5◦, θmin2 =
8.5◦, θmax2 = 20◦, imin1 = 0A, imax1 = 3A, imin2 = 3A, and
imax2 = 12A. The computed regressive coefficients for the
mutual-coupling torque estimator are shown in Tables III and IV.

The comparisons between the estimated and given mutual-
coupling torque characteristics are illustrated in Fig. 5. It is clear
that the estimated and the given values are in good agreement.
Therefore, the proposed mutual-coupling torque estimator can
be used to accurately compute the mutual-coupling torque.
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Fig. 4. Mutual-coupling torque characteristics generated by the adjacent
phases for the four-phase SRM drive.

TABLE III
REGRESSIVE COEFFICIENTS IN THE FIRST AND SECOND PARTS FOR THE

MUTUAL-COUPLING TORQUE ESTIMATOR

TABLE IV
REGRESSIVE COEFFICIENTS IN THE THIRD AND FOURTH PARTS FOR THE

MUTUAL-COUPLING TORQUE ESTIMATOR

Fig. 5. Experimental and estimated mutual-coupling torque characteristics.

C. Dynamic Torque Estimation

To examine the proposed self-coupling and mutual-coupling
torque estimators, they are used to estimate the dynamic torque
in real time and the dynamic torque waveforms under three con-
trols are simulated using the proposed torque estimators. Firstly,
the mutual coupling is neglected, and only the dynamic torque
without the mutual-coupling is taken into account. Fig. 6(b)
shows the dynamic self-coupling torque waveforms from the
bicubic spline interpolation [10] and the proposed self-coupling
torque estimator with single-pulse voltage control. Both torque
waveforms are produced by the same phase current profile, as
shown in Fig. 6(a). In the same way, the dynamic self-coupling
torque waveforms with hysteresis current chopping control and
voltage pulse width modulation (PWM) control are depicted in
Figs. 7 and 8, respectively. It can be seen that the dynamic self-
coupling torque waveforms estimated by the proposed torque
estimator are in good agreement with those obtained from the
bicubic spline interpolation with these three controls, as men-
tioned earlier.
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Fig. 6. Interpolated and estimated dynamic phase torque waveforms without
considering the mutual-coupling with single-pulse voltage control.

Fig. 7. Interpolated and estimated dynamic phase torque waveforms without
considering the mutual coupling with hysteresis current chopping control.

Fig. 8. Interpolated and estimated dynamic phase torque waveforms without
considering the mutual-coupling with voltage PWM control.

Fig. 9. Interpolated and estimated dynamic phase torque waveforms with the
inclusion of mutual-coupling with single-pulse voltage control.

Fig. 10. Interpolated and estimated dynamic phase torque waveforms with the
inclusion of mutual-coupling with hysteresis current chopping control.

Then, both the self-coupling torque and mutual-coupling
torque are considered. In other words, the proposed self-
coupling and mutual-coupling torque estimators are used to
estimate the dynamic torque by taking mutual coupling into
consideration. Figs. 9–11 depict the dynamic phase torque pro-
files generated by the self-coupling and mutual-coupling phase
currents with single-pulse voltage, hysteresis current chopping,
and voltage PWM control modes, respectively. It can be seen
that the dynamic phase torque profiles estimated by the pro-
posed self-coupling and mutual-coupling torque estimators are
in good agreement with the predicted ones using the bicubic
spline interpolation.

Clearly, not only the comparisons between the estimated and
given self-coupling and mutual-coupling torque characteristics,
but also the dynamic torque profiles from the proposed estima-
tors and the bicubic spline interpolation, can demonstrate that
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Fig. 11. Interpolated and estimated dynamic phase torque waveforms with the
inclusion of mutual-coupling with the voltage PWM control.

the developed self-coupling and mutual-coupling torque estima-
tors are accurate. In summary, the proposed torque estimator,
which consists of a simple bicubic polynomial that requires a
very small amount of stored data, can be used to accurately and
quickly estimate the static or dynamic torque of an SRM drive
with or without the inclusion of mutual coupling.

IV. CONCLUSION

A new torque estimator based on the rotary regression analysis
has been developed in this paper. The proposed torque estimator
consists only of a bicubic regressive polynomial with respect to
rotor position and motor current. The regressive coefficients in
the estimator can be computed offline or online from predeter-
mined torque characteristics acquired by experiment or numeri-
cal computation. Moreover, a torque-estimation method with the
inclusion of mutual coupling has been proposed. The estimated
and given self-coupling and mutual-coupling torque character-
istics are in good agreement. Furthermore, the estimated dy-
namic torque waveforms with and without the mutual coupling
are found to be in good agreement with those obtained from the
bicubic spline interpolation. Overall, the case studies as reported
in this paper are a good demonstration of the usefulness of the
proposed self-coupling and mutual-coupling torque estimators.

By using the rotary regression technique as proposed, the
torque estimator needs to store a small number of coefficients
and execute simple computation only. Hence, the salient ad-
vantages of the proposed torque estimator are the rapidity of the
computation and the need for very minimal computer memories.
In summary, this paper provides a valuable approach to rapidly
estimate the instantaneous torque of SRM drives in real time.
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