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Figure 8(a)
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METHOD AND SYSTEM FOR PERSONAL
IDENTIFICATION USING 3D PALMPRINT
IMAGING

CROSS-REFERENCE TO RELATED
APPLICATIONS

The present application claims the benefit of U.S. Provi-
sional Patent Application No. 61/047,437, filed Apr. 24, 2008.

TECHNICAL FIELD

The invention concerns a method and system for personal
identification using 3D palmprint imaging.

BACKGROUND OF THE INVENTION

Reliability for personal authentication is important for
security in a networked society. Many physiological charac-
teristics of humans such as biometrics, are typically time
invariant, easy to acquire, and unique for every individual.
Biometric features such as face, iris, fingerprint, hand geom-
etry, palmprint, and signature have been suggested for secu-
rity to control access.

The reliability of personal identification using the face is
currently low as there are problems relating to pose, lighting,
orientation and gesture. Fingerprint identification is widely
used for personal identification because it works well in most
cases. For some cases, however, it is difficult to acquire fin-
gerprint features such as minutiae for people including
manual laborers and elderly people. As a result, other biomet-
ric characteristics are receiving increased attention. However,
typical 2D palmprint systems are more prone to spoof attacks
compared to fingerprint systems that require special materials
and sometimes special skills.

SUMMARY OF THE INVENTION

In a first preferred aspect, there is provided a biometric
identification system for identifying a person, the system
comprising:

an image acquisition module to capture a three-dimen-
sional (3D) image of a palm of the person;

aregion of interest (ROI) extraction module to extracta 3D
subimage from the captured image; and

a 3D features extraction module to extract 3D palmprint
features from the 3D subimage;

wherein the extracted 3D palmprint features are compared
to reference 3D palmprint features to verify the identity
of the person.

The ROl extraction module may extract a two-dimensional
(2D) subimage from the captured image, and further com-
prises:

a 2D features extraction module to extract 2D palmprint
features from the 2D subimage and to generate competi-
tive code maps using the extracted 2D palmprint fea-
tures;

wherein angular distances between the competitive code
maps and reference competitive code maps are calcu-
lated in order to identify the person.

The 3D palmprint features may include surface curvature

of major palm lines

The system may further comprise an infrared sensor to
detect the presence of a palm to initiate image capture of the
palm of the person.
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The system may further comprise a liquid crystal display
(LCD) projector to generate arbitrary stripe patterns onto the
surface of the palm to enable acquisition of depth information
using active triangulation.

The image acquisition module may be a charge coupled
device (CCD) camera.

A matching score may be calculated based on the compari-
son and the matching score is compared to a decision thresh-
old, and if the matching score is greater than the decision
threshold of a first decision module, the person is rejected as
a fake palm or an impostor, and the identification process is
terminated prior to the 2D Gabor feature extraction module
extracting 2D palmprint features from the 2D subimage.

The ROI may be a coordinate system which uses the gaps
between the fingers as reference points, and the 3D subimage
is a fixed size located at a central part of the palm.

The 3D features extraction module may generate a curva-
ture map using the extracted 3D palmprint features, and the
curvature map is compared to a reference curvature map to
determine whether a high correlation exists between the cur-
vature maps in order to verify the identity of the person

The 3D features extraction module may use a normalized
local correlation method is used to compare the curvature
map to the reference curvature map, using the expression:

1=

(Py = P)Q; — Q)
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where P, and Q,; are curvature values in the neighborhood of
the points being matched in the curvature map and reference
curvature map, respectively, and P and Q are the mean cur-
vature values in those neighborhoods.

In a second aspect, there is provided a method for identi-
fying a person using their palm, the method comprising:

capturing a three-dimensional (3D) image of the palm of

the person;

extracting a 3D subimage from the captured image; and

extracting 3D palmprint features from the 3D subimage;

wherein the extracted 3D palmprint features are compared
to reference 3D palmprint features to verify the identity
of the person.

The method may further comprise:

extracting a two-dimensional (2D) subimage from the cap-

tured image

extracting 2D palmprint features from the 2D subimage;

wherein the extracted 2D palmprint features are compared

to reference 2D palmprint features to also verify the
identity of the person.

A 3D matching score may be calculated from the extracted
3D palmprint features, and if the 3D matching score is above
a first decision threshold value, the person is not identified as
genuine.

A 2D matching score may be calculated from the extracted
2D palmprint features, and the 3D matching score is com-
bined with the 2D matching score to generate a final matching
score and if the final matching score is above a second deci-
sion threshold value, the person is not identified as genuine.

The extracted 3D palmprint features may be obtained using
any one from the group consisting of: mean curvature, Gaus-
sian curvature, surface type and any combination thereof.

Q- @2}

—N —N

N -

=N j
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The combination of the 2D matching score and 3D match-
ing score is a weighted sum.
In a third aspect, there is provided an image acquisition
device for identifying a person using their palm comprising:
a light emitting device to project stripe patterns onto the
surface of the palm for obtaining depth information
using active triangulation;
an image capture device to captures a three-dimensional
(3D) image of the palm;
an image processing module to process the captured image
by:
extracting a 3D subimage from the captured image;
extracting 3D palmprint features from the 3D subimage;
and
comparing the extracted 3D palmprint features to refer-
ence 3D palmprint features to verify the identity of the
person.
The light emitting device may be a computer controlled
liquid crystal display (LCD) projector
The stripe patterns may be encoded with different levels of
brightness
The image capture device may be a charge coupled device
(CCD) camera
The device may further comprise an infrared sensor to
detect the presence of a hand to commence image capture of
the palm.

BRIEF DESCRIPTION OF THE DRAWINGS

An example of the invention will now be described with
reference to the accompanying drawings, in which:

FIG. 1 is a block diagram of an image acquisition module
according to a preferred embodiment of the present invention;

FIG. 2 is a photo of the 3D palmprint acquisition device
corresponding to the image acquisition module of FIG. 1;

FIG. 3 is a block diagram of a palmprint identification
system according to a preferred embodiment of the present
invention;

FIG. 4 are samples of 3D and 2D palmprints stored in a
training database of the system of FIG. 3;

FIG. 5 is a process flow diagram illustrating matching of
two curvature maps from the same subject;

FIG. 6 is a process flow diagram illustrating matching of
two curvature maps from different subjects;

FIG. 7 is a chart illustrating genuine and impostor scores in
2 dimensional space;

FIG. 8(a) is a chart illustrating FAR and FRR plots for 2D
features;

FIG. 8(b) is a chart illustrating FAR and FRR plots for 3D
features;

FIG. 9 is a chart illustrating a selection of decision thresh-
olds for Decision Module 1 of FIG. 3;

FIG. 10 is a chart illustrating FAR, FRR plots for (2D and
3D) features; and

FIG. 11 is a chart illustrating Receiving Operating Char-
acteristics (ROC) curves for 2D, 3D and the multilevel (2D
and 3D) features.

DETAILED DESCRIPTION OF THE DRAWINGS

Referring to FIGS. 1 and 2, a system for reliable personal
identification is provided that uses the 3D palmprint features.
The unique 3D features of a palmprint are used in the system
for identification purposes. Unique 3D features include sur-
face curvature of major palm lines. In another embodiment,
the system also combines 2D and 3D palmprint representa-
tions together for identification purposes. 3D and 2D infor-
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mation are extracted by the system in a fully automated man-
ner and extraction of these palmprint features occur at the
same time. A user does not have to undergo the inconvenience
of passing through multiple sensors in contrast to face and
fingerprint or voice and face multibiometric systems. This
enables achieves high performance and security for personal
identification. Also, using the palmprint has a high user-
acceptance.

3D features of the palm are used in the system. In another
embodiment, a combination of 2D and 3D features of the
palm are used. The use of 3D features enables depth infor-
mation from the surface of the palm for identification pur-
poses. This makes the system extremely difficult to circum-
vent using spoof attacks. Spoof attacks include presenting a
fake biometric to the acquisition device. The system is more
robust to noise if there is some text or lines drawn on the
palmprint. This is because the 3D depth features that are
extracted from such palms are unaffected by noise and there-
fore results in a more robust system compared to existing 2D
image based palmprint authentication systems.

A 3D palmprint image acquisition device 10 based on the
principle of structured light is provided. Infrared sensors 11
are used to detect the presence of a hand 9 placed on the image
acquisition device 10. When a hand 9 is detected by the
infrared sensors 11, a control unit 14 sends a command to a
liquid crystal display (LCD) projector 12 instructing it to
project arbitrary stripe patterns onto the surface of the palm.
This enables depth information using active triangulation to
be acquired. In order to distinguish between stripes, the
stripes are coded with different levels of brightness. At the
same time, the control unit 14 sends a command to a charge
coupled device (CCD) camera 13 to capture images of the
palm. The sequence of images captured by the CCD camera
13 is then stored by a computer 15. After some frame analysis
16 is performed, 3D palm data is generated. The device 10
captures 3D palm data in point cloud form. It also captures a
corresponding intensity image which is used for 2D palm-
print feature extraction and matching.

Referring to FIG. 3, a multilevel framework 30 is provided
for personal authentication that efficiently combines 2D and
3D palmprint features. Captured images 32, 33 of the palm
are obtained by an image acquisition module 31. The image
acquisition device 10 corresponds to the image acquisition
module 31. An image processing module processes the cap-
tured images 32, 33. Each of the acquired 2D images 35 is
automatically processed to extract a reliable region of interest
(ROI) by an ROI extraction module 35. This approach estab-
lishes a coordinate system which uses the gaps between the
fingers as reference points. A 2D subimage 48 of a fixed size
located at the central part of the palmprint is extracted. Since
the 2D palmprint pixels correspond one-to-one with the 3D
palmprint points, the pixel coordinates of the 2D subimage 48
are conveniently used to locate the ROI and assist with
extracting the 3D subimage 47 by another ROI extraction
module 34.

A 3D features extraction module 36 extracts 3D palmprint
features from the 3D subimage 47 to generate surface curva-
ture maps. The 3D palmprint images 32 are first acquired by
the image acquisition module 31. The 3D palmprint images
32 are rich in local structural features. The features which
uniquely characterize the local shape of the surface of the
palm are used as 3D representations in the form of surface
curvature maps, for example. Properties such as mean and
Gaussian curvatures are used to classify points on a surface to
different classes. For a surface curvature map represented by
X(u,v)=(u,v, f(u,v)), Gaussian curvature (K) and mean cur-
vature (H) are calculated as follows:
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K(X) = Juaufw = fav
L+ f2+ 127
2 2
HX) = A+ £ + U+ F) o = 2fuo fio
A+ R+
where, f,, f,and f,,, £,,, f,, are first and second order partial

derivatives of f(u,v). Once the values of K and H are found at
every point on the 3D surface, the principal curvatures k; and
k, are determined by:

kjy=H=VHP-K

The principal curvature values at every pixel are computed
by fitting a quadratic surface over a local neighborhood and
then estimating first and second derivatives of the surface.
The partial derivatives are estimated using derivative opera-
tors. This approach uses a local least squares surface fit using
orthogonal polynomial basis functions. Since this process
involves the estimation of second derivates, the estimated
curvature values are sensitive to noise in the input 3D data.
This noise problem has been overcome by increasing the size
of the local neighborhood used for fitting the surface.

The representation of the curvature of every point on the
3D palmprint surface by a scalar value, is achieved by com-
puting the curvedness (C) using the equation:

AT

The positive value C is a measure of how sharply or gently
curved a point is. It is defined in terms of principal curvatures
k, and k.

A scalar value of curvature is obtained for every point on
the 3D palmprint image and stored in a 2D matrix. The sur-
face curvature maps closely represent the depth information
in the unique principal lines. This information cannot be
obtained from the 2D imaging used in prior art palmprint
devices.

A 2D Gabor feature extraction module 37 extracts 2D
palmprint features from the 2D subimage 48. The extracted
2D palmprint features are used to generate competitive code
maps which denote the orientation of the texture in the palm-
print images 33. The orientation can be estimated by the
following Gabor function:

wr 2 2y, 2
wix, v, 0, 0) = e 2(4 + )(e““’x —ef%)

T K

where

X'=(x-xp)cos O+(y-yy)sin 0, y'=—(x—xp)sin 0+(y-yo)
cos 0
(%o, ¥o) 1s the center of the function; w is the radial frequency
in radians per unit length and 0 is the orientation of the Gabor
function in radians; K is a coefficient defined by

2‘5+1]
201

_vama |

where 9 is the half-amplitude bandwidth of the frequency
response.

A multilevel matcher is provided that uses a combination
of 2D and 3D palmprint information to achieve significant
improvement in performance compared to when either 2D or
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6

3D information is solely used. The multilevel matcher has a
3D matcher 38 for local correlation matching and a 2D
matcher for angular matching 39.

The 3D matcher 38 matches the surface curvature maps
with reference surface curvature maps stored in the database
40. The inputs for the 3D matcher 38 are the sets of surface
curvature maps 50 generated by the 3D features extraction
module 36. The feature matching process establishes a simi-
larity between the two matched samples. A normalized local
correlation method 51 is used for comparing two curvature
maps 50, for example. The result of this matching is a corre-
lation value for every point in the input curvature maps which
forms a correlation map 52. An average of these correlation
values is used as the 3D score 42. The expression for normal-
ized local correlation 51 is given by:

N N
> - Prey -
—N j=—N
N
>y }

N j=N

C=

2

1=
Mz
Mz

(Py

|

where P, and Q,; are curvature values in the neighborhood of
the pomts belng matched in the curvature maps of the two
samples, respectively. P and Q are the mean curvature values
in those neighborhoods. (2N+1)x(2N+1) is the size of the
neighborhood in pixels. The value of C lies in the range of
[-1, 1] with values 1 and -1 indicating a perfect match and
mismatch, respectively.

Similarity between the two curvature maps 50 are then
calculated using the local correlation method 51. If the 3D
score 42 is greater than the decision threshold of a Decision
Module 1 41, the query is rejected as a fake palm or an
impostor and the process is terminated. This is the first level
of the multilevel authentication approach.

Turning to FIGS. 5 and 6, the process of matching of two
typical curvature maps 50 for the same user by the 3D
matcher 38 is illustrated. The dark colored pixels in the cor-
relation map 52 represent high values of correlation. The light
colored pixels in the correlation map 52 represent low corre-
lation. The 3D score 42 is the average of pixel values in the
correlation map 52. FIG. 5 shows that genuine matching
occurs in a correlation map 52 with large regions of dark
colored pixels which indicates high correlation between the
two curvature maps 50 that are being matched. In contrast,
FIG. 6 illustrates different users and shows that no genuine
matching occurs in a correlation map 52 with large regions of
light colored pixels.

The 2D matcher 39 matches 2D features using angular
distances for comparing the competitive code maps with ref-
erence competitive code maps stored in the database 40. Let
P and Q be the two feature matrices (competitive code maps)
and P,,and Q,,be the corresponding masks used for indicat-
ing the non palmprint pixels. Angular distance D(P,Q) is
defined by the following equation:

—N

N -

i

N N 3
D Py, )N Qu e 1) N PRx, ») @ Q% 1)
y=0 x=0 i=0

D(P, Q)=

3
3 a0 Quls, )



US 8,265,347 B2

7

where M and @ denote the bitwise AND and XOR opera-
tions respectively. P,”(Q,?) is the i bit plane of P(Q). Taking
into account the possible translations in the extracted 2D
subimage 48 with respect to the one extracted during the
enrollment, multiple matchings are performed with one of the
features translated in horizontal and vertical directions. The
minimum of the resulting matching scores is considered to be
the final score.

If'the 3D score 42 computed at the Decision Module 141 is
below the decision threshold, matching proceeds to a Deci-
sion Module II 45. The 2D score 43 from the 2D palmprint
features are combined with the 3D matching score 42 from
the Decision Module I 41 by a fusion module 44 to obtain a
final matching score:

Sop3p=Wi1SoptWaSap

where S,,, and S;,, are the 2D and 3D matching score nor-
malized to (0,100) range, w, and w, are two weights decided
empirically. The final matching score is used by the Decision
Module II 45 and compared with another decision threshold
to determine and indicate whether the person is a genuine user
or impostor.

FIG. 4 is a sample of 3D subimages 47 and corresponding
2D subimages 48 acquired by the device 10. The subimages
47, 48 are stored in the database 40 as a reference. As
described earlier, the subimages 47, 48 are processsed by the
3D features extraction module 36 to extract 3D palmprint
features and the 2D Gabor feature extraction module 37 to
extract 2D palmprint features, respectively.

Experiments and Testing

Rigorous experiments were initially performed on the spe-
cially acquired 3D palmprint image training database 40 of
the 108 subjects to evaluate the system. The robustness of the
system is investigated by analyzing 2D and 3D palmprint
features. Another objective is to ascertain the performance
improvement by combining 2D and 3D palmprint features
that are simultaneously acquired by the image acquisition
device 10. The database 40 for the experimental results
reported includes only real palmprint images. All images
were acquired using the capture device shown in FIG. 2. For
each subject, six samples of 2D and 3D palmprint images
were captured and stored in the database 40. Thus, there are a
total of 648 palmprint images in the database 40. To obtain the
verification accuracy, each palmprint image is matched with
all other palmprint images in the database 40, resulting in
1,620 genuine and 208,008 impostors matching scores for
each of the two modalities.

FIG. 7 shows a scatter plot of the genuine and impostor
score distributions obtained from 2D and 3D palmprint fea-
tures. The genuine scores are located at the bottom left of the
plot and the imposter scores are located in the top right of the
plot. The two distributions are clearly separated and a linear
classifier is able to discriminate the genuine and impostor
score classes.

FIGS. 8(a) and 8(b) show the performance obtained from
2D and 3D palmprint features, respectively, in terms of False
Acceptance Rate (FAR) and False Rejection Rate (FRR)
characteristics. The Equal Error Rate (EER) achieved from
the two separate experiments using 2D and 3D features is
illustrated in Table 1. The 2D palmprint representations
depicted in FIG. 8(a) clearly outperform the 3D palmprint
representations depicted in FIG. 8(b) in terms of accuracy.
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TABLE 1

Performance indices from 2D, 3D and the (2D + 3D) palmprint
representations

Palmprint Decidability Index
Matcher EER (%) (d)

2D 0.0621 6.50

3D 0.9914 5.97

Multi level 0.0022 7.45

(2D +3D)

Experiments were carried out to ascertain the possible
performance improvement by combining two (2D+3D)
palmprint representations using the the multilevel matching
framework. The decision threshold of the Decision Module I
was selected such that no genuine users arerejected at the first
level of the multilevel authentication approach. This is
achieved by setting the decision threshold to the operating
point at which FRR for 3D palmprint features becomes zero.
The value of this decision threshold was found to be 61.03 as
illustrated in FIG. 9. All 3D matching scores (genuine and
impostor) above this decision threshold are rejected at the first
level of the multilevel authentication approach. After rejec-
tion at the first level of the multilevel authentication approach,
there were 1620 genuine and 203,667 impostor scores for
each of the two modalities. These scores were carried over to
the second level of the multilevel authentication approach. At
the second level of the multilevel authentication approach, a
weighted sum rule is used to combine the 2D and 3D match-
ing scores since the genuine and impostor distributions are
originally well separated as illustrated in FIG. 7. The com-
bined matching score (also referred to as a final matching
score) is expressed as:

Sop13p~WiSaptWaSsp

where S,,, is the 2D matching score normalized to (0,100)
range. To obtain the combined matching score, the 3D match-
ing score, which is a dissimilarity score, is normalized to
(0,100) range. After normalization, it is converted to a simi-
larity score to obtain S, ,,. The weights w, and w, are tuned to
provide the best verification results. The optimal values of w,
and w, are empirically calculated and found to be 0.56 and
0.44 respectively.

The experimental results from the system are summarized
in Table 1 above. The decidability index (d') is used as a
measure to quantify the improvement in the separability of
impostor and genuine matching score distributions. It is com-
puted as:

1 = pal
[o?+03
2

where 11, and 1, are the mean values and o, and o, are the
variances of the genuine and impostor score distributions
respectively.

Table 1 indicates that the multilevel approach for combi-
nation of 2D and 3D features achieves the best performance
because the Equal Error Rate (EER) is 0.0022% and the
decidability index is 7.45. This performance is significantly
higher compared to the case where either 2D or 3D palmprint
features solely are used. FIG. 10 shows the FAR and FRR
plots for both 2D and 3D features used together. FIG. 11
illustrates the comparative Receiver Operating Characteris-
tics (ROC) obtained when comparing using 2D features
solely, 3D features solely and 2D and 3D features together.
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To evaluate the robustness of the system against sensor
level spoof attacks, a set of experiments was performed. The
vulnerability of 2D palmprint image based authentication
system against such attacks was also analysed. The experi-
ments involved collecting data from five subjects in two
stages. In the first stage, subjects are asked to present their real
hand. In the second stage, images of the same users’ fake hand
(palm side) are presented to the image acquisition device. The
fake palmprints generated from the genuine users’ palmprint
images were used in the evaluation. The real hand with a fake
palmprint was presented to the system. Experiments were
performed in a verification scenario, that is, a user’s palmprint
image captured in the first stage is matched to the one cap-
tured in the second stage. A match is counted as correct if the
resulting matching score is less than the decision threshold.
The decision threshold is the operating point of EER which
represents the commonly preferred operating point for most
practical applications. The results from this set of experi-
ments are summarized in Table 2.

TABLE 2

Matching scores from fake palmprints (spoof attack analysis)

2D + 3D

2D Matching 3D Matching Matching
Score Score Score

User (Threshold = (Threshold = (Threshold =
D 82.69) 58.19) 66.01)
1 63.75 72.42 67.56
2 66.69 75.68 70.65
3 67.09 81.89 73.60
4 59.46 74.59 66.10
5 60.26 76.79 67.5

The results in Table 2 show that the user verification using
2D palmprint features fails to discriminate between real and
fake palmprint samples for all users. Matching scores for 2D
palmprint features are significantly below the decision
threshold at EER, which suggest that the system considers all
matches as correct.

Table 2 indicates that for the 3D and (2D and 3D combi-
nation) features, the system counts all matches as incorrect or
negative because the matching scores for 3D and 2D+3D are
above their corresponding decision thresholds. 3D features
performs better than the 2D+3D combination. Matching
scores for 3D features are significantly above the decision
threshold, while 2D+3D scores are closer to the decision
threshold. This is one reason for the system to entirely rely on
3D features to reject fake palmprints at the first level of the
multilevel authentication approach. The decision threshold
for Decision Module 1 41 was set to 61.03, and all the 3D
match scores in Table 2 are above this decision threshold. This
suggests that the system is successful in rejecting all fake
palms at the first level of the multilevel authentication
approach. The experimental results presented in Table 2 dem-
onstrate the robustness of the system against the spoofattacks
at the sensor level.

The experimental results presented in FIGS. 7 to 11 illus-
trate a performance gain of 96% in EER and 14.6% in the
decidability index when the acquired 3D features are com-
bined with traditional 2D palmprint features acquired at the
same time. Experimental results on a real palmprint database
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40 have demonstrated a significant performance improve-
ment of using a combination 2D and 3D over 2D or 3D alone.
It will be appreciated by persons skilled in the art that
numerous variations and/or modifications may be made to the
invention as shown in the specific embodiments without
departing from the scope or spirit of the invention as broadly
described. The present embodiments are, therefore, to be
considered in all respects illustrative and not restrictive.

We claim:

1. A biometric identification system for identifying a per-
son, the system comprising:

an image acquisition module to capture a three-dimen-
sional (3D) image of a palm of the person;

a region of interest (ROI) extraction module to extract a 3D
subimage from the captured image; and

a 3D features extraction module to extract 3D palmprint
features from the 3D subimage;

wherein the extracted 3D palmprint features are compared
to reference 3D palmprint features to verify the identity
of the person, and

wherein the ROI extraction module extracts a two-dimen-
sional (2D) subimage from the captured image, and
further comprises:

a 2D features extraction module to extract 2D palmprint
features from the 2D subimage and to generate competi-
tive code maps using the extracted 2D palmprint fea-
tures, and

wherein angular distances between the competitive code
maps and reference competitive code maps are calcu-
lated in order to identify the person.

2. The system according to claim 1, wherein the 3D palm-

print features include surface curvature of major palm lines.

3. The system according to claim 1, further comprising an
infrared sensor to detect the presence of a palm to initiate
image capture of the palm of the person.

4. The system according to claim 1, further comprising a
Liquid Crystal Display (LCD) projector to generate arbitrary
stripe patterns onto the surface of the palm to enable acqui-
sition of depth information using active triangulation.

5. The system according to claim 1, wherein the image
acquisition module is a charge coupled device (CCD) camera.

6. The system according to claim 1, wherein a matching
score is calculated based on the comparison and the matching
score is compared to a decision threshold, and if the matching
score is greater than the decision threshold of a first decision
module, the person is rejected as a fake palm or an impostor,
and the identification process is terminated prior to a 2D
Gabor feature extraction module extracting 2D palmprint
features from the 2D subimage.

7. The system according to claim 1, wherein the ROl is a
coordinate system which uses the gaps between the fingers as
reference points, and the 3D subimage is a fixed size located
at a central part of the palm.

8. The system according to claim 1, wherein the 3D fea-
tures extraction module generates a curvature map using the
extracted 3D palmprint features, and the curvature map is
compared to a reference curvature map to determine whether
a high correlation exists between the curvature maps in order
to verify the identity of the person.

9. A biometric identification system for identifying a per-
son, the system comprising:
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an image acquisition module to capture a three-dimen-
sional (3D) image of a palm of the person;

aregion of interest (ROI) extraction module to extracta 3D
subimage from the captured image; and

a 3D features extraction module to extract 3D palmprint
features from the 3D subimage;

wherein the extracted 3D palmprint features are compared
to reference 3D palmprint features to verify the identity
of the person,

wherein the 3D features extraction module generates a
curvature map using the extracted 3D palmprint fea-
tures, and the curvature map is compared to a reference
curvature map to determine whether a high correlation
exists between the curvature maps in order to verify the
identity of the person, and

wherein the 3D features extraction module uses a normal-
ized local correlation method is used to compare the cur
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vature map to the reference curvature map, using the
expression:
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where P, and Q,; are curvature values in the neighborhood of
the points being matched in the curvature map and reference
curvature map, respectively, and P and Q are the mean cur-
vature values in those neighborhoods.
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