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Abstrac:t Defcts recagniton js an jnportant Proplan with apPlication © fabrication of MI.A (Micolens Ar
rayy. The focus of this Paper js on the Problam of fature extraction and classificatpn pr defcts recognition of
MIA Specifically we propose using Gahor filers orMIA feature extraction and SVM ( Support VectorMa
chiney {for defects detection a multi classification method based on support vectormach he ( SYM) is Pro
pPosed According to satstc leaming theory we use keme] functions to map the tanng samples nto a high
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