27 6 Vol. 27, No. 6
2013 11 JOURNAL OF CHINESE INFORMATION PROCESSING Nov., 2013

: 1003-0077(2013)06-0090-06

1.2 2 1 2
b b b
(1. s 215006
2. s )
. ( L« » ”) B s
. TP391 : A

Implicit Emotion Classification with the Context of Emotion Related Event

LI Shoushan'?, LEE Sophia Yat Mei*, LIU Huanhuan', HUANG Chu-Ren’
(1. Natural Language Processing Lab, Soochow University,Suzhou, Jiangsu 215006, China;
2. Department of Chinese and Bilingual Studies, the Hong Kong Polytechnic University, Hong Kong, China)

Abstract: Emotion classification is one basic task in emotion analysis, which has been a hot research issue in the
community of Natural Language Processing. Precious studies often leverage the emotion keywords (e. g. , happy,
sad) to do emotion classification. However, there exists some text that includes no emotion keywords but does ex-
press emotions. We refer to the emotion expression without emotion keywords as implicit emotion expression. In
this paper, we focus on the classification task on implicit emotion expression and propose a classification method
with related events. We think that the related events are important indicates of the emotion categories. First. we
collect the sentence groups that contains emotion keywords; Then, we delete the keywords and regard the context as
describing the emotion related events. Third, we use the context as the feature source to perform emotion classifica-
tion. Empirical studies demonstrate that using the context yields a nice performance for implicit emotion classifica-
tion. This result provide a good basic for the studies on implicit emotion classification.
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