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Detecting Emotion Cause with Sequence Labeling Model

LI Sophia Yat Mei', LI Shoushan'*, HUANG Churen', GAO Wei*
(1. Department of Chinese and Bilingual Studies, The Hong Kong Polytechnic University, Hongkong, China;
2. School of Computer Sciences and Technology, Soochow University, Suzhou, Jiangsu 215006, China)

Abstract: Emotion cause detection is an important task in the research on emotion analysis. This task aims to detect
the cause description of a emotion happening. In this study, we model this task as a sequence labeling problem and
predict each related sentence to be in a emotion cause or not. Specifically, we apply the conditional random field
(CRF) model to solve this problem with various of features, such as basic word features, POS features, context fea-
tures and linguistic rule features. Empirical studies demonstrate that these features are effective for the task, espe-
cially the context features. Moreover, we find that the sequence labeling model is superior to the classification model
when similar features are employed.
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