24 1 Vol. 24 No. 1
2010 1 JOURNAL OF CHINESE INFORMATION PROCESSING Jan. 2010

: 2009 7 “
(CNCCL-2009)”. 23 , ,
) 2010 N , .

: 1003-0077 (2010>01-0003-05

( , )

LR AR AR STk, AT AR RS KM Ik, Bk AT HEFHZ A6 R AT
ok, Pl X ARG ABR NAZ R R, A kB 5698 6. T B AT 2R AT FHRE W AT &, T %
89 F A=) Lk B Aotk | ) 2 e B 4 12058 R B0 R R. RRF 4 RKAN TR BB 3 Aiaa F
SR Tk RIFEE S FSE Tk, %7 kR AR RA6 AR Gk F i e A e AR IE AR AR,

s T HAZ R P AT E A3 P L5 WBD Tk A&

. TP391 . A

Chinese Word Segmentation Based on Word Boundary Decision

LI Shoushan, HUANG Chu-Ren
(Department of Chinese & Bilingual Studies, the Hong Kong Polytechnic University, Hong Kong China)

Abstract This paper focuses on the word boundary decision (WBD) approach to Chinese word segmentation. This
new approach classifies a boundary between two characters into either a word boundary or not. Compared to the
statof-the-arts methods based on character tagging this approach is easier to implement and faster to execute, as
well as a competitive performance. Particularly, the robust online learning module can be added to adapt a WBD
system to new data quickly, enabling a reliable online Chinese segmentation system without domain or training data
const raints.
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