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A Method of Lexical Domain Analysis Based on Usage Discrepancy

LI Sujian's SONG Tao', GAO Jie’, YAO Pengyue', LI Wenjie’
(1. Institute of Computational Linguisitics, Peking Universtiys Beijing 100871, China;
2. Foreign language Department, Heze University, Heze, Shandong 274105 China;
3. Department of Computing, The Hongkong Polytechnic University, Hongkong China)

Abstract: The representation of domain knowledge usually focuses on the domain lexicons, and then domain analysis
for terms or term components is a natural task. In this paper, we propose a novel domain analysis method based on
the discrepancy of lexical usage. Based on the word segmentation result, we introduce a link analysis method to
compute the usage degree of each word for several typical domain corpora. Then through analyzing the discrepancy
of the word usage in different domains we can acquire the domain term component with larger usage discrepancy.
This method is experimented on several domains such as military, entertainment and so on, achieving better results
than the commonly used t£X idf method and Bootstapping method.

Key words: artificial intelligence; natural language processing; domain analysis; domain term; domain term compo-
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